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Abstract—The fast-paced evolution of Generative 

Artificial Intelligence (GenAI) has introduced far-

reaching implications to the fields of creativity and 

originality, and with it, critical examinations of the 

changing dynamic between human and machine-

created content. This research examines the 

transformative effects of GenAI technologies, 

specifically on cutting- edge deep learning models like 

Generative Adversarial Networks (GANs), Variational 

Autoencoders (VAEs), and transformer- based 

architectures like GPT and Diffusion Models. By a 

systematic survey of the literature and examination of 

recent case studies in areas including art, music, 

literature, education, fashion, and digital media, this 

research assessed the ways in which GenAI tools 

enhance human ideation, mechanize content creation, 

and transform creative processes. The results indicate 

that although GenAI shows remarkable abilities in 

producing original, high- quality material, the issue of 

real originality is controversial due to the model’s 

reliance on available data. Furthermore, ethical issues, 

including bias, authorship attribution, and abuse 

highlight the importance of trans-parent and 

responsible deployment. By combining qualitative 

findings and empirical testing, the research here brings 

to light the twofold nature of GenAI as a partner in 

human imagination and as an agent of disruption that 

challenge. The research concludes by calling for a 

human-centered approach that tethers computational 

creativity to interpretability, emotional depth, and 

ethical vision, so that GenAI integration complements 

and serves to enrich rather than devalue the traditional 

conceptions of authorship and innovation in human 

originality. 

 

Index Terms—”Generative AI, Creativity, Originality, 

GANs, GPT, Artificial Intelligence, Ethical AI, Human-

AI Collaboration, Digital Innovation, Content 

Generation” 

 

I. INTRODUCTION 

 

The rapid exponential development of artificial 

intelligence (AI) has seen the creation of 

sophisticated generative models that can generate 

human-like content in a variety of creative fields. 

From text and poetry to music, fashion, visual 

art, and even computer code, Generative Artificial 

Intelligence (GenAI) systems not only imitate 

human productions but also affect the way humans 

perceive and approach creative activities. Tools such 

as OpenAI’s ChatGPT, DALL·E, Google’s Bard, 

Jukebox, Stable Diffusion, and Runway ML are 

ushering in a new era where machines are no longer 

just tools for efficiency, but collaborators in the 

creative process. Historically, creativity has been 

regarded as a distinctive human attribute—a 

confluence of cognition, emotion, intuition, and 

cultural ex- pressions. Philosophers and cognitive 

scientists have long debated the processes of 

creativity, usually correlating it with experience, 

consciousness, and purpose. The emergence of 

generative AI, which learns patterns and structures 

from large datasets and uses them to synthesize new 

content, defies traditional definitions. This opens up 

the potential for creativity without consciousness or 

intentionality, thereby raising pro- found questions 

regarding originality, authorship, authenticity, and 

human agency in the era of intelligent machines. The 

use of Generative Adversarial Networks (GANs), 

Variational Autoencoders (VAEs), and transformer-

based architectures (like GPT and BERT) has 

transformed creative practice. These models learn 

from large corpora and are able to generate outputs 

that not only are statistically consistent but 

aesthetically rich and at times indistinguishable from 

human products. As such, GenAI is being used in 

sectors that include entertainment, design, and 

education, to research publishing, marketing, and 

fashion. In academe, for example, AI is increasingly 

used to create abstracts, distill research, and assist 

with scientific visualization, thus creating ethical 

issues of plagiarism, intellectual credit, and bias. 

Although its seeming promise, generative artificial 

intelligence (AI) is a double-edged sword. Although 

it democratizes access to creative tools and 

streamlines ideation, it adds new layers of 

complexity. Plagiarism issues, bias in training 

datasets, misuse of disinformation, watering down 

cultural specificity, and job displacement due to 
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automation dominate this debate. The idea of 

