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Abstract - This research paper represents the techniques 

and approaches which are used in the movie 

recommendation system. As we are very well aware 

about the fact that extracting meaningful data from the 

homogenous amount of raw data is a challenging 

problem and recommendation systems helps us in this 

situation. Recommendation system plays a very 

important role in our day-to-day life as it provides 

suggestions based on some data sets to users for certain 

resources such as movies, books, songs, etc. 

Recommendation systems are very fruitful for various 

organizations as large amount of data is being collected 

from various customers and after extracting the data’s it 

provides best suggestions. Movie recommendation 

systems is helping peoples who are fond of watching 

movies by providing suggestions for what movie to go 

with without going through the large set of movies data. 

To reduce the human efforts by providing suggestions of 

movies based on the user interest is our main moto.  

Recommendation system is based on three approaches: 

first one is Collaborative Filtering; second one is Content 

based and third one is hybrid-based Approach. 

 

Index Terms - System, Filtering, Approach, Memory 

based, Content based approach, Hybrid approach.   

 

I.INTRODUCTION 

 

A recommendation system is a system which provides 

the suggestion of things such as books, movies, music 

and list of items to buy on shopping sites, etc. 

according to the taste of users. These systems have 

become progressively fashionable today and are used 

at enormous rate in various sectors like movies, music, 

books, videos, clothing, restaurants, food, places, and 

many more.  we have a tendency to enforce this system 

exploitation cooperative filtering algorithms and 

Apache framework. Matching the performance and 

potential of user-based recommender system and item-

based recommender system is our main intention. 

Although there are several approaches developed till 

now but still search is done because of its uses in 

several applications. It has been developed in various 

areas like music, movies, news, and shopping sites. 

Majority of organizations are implementing 

recommendation systems for fulfilling the demands of 

their client. LinkedIn, Amazon, and Netflix are one of 

them. Because of this, user does not have to go through 

the lots of searches manually. Amazon 

recommendation systems are suggesting the users that 

what they should buy based on their past shopping 

history.  For example, if a client is shopping for books 

on Amazon, Then Amazon provides suggestions of 

books related to the taste of client. Similarly, Netflix 

does for his clients if clients watch a show on his 

account, then Netflix recommendation system sorts 

the shows that a client watches or according to the taste 

of client and provides suggestions. Recommendation 

systems are going to be generally classified into 

following categories—Content-based, cooperative, 

and Hybrid approach. Users past behavior and patterns 

of search are taken into account in Content Based 

Filtering Approach. While users previous experiences 

and ratings are taken into account and corelated with 

alternative user in Cooperative Filtering Approach. 

Each content-based-filtering approach and 

collaborative-based filtering approach together forms 

the Hybrid Approach which we are following in this 

project. However, both the approaches have their own 

limitations, so Hybrid Approach is taken into the 

account. Movie lens dataset is used in this project 

which consist of more than thousands of ratings from 

more than twenty different users.  

 

II. INDENTATIONS AND EQUATIONS 

 

(I) Recommendation System: 

 1.First approach is Content Based: In content-based 

approach single parameter is passed to the function 

that is movie searched by the user. f(movie)   

2.Second approach is Collaborative: In collaborative 

approach two parameters are passed to the function 

that is movie and user rating. f (movies, user)  

 

(II) Dataset Usage:  
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We have used MovieLens Dataset by GroupLens for 

this Project this knowledge set consists of: 

• More than thousands of rating movies.  

• Minimum of thirty movies had been rated by each 

users.  

• We had designed the hybrid recommendation 

system which contains the demographic 

knowledge of the users that is (age, gender, 

occupation) and dataset of IMDB is also taken 

into the account. 

 

(III) cooperative Filtering:  

• In cooperative Filtering system knowledge of the 

different users is being maintained with respect to 

their ratings on different of things.  

• It basically maintains the user knowledge, besides 

content- item-information.  

• This approach is being used by the majority of 

existing recommenders’ engines for e.g. Netflix, 

Amazon, Facebook, LinkedIn, etc.  

 

 (IV) Basic plan behind cooperative Filtering: 

 
 

(V) Utility Matrix:  

 Different users have different approaches while 

sorting the things so the information collected from 

different users is represented as a utility matrix. The 

basic idea behind creating utility matrix is predicting 

the blanks so that these information can be taken into 

the account for better and best recommendations . 

  
 

(VI) Similarity Measures:  

In Similarity Measures PCS is taken into the account 

which stands for Pearson Correlation Similarity which 

uses the technique of rows and columns of the Utility 

Matrix.  

Advantages of the PCS: 

• It is easy to interpret.  

• Provides higher results with respect to all 

different measures.  

• The ratings are being Normalized. 

Different Similarity Measures are geometer Distance, 

cos Similarity, etc. 

 PCS Measure: 

Considering the two users x and y have rated, then the 

Pearson Correlation Similarity relation between the 

two users is given by: 

  
III. FIGURES AND TABLES 
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IV. CONCLUSION 

 

Recommendation System is developed using various 

approaches and collects the ratings and review in data 

format and provides the suggestions for movies. If a 

user gives rating or search for a movie of a specific 

genre, then movie recommendation system is going to 

recommend him a list of movies according to his taste 

of movies. These systems are widely taking into the 

consideration in today’s world for checking out 

important information. 

Our intention behind this project was to build a 

recommendation engine suggesting the list of movies 

to the users according to users taste. We had worked 

on implementing Machine learning approaches and 

skills in a real-life project and how recommendation 

system is playing its role in our digital life. The present 

recommendation system somehow needs 

modifications for present and future requirements of 

higher recommendations. 
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