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Abstract-Rapid advancements in Al have enabled the
seamless generation of both text and images, paving the
way for multimodal storytelling. However, challenges like
maintaining coherence, ensuring text-image alignment,
and preserving character consistency remain. Story Teller,
a Multimodal Large Language Model (MLLM), addresses
these issues by predicting both text and visual tokens. It
uses a visual de-tokenizer to generate consistent images
and a multimodal attention sink mechanism to extend story
length beyond training limits. To support this,
StoryStream, a high-resolution dataset, is introduced for
training and evaluation. This work advances Al-driven
storytelling by improving coherence and expanding story
length.

Index Terms- Detokenizer, Diffusion Model, MLLM,
Story-Teller, SD-XL, Tokenizer, Vit

I. INTRODUCTION

Interleaved image-text content is widely used online,
and recent advancements in Al have made generating
such content more effective.[1][2] Multimodal Story
Generation creates immersive narratives by blending
text and images, but it faces challenges like
maintaining ~ coherence,  ensuring  character
consistency, and generating high-quality visuals. To
address these issues, Story Teller is introduced—a
model built on Multimodal Large Language Models
(MLLMs) that generates both text and images
seamlessly.[3][4] It uses pre-trained image tokenizers
and de-tokenizers (SD XL, ViT) to produce realistic
and consistent visuals. Additionally, a Multimodal
Attention Sink Mechanism helps manage longer
sequences efficiently, enabling the generation of
extended multimodal stories. To further support
training and evaluation, the StoryStream dataset is
introduced,  offering  high-quality ~ image-text
sequences sourced from animated videos, with
improved resolution and narrative depth. New
evaluation metrics are also proposed to measure image
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consistency, narrative engagement, and text-image
coherence. Results show that Story Teller outperforms
existing models in generating rich, coherent, and
visually engaging multimodal stories.[5]

I11. PROCEDURE FOR PAPER SUBMISSION

A. Review Stage

Submit your manuscript electronically for review.
prepare it in two-column format, including figures and
tables(untill it don't fit properly and data is not visible).
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After your paper has been accepted. The authors of the
accepted manuscripts will be given a copyright form
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C. Figures

As said, to insert images in Word, position the cursor
at the insertion point and either use Insert | Picture |
From File or copy the image to the Windows clipboard
and then Edit | Paste Special | Picture (with —Float
over textl unchecked).

1. MATH

The project requires a total effort of 34.9 person-
months based on its complexity. Since there are 3
developers working on the project, the effort per
developer is calculated as 34.9 + 3 = 11.63 months per
developer. Using the COCOMO time estimation
formula, the estimated project duration is T = 2.5 x
(34.9)70.35 = 8.9 months, which is well within the 12-
month deadline. The cost estimation is based on a
monthly salary of 5,000 per developer. With 3
developers working for 12 months, the total project
cost amounts to X1,80,000.[6][7]

IV. UNITS

In this paper, all numerical values are represented
using the International System of Units (SI) to
maintain consistency and clarity. However, where
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applicable, Centimeter-Gram-Second (CGS) units are
also mentioned for comparative analysis. Conversion
factors between Sl and CGS units are provided where
necessary to facilitate ease of understanding.[8]

V. HELPFUL HINTS
A. Algorithms

There are numerous complex heuristic methods used
in the Story Teller project to compose meaningful
narratives and generate content that can fit the
aesthetic of an image.

1) Vision Transformer (ViT): Vision Transformer
(ViT), is an innovative design that incorporates
transformer based architecture with visual data.
Compared to classical convolutional neural networks,
VIT incorporates images by partitioning them into
patches and then using these patches as sequences as
in natural language processing. This is in the recent
work by Dosovitskiy et al., 2020, because this
approach enables the model to learn long-range
interactions and contexts within an image. The use of
VIiT in the framework of the Story Teller project
enriches exactly the comprehension of visual aspects
and hence the common positive correlation between
text and images in the same story. [9][10]

2) Tokenizer: Tokenizer is one of the most importantly
preprocessing tools to transform text data into easily
processable format, Word or Subword for models. The
need for tokenization in Story Teller project can
essentially be tried to theidentification of how text in
the form of a story will be processed by the
transformer models. Through this process of
converting text to tokens, the tokenizer is able to feed
into the model, data that will help influence its learning
while still retaining meaning. This process is in line
with the procedures described by Sennrich etal. , 2016
about tokenization in natural language
processing.[11][12]

3) Detokenizer : Unlike the Tokenizer which helps
segment the text for training, the Detokenizer
performs the reverse work by putting together tokens
into human intelligible text. For the case of Story
Teller project, the detokenizer makes sure that the
outputted story is properly formed so as to make better
sense to the end user. Thus, tokenization and
detokenization are two essential steps for the
generation process, which helps to keep the structural
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integrity of the generated content and helps to shift
between them with less difficulty as it followed from
the study identified by Kudo & Richardson (2018).
[13[14]

4) SDXL SDXL is a novel model architecture that has
been proposed for high return generation tasks such as
image and text synthesis. Refining the frameworks of
the prior generative models, [15] SDXL introduces
multi-scale features and advanced attentions to
improve the coherence of the reported stories and
generated visuals. Further, its architecture to process
contextual information is enhanced, making it ideal for
story generation. Other research by Stability Al, in
2023, on SDXL shows that SDXL holds promise to
achieving state-of-the-art performance in multimodal
applications, in agreement with the objectives of Story
Teller proposal. [16][17]

