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Abstract— One of the most downloaded apps of all
time, WhatsApp allows users to send and receive
instant messages from their smartphones. It uses
online resources to communicate with individuals or
groups using a variety of media types. Its growth has
attracted the curiosity of academics who are curious
about the impact of WhatsApp on the users' personal
and social lives. The proposed model was developed
using the Python language's Keras module and the
deep learning concept of Convolutional Neural
Networks (CNNs). After identifying an image's
classification, the corresponding procedure is carried
out. CNN has been very successful in the field of
image identification. It's a tedious process to go
through each WhatsApp folder and manually delete
each image that symbolises a study aid, pamphlet,
etc. Since then, the research team has developed a
machine learning model to locate and retrieve the
images from WhatsApp's image folder. Initially, the
idea of instructing a computer or gadget to perform
a task such as image classification piqued our
interest. In addition, the concept can be used in a
wide variety of practical contexts. As a result of these
considerations, we have settled on the topic of image
classification for our research.
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I.INTRODUCTION

The advent of mobile technology has resulted in
profound social and political shifts. You can hardly
go anywhere these days without encountering a
smartphone app. Most people have nothing but
praise for the plethora of apps they use on their
smartphones on a regular basis. There are a lot of
people who couldn't do their daily jobs without
these apps.

During exam time, students frequently use
WhatsApp to send each other photos of their study
materials, which can quickly fill up a phone's storage.
Eliminating the study photos from the WhatsApp
folder requires tediously selecting each one. This is
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because there could be a large number of other
images in the WhatsApp folder, such as promotional
materials, screenshots, etc.

Having over 2 billion users in over 180 countries,
WhatsApp is a popular cross-platform messaging and
calling service. According to the company, only the
sender and the intended recipient can decipher the
message sent through WhatsApp because it is end-to-
end encrypted (E2EE). When communications are
terminated at a third-party server and meddling-in-
the-middle is trivial, the need for E2EE arose to
prevent infrastructure and service providers from
reading or tampering with user messages. [7]

Under the End-to-End Encrypted Backups initiative,
WhatsApp developed and deployed an encrypted
backup solution to prevent unauthorised parties,
including the company itself, from accessing the
contents of WhatsApp messages backed up to their
infrastructure. Here, we'll go over how this project
resulted in an encrypted backup solution for
WhatsApp. It begins with a high-level explanation of
its security architecture, then moves on to a detailed
examination of its most salient protections for
personal information. [7] The goal is to extract usable
information from the WhatsApp backup while
filtering out irrelevant messages and photos using
natural language processing. With this, all necessary
information is gathered. Now | can quickly and
effortlessly sift through WhatsApp's archives.

I1.RELATED WORK

Deep Learning Methods for Image Recognition is an
article that focuses on the application of these
methods to the field of image recognition. It
demonstrates that image recognition is currently a
popular research topic in the field of computer vision.
Words and letters written by hand, facial features,
images with medical significance, etc. Many of the
algorithms used in deep learning are based on the
ability to recognise images. It employs three crucial
algorithms, including: 1. Two additional neural
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networks are the CNN and the RNN. Deep neural
networks are used for forecasting and image
classification. In order to extract features and
categorise images, convolutional neural networks are
employed, while recurrent neural networks are used
to process event sequences, time series, language,
models, etc. Due to their multilayered nature and the
fact that they must specifically deal with 2D input
data, CNNs are integrated into deep learning via
artificial neural networks. Multiple input and output
hidden layers are possible in a CNN. Common types
of hidden layers include convolutional, grouping,
normalisation, and fully connected layers. When
compared to other methods, CNN's tremendous
success can be attributed to the fact that each layer of
neurons is connected to each other via a fully
connected layer. Multiple types of classification are

possible, including binary, multiclass, and
multilabel.
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IV. METHODOLOGY

1. Create A CNN model: A CNN model is created
using the python Keras library and using the
activation functions of ReLU and Softmax.

2. Data Augmentation and Training: Data
Augmentation Technique is applied to the dataset
to overcome the problem of fewer data and then
using this augmented data, the model is trained.