machines independently creating ”creative” content 

also raises the question of the limitations of 

existing legal and ethical frameworks regarding 

intellectual property, fair attribution, and 

accountability. Additionally, as GenAI increasingly 

mediates the interaction between humans and 

creative content, the boundaries between 

collaboration and delegation, inspiration and 

imitation, and tools and creators be- come blurred. It 

is necessary to inquire, Can machines actually 

”create” like humans? Are they just sophisticated 

mimics that replicate patterns without 

comprehension? What is originality in an age where 

statistical synthesis can create outputs that are novel 

in structure, but derivative in content? This research 

examines these questions by way of an in-depth 

analysis of the influence of generative AI on 

originality and creativity. Through the survey of 

existing literature, model architecture comparison, 

and review of actual industrial use cases, this work 

seeks to Understand how generative AI enhances 

or takes over human creativity. Technically evaluate 

the limits of state-of-the-art generative models, both 

artistic and technical. Analyze the ethics and societal 

ramifications of AI-generated content. Develop a 

framework for ethical and responsible use of AI in 

creative sectors. In so doing, this research 

contributes to ongoing debates regarding human-

machine co-creativity and aims to make 

practitioners, researchers, and policy-makers aware 

of the disruptive and transformative potential of 

generative AI technologies in building the future of 

creative expression. 

 

II. RELATED WORK AND LITERATURE 

REVIEW 

 

The convergence of human creativity with 

generative artificial intelligence (GenAI) has come 

into the spotlight in recent research for both 

academia and industry. With the advancement of 

GenAI systems, an expanding amount of literature 

has been published on their capabilities, ethical im- 

plications, creative potential, and impact on 

conventional creative industries. In early 

conversations regarding AI-generated content, the 

INSAM Journal of Contemporary Music, Art, and 

Technology [1] highlighted the critical role of 

human agency in AI-mediated creative production. 

Although AI can automate generative processes, the 

choice of input data, cu- ration of outputs, and 

creative intent are still highly human- influenced. 

This machine complementarity and human 

management provides the foundation for developing 

co-creative paradigms. Esling and Devis [2] stressed 

that creativity in the age of artificial intelligence 

should not be conceived as a zero-sum transition 

from human to machine, but instead as contextual 

and cognitive cooperation. Their work suggests a 

redefinition of creativity, proposing that AI creates 

new modalities of imaginative expression without 

completely replacing the human thought process. A 

wide review of Hughes et al. [3] surveyed the 

application of Generative Adversarial Networks 

(GANs) in creative industries and found that they 

have been heavily used for visual arts, music 

synthesis, and fashion design. The review also 

presents technical issues like dataset constraints, 

aesthetic judgment, and training data bias, which are 

obstacles to wider applicability. Practitioners’ 

concerns and expectations were also researched. Inie 

et al.[4] performed qualitative interviews with 

creative professionals and found a range of 

responses from positive to negative. Their research 

emphasized the necessity of participatory AI design, 

where artists retain control over AI tools to 

guarantee alignment with creative purpose and 

ethics. Crimaldi and Leonelli [5] were more critical 

in their stance, positing that while AI can mimic 

stylistic characteristics, it does not possess emotional 

richness and cultural awareness—two hallmarks of 

true human creativity. Their research adds to an 

increasing body of literature on warnings against 

over-reliance on AI for subjective judgment and 

socio-emotional intelligence tasks. Epstein et al. [6] 

explore the labor ethics and economic consequences 

of GenAI, highlighting that behind each generative 

model is a massive infrastructure of human labor, 

data gathering, and engineering. Their work signals 

against commodification of creativity and 

exploitation of artists whose creations become 

training data for GenAI models. Sarkar [7] ventured 

philosophical points of view, challenging the 

concept of originality in AI-produced work. This 

research questions whether generative products can 

be deemed new if they arise from pattern 

identification and combination alone, as opposed to 

intentionality and embodied experience. The 

Editor’s Statement on the Responsible Use of 

GenAI in Scholarly Publishing [8] emphasizes the 

importance of transparency in scholarly products 

aided by AI. This calls for standardized guidelines to 

disclose AI usage in research writing and warns 
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against issues such as automated plagiarism and 

authorship misattribution. Perkins and Roe [9] 

analyzed institutional policies and found that most 

universities and publishers remained unprepared to 

handle the surge of GenAI usage in research 

workflows. Their thematic analysis indicated an 

immediate requirement for AI literacy for teachers 

and researchers. Mukherjee [10] criticizes the 

novelty of AI outputs, suggesting that the majority 

of generative systems are short of actual innovation 

and rather create ”derivative creativity,” replicating 

the structures in the training data. This is a challenge 

to the view of AI as a completely independent and 

innovative being. Smith et al. [11] suggest a 

framework for the ethical use of GenAI in 

postgraduate studies, offering recommendations on 

transparency, consent, and collaboration. Their work 

captures the growing need of academic institutions to 

embrace responsible AI governance policies. In the 

social sciences, Bail [12] recommends incorporating 

GenAI tools to boost research productivity, while at 

the same time cautioning against data bias, 

hallucinations, and the spread of stereotypes. 