5) LoRA (Low-Rank Adaptation) LoRA (Low-Rank
Adaptation) is a method that was developed with the
purpose of making subsequent learning more effective
on a large model. LoRA has integrated low-rank
decomposition in the adaptation process, making it
easy the computational cost and memory requirements
needed to train large models of data. Such a process,
as described by Hu et al. (2021), can be completed
more effectively and efficiently to adapt the models
for a particular task without having to train again.In
the Story Teller project, LoRA allows.[18]

6) Transformer based algorithm Story generation is
built upon transformer architectures including GPT-4
and BERT. They are particularly good in identifying
the context and consistency of different texts in long
stories. Two papers by Vaswani et al. (2017) and
Radford et al. (2019) prove the potential of
transformers to generate textual content laconically
imitating humans and thus fit for narrative
purposes.[19]

7) Attention Mechanisms Special attention to certain
features of the narrative is provided by self- and cross
attention. The self- attention technique of the
Transformer makes it possible for the model to isolate
critical points and characters, as demonstrated by
author. [20]

VI. PUBLICATIONPRINCIPLES

The Al
storytelling principles aim to optimize narrative
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coherence, text-

image matching,and multimodal user interaction.
Our system incorporates Multimodal Large
Language Models (MLLMs)
to create engaging stories with coherent characters,
rational narratives, and  thematic consistency.
By applying the multimodal attention
sink technique among others, our
system provides perfect unification of textual and
visual components, delivering richer storytelling. M
oreover, the project focuses on
flexibility, allowing customization

to fit various storytelling styles and genres.

VII. RESULTS

Time
Reversed

The home page of our Al-powered storytelling
platform is designed to provide users with an
engaging and intuitive experience. It features a
sleek, dark-themed user interface with a structured
layout to ensure readability and ease of navigation.

Navigation Bar :

Located at the top, the navigation bar includes links
to essential sections such as "Home," "Stories,"
"Categories," and "About Us."

A "Create a Story" button is prominently placed,
allowing users to initiate their storytelling process
effortlessly.

Story Display Section:

The home page showcases featured or recently
added stories.

Each story has a bold title and a concise description,
drawing readers into the narrative.

Story Details Panel:

On the right side, users can see metadata such as the
story's date of creation and estimated reading
time.The storyline is summarized, providing a quick
preview of the content.
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Call-to-Action Button:

A "Play a Story" button encourages user interaction,
guiding them to explore the full story.

User Experience & Design Considerations:

The interface follows a minimalistic design with a
dark theme to enhance readability.

The typography and color choices (green highlights
on black background) create a visually appealing
experience.The structured layout ensures users can
quickly scan and navigate through stories.

This home page serves as the foundation for user
engagement, ensuring seamless access to Al-
generated stories while maintaining an aesthetically
pleasing and functional design.

Your Prompt

The Story Prompt Input Page is designed to allow
users to create custom stories by providing an initial
text prompt. This step is crucial in defining the
storyline, as it guides the Al in generating a coherent
and engaging narrative.

Users can enter a custom short story or prompt in the
provided text box.

This input serves as the starting point for Al-
generated storytelling.

A large text area is provided for ease of writing.

Placeholder text “Write your short story...”
encourages user input.

Encourages creativity and personalization in
storytelling.

Provides a seamless writing experience with a clean,
distraction-free design.

Ensures flexibility, allowing both short prompts and
longer user-written stories.
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Generating your new

beautiful story.

The Story Generation Progress Page provides users
with real-time updates on the Al-driven story
generation process. It ensures an interactive and
engaging experience by visualizing the different
stages involved in creating a multimodal story.

Your Story
Name

> ey

The Story Playback Page serves as the final stage of
the storytelling process, allowing users to interact
with the generated story through text and audio
narration.

The story name is displayed prominently.

Date of creation is included Estimated reading time
is given. Displays the generated text-based storyline.

VIII. CONCLUSION

Advancements in Al have greatly improved the ability
to generate text and images together in a smooth and
meaningful way. Models like Story Teller, which use
technologies such as Vision Transformers (ViT),
Tokenizers, SDXL, and LoRA, help create visuals that
match the story while keeping the narrative consistent
across multiple scenes. These models solve key
challenges like maintaining character consistency,
ensuring smooth plot progression, and generating
high-quality images that align with the text. Attention
mechanisms, such as self-attention and cross-
attention, improve the connection between text and
images, while fine-tuning methods like LoRA make
the process more efficient. New techniques, including
diffusion-based models and autoregressive language
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models, further enhance storytelling by managing
character  consistency and scene transitions
effectively. Additionally, user customization and
personalization are becoming more important, leading
to the development of interactive and dynamic story
generation systems. These improvements mark a
major step forward in automated storytelling.

APPENDIX

This appendix contains extra information that aids the
research outcomes and technical realization.

Sample Input-Output for Story Generation

Input: Brief prompt that illustrates a medieval knight
going on a mystical adventure.

Generated Output: In-depth story coupled with Al-
created images, ensuring consistency in plot
development andcharacter traits.

Algorithm Overview
Pre-processing the input for context extraction.
Using MLLMs to generate story text.

Implementing multimodal attention mechanisms for
image creation.

Establishing coherence through iterative feedback
loops.

Dataset Breakdown (StoryStream)

Includes organized story components, character
profiles, and related Al-produced images.

Used for fine-tuning and improving multimodal story
generation models.
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