3. Mount Internal Storage: Internal storage of the
mobile can be mounted into the system(laptop)
using the WebDAYV server using which the exact
path of the WhatsApp Images can be retrieved
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motes folder
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FI1G. 03. METHODOLOGY [3]

Python Script: A python script is written which takes
the absolute path of the WhatsApp folder in our phone
and uses the CNN model to classify the images into
different categories. A mobile phone is connected to the
laptop and the python script is run. Then four new
folders called “handwritten notes”, “printed notes”,
“screenshots” and “brochures” are created in our
mobile phone and all the images in the WhatsApp
folder are moved to the folders according to their
classification. Other images are left untouched in the
WhatsApp folder itself. [3]
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Data collection: The data collected consisted of five
types of images, namely handwritten note images,
printed note images, screenshots, brochures and
other categories, including all other photographs
(images without notes, etc.). To train the model, an
image dataset of research materials was used. The
dataset contains about 900 1000 images and its size
is about 1.5 GB. Photos taken from Format.jpg Each
image varies in size from 20kb to 5Mb.

FIG: Screenshot Image

FIG: Handwritten-Notes Image

FI1G. 04. SAMPLE DATA SET [3]
Constructing the model: The model is built with an
input layer, an output layer and three hidden layers.
Relu activation function is used for input as well as
hidden layers, while the output layers use the
SoftMax activation function.

FIG: Printed Notes Image

Pixels of image fed as input N
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Fig. 05: CNN Model [12]
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Training the Model: The dataset is first populated and
then loaded. It is then trained for a given period of
time and group size. Run python script: The python
script containing the trained model is run when the
phone is connected to the laptop. WhatsApp path as
input, then split the images into different folders.
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Fig. 06. Process Flow [3]
When the python script is run, it requests the input for
the absolute path of the WhatsApp folder, then with
the help of the trained CNN model, the images get
classified and moved into the different folders.[3]
ALGORITHM:
1.Start the process
2. The phone is connected to the laptop using USB
and the internal storage of the phone is mounted to
the laptop for the access of the WhatsApp path.
3.The model which is trained using the dataset
containing five classes of images is called inside the
python script and the script is run in the CMD prompt.
4. When python script is run, it asks for the absolute
path of the WhatsApp Folder which is to be provided.
5. As the script runs, the images gets classified one
by one.
6. The model will separate the images according to
which  class they belong to, by using the multiclass
classification.
7. Four new folders will get created in the phone that
are “handwritten-notes", "printed-notes",
"brochures” and “screenshots”.
8. As the images will get classified, they will be
moved into the respective folders one by one.
9. Non-notes images do not get moved anywhere
and remain in the same WhatsApp images folder
itself.
10. End the process.

IJIRT 159079 INTERNATIONAL JOURNAL OF INNOVATIVE RESEARCH IN TECHNOLOGY 570



© April 2023 IJIRT | Volume 9 Issue 11 | ISSN: 2349-6002

V. RESULTS

Before Classification:

Before Classification, all the images in the
WhatsApp

folders are present in the same place and are mixed

up.
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Fig. 07. Random Images Before classification
Running Script and Classifying: Then the python
script which has the CNN model in it is run by
giving the absolute path of the WhatsApp folder.
Then the classification of the images takes place.
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Fig. 08. Libraries in python.

After Classification: After Classification, we can
see that the images get classified into their
respective folders i.e., “Good morning messages
with flowers”, “pet animals”, “transport” etc,
remain in the WhatsApp folder itself.
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Fig. 10. Prediction done by the model

We can see here that the images get classified into
separate folders even in the mobile phone.
Accuracy: The accuracy achieved for the trained
model is 83.35%

Fig. 11. Accuracy found is 83.35%
After classification, there are new folders such as
“Good morning messages with flowers”, “pet
animals”,” transport” etc, formed and images are
transferred into their respective folders.
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CONCLUSIONS

The implemented model helps us to separate the
notes(meme) images and non-notes(non-meme)
images and also the brochures which get filled up
in our WhatsApp folder without a proper
arrangement. Not only it will save a lot of time by
providing easy identification of notes images but
also helps in proper management of the WhatsApp
media in an organized manner. By this
arrangement, some of the important deadlines in
the brochures can be attended.

The accuracy of the model can be increased so as
to get better classification and this model can
further be extended to be developed as a mobile
app so that the separation can happen with the help
of just the app and no USB cable and laptop will
be needed.
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