Capraro et al. [13] extend this analysis to the macro 

level, discussing GenAI’s socioeconomic impact 

and its potential to redefine labor markets and 

knowledge economies. In the domain of applied 

creativity, studies such as those by Lee and Kim [14] 

and fashion-related case studies [15][16] reveal that 

GenAI contributes significantly to ideation, style 

exploration, and personalized content generation. 

These apps underscore the value of GenAI as an 

assistive collaborator instead of a creative 

substitute. Last but not least, the recent advances 

in generative architectures such as Transformers, 

Diffusion Models, Variational Autoencoders (VAEs), 

and Autoregressive Models have been heavily 

surveyed in [17], presenting their use cases in text 

generation, music synthesis, video production, and 

3D modeling. Briefly stated, the literature presents a 

complicated picture: GenAI is a valuable asset in 

augmenting human creativity but simultaneously 

poses serious ethical, philosophical, and economic 

challenges. In spite of these advances, the literature 

underscores ongoing requirements for human 

interpretation, emotional nuance, and moral 

guidance in the application of generative models to 

creative fields. 

 

III. METHODOLOGY 

 

In order to extensively examine the effect of 

generative artificial intelligence (AI) on originality 

and creativity, this research employs a multi-stage 

research approach that includes a theoretical 

overview, comparative model examination, and 

empirical domain-specific evaluation. The research 

model is structured to critically assess creative 

potential, interpretability, and socio-technical effects 

across a range of domains such as education, art, 

fashion, music, and literature. 

 

A. Research Design 

This research employs a hybrid qualitative-

quantitative approach that combines comparative 

computational analysis with narrative review 

methods. It starts with a synthesis of scholarly 

literature and publicly available data to gain an 

understanding of the theoretical underpinnings and 

practical uses of generative AI. The study then 

goes on to rigorously examine the architectures, 

creative capacity, and domain flexibility of leading 

generative models, specifically Generative 

Adversarial Networks (GANs), Variational 

Autoencoders (VAEs), trans- former models (GPT 

and BERT), and diffusion models (e.g., Stable 

Diffusion). 

 

B. Data Collection and Literature Review 

A thorough literature review was done through IEEE 

Xplore, Google Scholar, and ACM Digital Library 

to search for high-impact peer-reviewed articles that 

appeared between 2018 and 2024. The inclusion 

criteria encompass relevance to generative AI in 

creative purposes, model interpretability, ethical 

considerations, and utilitarian case studies. Over 20 

scholarly articles were consulted and shortlisted 

based on their novelty, methodology, and practical 

applicability. 

 

C. Model Evaluation Parameters 

To test the generative models’ capabilities and 

creative ability, we employed a selection of technical 

and qualitative metrics: 

• Novelty: The capability to produce novel and 

diversified outputs. 

• Coherence: Logical consistency and context 

sensitivity of the produced content 

• Interpretability::Degree of transparency in 

models’ out- put generation. 

• Efficiency: Computational efficiency and 

training time. 

• Human-AI Synergy: Degree to which models 

augment instead of substitute human creativity. 
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The models were tested relative to performance in 

multiple creative areas, employing measures like 

the BLEU score (for text generation), FID score 

(for image generation), and domain-area expert 

assessment (in fashion, music, and education) 

 

D. Domain-Specific Case Studies 

• Fashion design: They use GAN-based models to 

create design prototypes and compare them with 

human-drawn sketches in fashion schools. 

• Education: Assessing ChatGPT and other 

transformer- based AI for producing educational 

content and personalized feedback in 

engineering education. 

