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Abstract- Multilingual Machine Translation is a
computerized system that is designed to translate source
text from various natural languages into target text of
another natural languages. Due to increased need of
global communication, multilingual machine translation
is the propel for researchers. With the advancement in
technology, now we have computerized systems that can
replace the human experts in particular domains. One
such popularly adopted domain by researchers is
artificial intelligence (Al) and NLP .Natural language
processing (NLP) is a field of computer science
concerned with the interaction between computer and
human (natural) languages. It is becoming one of the
most active area in the interaction between human and
computer. These includes text system that integrate text
and natural language. Machine translation (MT) system
is available mostly for a specific language pair. Recently
many MT systems are being designed for bilingual
pairs. And the research is heading towards developing
MT systems that are capable of handling more than two
language pairs i.e. multilingual. MT systems still has so
many issues to deal with. Recently developed
multilingual systems are laden with the enormous size
corpus .In this proposed system we are analyzing
machine translation system using NLTK.

Index terms- Meachine translation, NLP (Natural
Language Processing), NLTK (Natural Language Tool
Kit), Al (Artificial Intelligence), Text to Speech.

1. INTRODUCTION

The main purpose of Natural Language Processing is
for an English sentence to be interpreted by the
computer and appropriate action taken. Despite the
challenges, natural language processing is widely
regarded as a promising and critically important set
out in the field of computer research. The
applications that will be possible when NLP
capabilities are fully realized are impressive
computers would be able to process natural language,
translating languages accurately and in real time, or
extracting and summarizing information from a
variety of data sources, depending on the users'
requests. This system focuses on the solution of the
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problems arising in the analysis or generation of
Natural language text, such as syntactic and semantic
analysis or compilation of dictionaries and grammars
necessary for such analysis. It proposes the
architecture for translating Natural language Hindi to
English.

2. LITERATURE SURVEY

According to the traditional Systems and prior
research, the methodologies and technologies used
for translation are giving below in the table.

1. A Hybrid | 2018 It has combined
Approach  For approach of rule
Hindi-English based and
Machine Statistical
Translation approach.

In this it uses
the Knowledge
based approach.

2. Hindi to English | 2017
translation using
concept net

3 Hindi to English | 2016 In this only
machine Statistical
translation approach.

3. TECHNOLOGY USED
Python:
Python is an interpreted, high-level, general-purpose
programming language.

NLTK:
NLTK3 library for python will be used for input
stemming. This library serves as a toolkit for
computational linguistics. Following is a list of the
modules we will be using.
Token module provides basic classes for processing
individual elements of text, such as words, or
sentences. NLTK tokenize is used to tokenize
incoming sentences. The words net lemmatize and
porter stemmer is used parse the input’s base words
for comparison.

4. OBJECTIVE
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The objective of our project is to translate into
accurate and English sentence after parsing natural
language using open source tools i.e NLTK and
libraries. Users will be able to obtain English
statement when the given input is Hindi.
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Figure 1: Flowchart of Hindi to English translation

SYSTEM ARCHITECTURE:

Figure 1: ARCHITECTURE
Working Process:
e The first step in translation is to split the
sentence into words or simple sentences.

If a part of the input is in the example database
then we keep that part as it is and the remaining
part is segmented into words.

When the segmentation is done, segments are
actually translated and tagged independently.

If the segment is example based, it is directly
converted to English.

Further, the remaining words are translated using
the parallel Hindi-English Dictionary.
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5. RESULT
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| OUR CLASS CONSISTS OF FIFTY BOYS.
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6. CONCLUSION

Hybrid model of translation (HMT) system is able to
outperform many baseline translation systems based
on direct, RBMT and SMT approaches individually.
Currently it is not giving the good result on complex
and multiple combine sentences. By using this
method the user can get the output.
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