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Abstract- Mining Temporal patterns from sequential 

healthcare data is a simple algorithmic prediction 

project that helps individuals to identify the disease in 

advance. Electronic health records (EHRs) can be 

represented as sequences of time-stamped events. These 

are used to predict the cause and the nature of disease 

keeping in mind the previous records. Therefore, 

temporal patterns, such as transitions between clinical 

events over time, can be extracted using temporal 

mining. A methodological approach is used to extract 

patterns of transitions between adverse events after Left 

Ventricular Assist Device (LVAD) implant in patients 

with advanced heart failure. The project includes 

various features that could enable prevent diseases as 

well as keep a person updated and healthy. 

 

Index Terms- Electronic health records, Left 

Ventricular Assist Device, temporal data. 

 

1. INTRODUCTION 

 

In present world, most of the people are affected by 

Diabetes, so we are working on this project work to 

make people aware about the risks involved in 

diabetes and the preventions that should be taken. 

Data analysis technique can be used to predict the 

symptoms of the disease. During the past few years, 

the Healthcare Corporation has collected and 

generated huge amount of details regarding the 

disease and they have started providing value-based 

medicines in hospitals. In the present era of 

digitization, the world likes to have access to the 

computerized information in the visible form rather 

than hard copy format. Age, height, gender and 

family details group are the parameters which ae used 

for analysing their symptoms. 

The therapy option recommended to patients with 

advanced heart failure is LVAD (Left Ventricular 

Assist Device). This is a long-term therapy option 

which is recommended due to high rate of survival 

and better quality of life. However, LVADs are 

associated with significant recurrent adverse events 

(AEs) [1]. Till now, traditional modelling methods 

have been used to investigate the post-LVAD adverse 

events, but, in this method transitions between 

adverse events are ignored. It is the first study which 

identifies and characterizes the common patterns of 

sequential adverse events after LVAD implant. These 

common patterns of sequential adverse events are 

then used to differentiate between patient trajectories 

and modify the treatment decisions so as to improve 

the health outcomes of the patients. 

 

2. RELATED WORKS 

 

A journal assessment acknowledges several 

consequences taking place, diabetes emerges as one 

of the biggest problems in India. A lot of people have 

used various techniques and calculation models with 

data mining technique to be able to guess the 

diabetes. The traditional neural network model is 

used to see the preprocessed data set with area of the 

matching feature [2]. The obtained consequences 

pertain to the level of danger which lies on your front 

to both heart as well as lung diseases. The work of 

fiction pre-processing points worth declaration for 

mutual statistical and unconditional information. A 

fusion combination of arrangement and failure grass 

(CART) and Genetic Algorithms to impute missing 

continuous values and Self Organizing Feature Maps 

(SOFM) to impute categorical values was improved 

in [2]. Deploying a physical condition information 

swap (HIE) warehouse support and join together the 

information within a particular position. This 

distribution of information and electronic 

communication systems allow admission to physical 

condition patients. It recognizes which patient is 

requiring excessive care and concentration than 
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others. It gives wanted information with strategies 

that must be put in place to take advantage of positive 

performance adaptation[4].The project analytics is 

effective in those areas such as Operations managing, 

health check managing, biomedicine, classification 

design and planning[5].Healthcare project analytics 

system can help one of the issues that is to 

concentrate on the cost of patients frequently 

admitted and readmitted to a rest home for constant 

diseases which is like to multiple. Big data skills are 

required to investigate more than health care 

collective by means of good organization and cost 

investments are explained in better healthcare[6].The 

hadoop custom in health care becomes more 

significant in the direction to process the information 

and to accept the bulky range information 

management actions. 

 

3. METHOD 

 

In order to sort the database for mining, a general 

Naïve Bayer’s and Simple Vector Machine (SVM) 

algorithms have been used. A general workflow 

diagram has also been designed. 

 
Figure 1: General workflow 

 

4. CHALLENGES AND FUTURE SCOPE OF 

ADVANCEMENT 

 

The implementation of any sequence mining 

technique becomes a challenging task because of the 

large number of patients in this data set who have 

highly diverse and sparse data between sequences of 

adverse events (AE’s). A recently developed 

methodology has been modified in order to define 

new criteria, such as external validation for clustering 

results, which meets the specific needs of our data 

and helps to overcome some of the challenges. There 

are certain areas of investigation that needs to be 

addressed for the purpose of using this tool in the 

clinical setting. These areas include:clinical 

characteristics of patients in each group, predictive 

clinical factors that cause different sequential adverse 

events (AEs) pattern, and predictive models of 

sequential adverse events (AEs). 

 

5. CONCLUSION 

 

The present day problem of carrying files and 

keeping medical reports of patients can be solved 

using this project. Big data analytics helps in 

providing sequential patterns which could be used to 

predict the future outcomes. Graphs and patterns 

provide a sequential view of the data being stored. 

Data set is generated for the entire record which is 

beneficial for future references. This project is 

mainly focused for both use of rural and urban 

neighbourhood. 

 

6. FUTURE WORK 

 

The data set being generated from large volumes of 

clinical data is extremely challenging, but at the same 

time provides exponential information about the 

patient. The healthcare delivery can be enhanced with 

the help of this project. A monthly report can be 

generated with proper charts and graphs, suggesting 

diet plans as well as medicines that would ensure the 

health being maintained. 
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