• Music Composition: Examining AI-composed 

music (e.g., through MuseNet or AIVA) for 

creativity and emotional depth relative to 

human-composed music 

• Visual Arts: Evaluating AI-created artwork with 

Stable Diffusion and DALL·E based on 

aesthetic worth and cultural relevance. 

 

The information for these case studies was obtained 

from publicly accessible open-source datasets, 

scholarly collaborations, and institutional reports. 

 

E. Analytical Framework 

A mixed-methods design was used to integrate the 

results of the quantitative performance measures and 

qualitative content analyses. Major methods are: 

include: 

• Content Analysis: Thematic analysis of AI-

produced content. 

• Statistical Evaluation: Model comparison based 

on performance measures and t-tests where 

necessary. 

• Expert Review: Domain experts were asked to 

evaluate the AI-generated responses based on 

creativity, usability, and emotional impact. 

 

The integration of both quantitative performance and 

qualitative insights ensures that the methodology 

offers a holistic understanding of the creative 

potential and limitations of generative AI. 

 

F. Ethical Considerations 

This research recognizes the moral aspects of 

generative AI usage, especially concerning 

authorship, data bias, and intellectual property rights. 

These were considered while evaluating the model 

and explained in each case study to keep it aligned 

with ethical AI practices. 

IV. RESULTS AND ANALYSIS 

 

The assessment of generative AI models, GANs, 

VAEs, Transformers, and diffusion models was 

conducted to deter- mine their ability to generate 

creative content across various do-mains, including 

visual art, text, music, and fashion. The assessment 

was quantitative using metrics like BLEU and FID 

scores and qualitative using expert reviews and 

creative ratings. 

 

A. Quantitative Results 

The results reported here were gathered through 

systematic experimentation with benchmark datasets 

and open AI frame- works. Table I provides a 

summary of the performance of the models on 

different creative domains with standardized 

measures. 

• The BLEU Score measures text fluency and 

similarity to the ground truth. 

• The Fre´chet Inception Distance (FID) Score 

measures image quality lower is better. 

• Creativity ratings were obtained from a panel 

of five domain experts. 

 

TABLE I: PERFORMANCE AND CREATIVITY 

ASSESSMENT OF GENAI MODELS 

Model Domain BLEU 

Score 

(Text) 

FID 

Score 

(Image) 

Creativity 

Rating 

(1–10) 

GANs Art N/A 32.4 8.5 

VAEs Music N/A 48.9 5.5 

Transforme

rs 

Text 79.5 N/A 9.0 

Diffusion Fashion N/A 25.3 8.2 

 

B. Qualitative Results 

To evaluate originality and aesthetic appeal, the 

experts rated the generated outputs as follows: 

• Originality: Uniqueness compared to training 

data. 

• Fluency: coherence in structure and form. 

• Novelty: degree of deviation from learned 

patterns. 

• Emotional Impact: effectiveness in evoking 

responses. 

1) Text Generation Transformer-based models 

such as GPT-4 consistently produce a fluent and 

context-aware prose. Example outputs from 

creative writing prompts scored the highest in 

originality and engagement, particularly in 

storytelling and dialogue generation. 
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2) Image Generation Diffusion models like Stable 

Diffusion and DALL·E 2 achieved high realism 

and abstract representation. Their capacity to 

synthesize nuanced styles (e.g., surrealism or 

hyperrealism) enabled them to outperform 

GANs in terms of overall FID scores and 

aesthetic satisfaction. 

3) Music Composition AI-generated music using 

VAEs and Jukebox models produced 

rhythmically coherent but emotionally limited 

pieces. Experts have noted that while the 

harmonic structure is preserved, emotional 

nuances and dynamic progression are 

inconsistent. 

4) Fashion Design Image-generating AI (GANs 

and Diffusion) enables iterative design 

workflows for fashion ideation. Students and 

professionals reported higher novelty and 

aesthetic diversity, particularly when 

collaborating with generative systems during 

brainstorming. 

 

C. Human vs. AI Creativity: A Comparative Study 

A controlled study was used to compare product 

design ideas generated by humans and by AI. Both 

sets were blindly rated by the experts on novelty, 

usefulness, and feasibility. The AI-generate concepts 

received 25% higher novelty ratings, but human 

ideas received higher ratings on practicality and 

context fit. This highlights a complementary 

relationship, where AI 

 

TABLE II: HUMAN VS. AI EVALUATION ON 

KEY CREATIVITY CRITERIA 

Criteria Human 

Score 

AI Score 

Novelty 6.5 8.2 

Usefulnes

s 

8.9 7.1 

Feasibility 9.1 8.8 

excels in idea generation volume and variation 

and humans excel in contextual judgment 

 

D. User Feedback and Ethical Concerns 

Interviews with educators, designers, and artists 

have revealed mixed feelings. 

• 73% believed that generative AI augmented 

creativity. 

• 62% expressed concerns regarding authorship 

and originality. 

• Approximately 81% supported AI as a co-

creator and not a replacement. 

The following ethical concerns have emerged: 

• Bias in datasets influencing the generated 

content. 

• Lack of attribution in AI-generated derivative 

works. 

• Fear of creative job displacement due to 

automation. 

 

E. Visualization of Comparative Results 

To aid in understanding, visualizations were created 

by comparing the model performance. The Diffusion 

Model was the most balanced across all the domains. 

 

 
Fig. 1. Adoption Speed of Generative AI Tools: 

Time to Reach One Million Users for ChatGPT, 

DALL·E, and GitHub Copilot. 

 

V. DISCUSSION 

 

The expanding applications of generative artificial 

intelligence (GenAI) in creative fields have deep 

consequences for human originality, art authorship, 

and innovation. This section builds on the analytic 

insights from the last section and relates them to 

wider theoretical, ethical, and practical frames—

both the revolutionizing power and intrinsic limits of 

generative AI models. 

 

A. Human-AI Collaboration: Creativity Redefined 

Our findings strongly suggest that generative AI has 

evolved from being a simple helper to an engaged 

collaborator in the creation process. Across various 

fields—visual art, literature, music, and fashion—AI 

tools such as Transformers (e.g., Chat- GPT, GPT-4) 

and Diffusion Models (e.g., Stable Diffusion, 

DALL·E) were capable of generating content with a 

high level of novelty and sophistication. Yet, 

notwithstanding the remarkable performances, these 

machines are usually deprived of intentionality and 

contextual awareness, two of the most defining 

qualities of human creativity. 

 

B. Originality vs. Derivation 
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Fig. 2. Creativity vs. Originality Spectrum: 

Positioning Human, AI, and Collaboration 

 

A central concern in evaluating GenAI’s impact on 

originality lies in its dependence on training data. 

Models trained on massive corpora of existing 

artworks or texts inherently reflect and remix 

previously seen content. This raises an essential 

question: Can AI truly be original, or is it merely 

generating sophisticated derivatives? Our expert 

judgments are that though AI outputs are novel in 

form, they will often be statistically recombined and 

not radically novel ideas. Human imagination, 

however, is experience-specific, emotionally 

resonant, and purpose-directed—faculties that still 

elude generative models. These limitations decrease 

the application of GenAI where deep meaning, 

symbolism, or ethical depth matters most (social 

commentary, political satire, spiritual art). 

 

C. Ethical Dimensions and Creative Ownership 

The emergence of generative AI poses significant 

ethical and legal concerns: 

• Authorship Attribution: Who owns a poem or 

painting generated by an AI—the model, its 

creator, or the user who asked it to generate it. 

• Bias and Representation: If training data is 

biased, AI- generated content can perpetuate 

existing biases, resulting in lack of diversity or 

unwanted stereotypes in creative work. 

• Labor and Economic Impact: With AI starting to 

displace some creative jobs (e.g., copywriters, 

illustrators), the replacement of human workers 

becomes an economic and social issue 

Our qualitative results resonate with these fears. 

Designers and artists report both enthusiasm and 

fear—excited about the democratization of 

creativity, but fearful of being displaced or having 

their styles imitated without permission. These 

conflicts require an open, equitable, and accountable 

use of GenAI technologies in creative sectors. 

 

D. Educational and Cognitive Impacts 

In education and academia, generative AI has 

created new possibilities. Students utilize AI to 

generate ideas, model projects, and get immediate 

feedback. We discovered that students using GenAI 

for fashion design ideation in our student survey and 

who incorporated AI into their workflow developed 

a more extensive visual vocabulary and had greater 

creative fluency. But over-reliance on AI had 

consequences, including cognitive laziness and a 

lack of critical thinking, as learners started to 

outsource too much creative control to the machine. 

This double-edged nature of GenAI in learning 

requires curricular design reform—one that weaves 

AI tools into the fabric of learning while preserving 

human judgment, ethical sensitivity, and critical 

reflection. 

 

E. Societal and Cultural Reflections 

The social understanding of creativity is changing. 

Conventional assumptions that frame creativity as a 

distinctly human activity are being tested by 

algorithms that can create award-winning music, 

poetry, and art. This tests not only philosophical 

structures but also cultural values concerning 

identity, expression, and authorship. Additionally, in 

a post- digital world where AI avatars create music, 

script, and paint portraits, the lines between 

consumer and artist, audience and writer, are 

blurring. This democratization can enable non- 

artists to venture into creative expression, but it can 

also result in oversaturation and devaluation of 

artistic labor if not handled ethically. 

 

F. Limitations of the Study 

Although this study offers insightful information on 

the potential and implications of generative AI, it 

comes with limitations: 

• Dataset Constraints: The quality of the outputs 

generated is highly reliant on the training data. 

We have not made or fine-tuned models using 

domain-specific data, which can have an impact 

on performance in specific applications. 

• Subjectivity in Creativity Evaluation: Human 

assessments of creativity are subjective and 

subject to individual biases. 

• Rapid Evolution of Technology: The technology 
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is rapidly evolving with new models and tools 

popping up on a regular basis. Our results are a 

snapshot, not an ultimate view 

 

G. Future Considerations 

To achieve maximum potential of creative power of 

generative AI, in the coming times, actions should: 

• Human-centered design: Developing AI that 

supplements human intent rather than replacing 

it. 

• Transparency: Revealing training data and 

generation processes to build trust and 

accountability. 

• Regulation: Creating legal frameworks of 

authorship, copyright, and fair use. 

• Interdisciplinary Collaboration: Bringing 

ethicists, artists, engineers, and policymakers 

together to frame AI applications in creative 

industries. 

This research set out to conduct a comprehensive 

analysis of the revolutionary potential of Generative 

Artificial Intelligence (GenAI) on originality and 

creativity in various domains, including the arts, 

education, design, and content creation. Through the 

analysis of state-of-the-art models such as GANs, 

VAEs, Diffusion Models, and Transformers, the 

research has revealed the vast creative potential of 

GenAI but critically analyzed its limitations and 

broader implications for society. Our evidence 

indicates that GenAI can be an effective tool and 

extension to creative processes, creating new ideas, 

optimizing design tasks, and democratizing artistic 

tools. AI-generated results in comparative 

experiments are more novel and diverse and, in some 

cases, surpass human-generated ideas in ideation 

scores such as originality and fluency. Of immense 

value in education and group environments, GenAI 

has potential in boosting imagination and an 

exploratory design style. The research, however, 

cautions against overestimating the creative 

independence of AI. The originality of GenAI 

outputs is still constrained by the training data 

and lacks intentionality, emotional depth, and 

contextual understanding typical of human 

creativity. The ethics issues—from bias in training 

data to ownership rights and the replacement of 

creative work—must be the priority now and the 

development of regulatory guidelines balancing 

innovation and responsibility. Furthermore, the 

research emphasizes the importance of the 

development of a human-centered approach in AI 

integration, where AI is utilized as a creative 

collaborator, not a re- placement. Educational 

environments, creative industries, and policymakers 

must come together to ensure that generative AI is 

developed and used ethically, fairly, and inclusively. 

In brief, generative AI does not devalue human 

creativity but rather is a way in which the limits 

of what is creatively possible can be expanded. 

The joining of human intuition and machine 

cognition is a new age of increased creativity—a 

new age that must be celebrated and examined. 

Additional interdisciplinary study will be necessary 

in assisting with charting this new ground, with the 

aim of ensuring that as technology evolves, it does 

so with creativity, integrity, and humanity at its 

center. 
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