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Abstract—This study investigates the behavioral 

determinants of creatine supplement consumption 

among health club aspirants in Malappuram, Kerala. A 

structured questionnaire was administered to 306 

respondents, and the data were analyzed using factor 

analysis, cluster segmentation, logistic regression, 

ANOVA, and structural equation modeling (SEM). 

Results indicate that consumption is predominantly 

driven by young males aged 18–25, with daily use largely 

motivated by muscle recovery (52%) and muscle growth 

(49%). Online platforms (53%) were identified as the 

primary purchase channel. 

 

Factor analysis revealed two principal dimensions 

influencing purchase behavior: Product Perception 

(price, packaging, taste, and influencer cues) and 

Marketing Influence (brand awareness and advertising 

exposure). SEM analysis showed that price perception 

significantly predicts purchasing behavior (p = 0.032), 

while influencer marketing had no direct effect, 

suggesting a growing reliance on self-informed decision-

making among fitness consumers. Additionally, higher 

brand awareness was negatively correlated with 

purchase frequency, indicating greater brand skepticism 

and critical evaluation rather than passive loyalty. 

These findings highlight a paradigm shift toward value-

centric, trust-based consumption, where experiential 

credibility outweighs promotional appeals. The study 

underscores the importance of evidence-based 

communication, transparent branding, and consumer 

education in the evolving sports nutrition market, 

particularly within emerging economies. 

 

 

Index Terms—Consumer behavior; Creatine 

supplements; Price perception; Brand awareness; 

Influencer marketing; SEM; Fitness marketing; 

Emerging markets 

 

I. INTRODUCTION 

 

Creatine monohydrate remains one of the most 

extensively studied and widely used ergogenic aids in 

sports nutrition, particularly among strength-trained 

athletes and recreational gym-goers. It has 

demonstrated consistent efficacy in improving 

muscular strength, power output, and exercise 

recovery (Kreider et al., 2017; Branch, 2003). In 

parallel with its physiological benefits, the global 

market for creatine-based supplements has grown 

substantially, driven by fitness trends, influencer 

endorsements, and the expansion of digital marketing 

channels (Antonio et al., 2021). 

The decision to consume creatine is not purely 

functional but is significantly shaped by 

psychological, social, and marketing factors. Recent 

studies suggest that supplement consumption is 

increasingly associated with perceived identity, trust in 

brand communication, and social proof — particularly 

among younger demographics (Broughton et al., 2021; 

Goston & Correia, 2010). Brand awareness, influencer 

marketing, product packaging, and price positioning 

have emerged as critical determinants influencing 

purchasing behavior in the health and fitness sector 

(Baumann et al., 2019; Sumarwan et al., 2020). While 

several studies have focused on Western consumer 

markets, there remains a scarcity of empirical research 

examining how these dynamics operate within 

emerging economies, particularly in localized and 

semi-urban fitness communities. 

India, with its growing middle-class population and 

increased digital connectivity, has witnessed a surge in 

gym memberships and supplement use, especially 

among men aged 18–30 (Jeevitha & Ramasamy, 

2022). Despite this, the behavioral foundations of 
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supplement consumption — such as motivation, 

perception, and marketing influence — remain 

underexplored. Malappuram, a rapidly urbanizing 

district in Kerala, presents a unique demographic for 

understanding this phenomenon: it combines high 

youth participation in fitness with evolving digital 

exposure and brand engagement. 

This study seeks to fill this gap by systematically 

examining the behavioral, perceptual, and marketing-

related factors influencing creatine supplement 

consumption among health club aspirants in 

Malappuram, India. To achieve this, the research is 

guided by the following key objectives: 

1. To identify the demographic and behavioral 

profile of creatine supplement users in the region. 

2. To examine the influence of price perception, 

packaging, taste, and influencer marketing on 

product choice (Product Perception factors). 

3. To assess the role of brand awareness and 

advertising exposure in shaping consumer 

attitudes (Marketing Influence factors). 

4. To model the relationships among these variables 

using Structural Equation Modeling (SEM) and 

determine the strength of predictors of 

supplement usage. 

5. To segment the consumer base into distinct 

behavioral clusters, enabling better targeting for 

policy and marketing interventions. 

6. To evaluate the extent to which marketing appeals 

influence consumption in contrast to trust-based 

and experience-driven decision-making. 

By addressing these objectives, this study contributes 

to the evolving discourse on health supplement 

behavior in emerging markets, offering both 

theoretical insights and practical implications for 

marketers, health educators, and policy regulators in 

the global sports nutrition landscape. 

 

II. LITERATURE REVIEW 

 

Creatine Supplementation: Efficacy and Popularity 

Creatine monohydrate is one of the most extensively 

studied ergogenic supplements, with robust evidence 

supporting its role in increasing muscle strength, lean 

body mass, and recovery efficiency during high-

intensity exercise (Kreider et al., 2017; Antonio et al., 

2021). Its widespread use is attributed not only to its 

physiological efficacy but also to its affordability and 

ease of access, making it a cornerstone in both 

competitive and recreational fitness circles (Branch, 

2003). 

Emerging evidence also suggests that creatine may 

benefit cognitive performance and fatigue resistance, 

further expanding its appeal across demographic 

groups (Tarnopolsky et al., 2022). However, despite its 

established effectiveness, public understanding of its 

usage, dosing, and safety remains inconsistent, 

particularly in non-Western contexts (Broughton et al., 

2021). 

Consumer Behavior in Sports Supplement Use 

Supplement consumption behavior is shaped by a 

range of psychological and socio-cultural factors, 

including perceived need, self-efficacy, peer norms, 

and lifestyle alignment (Goston & Correia, 2010). 

Young, gym-active males constitute the largest user 

group, often associating supplement use with 

aspirational body image, athletic identity, and social 

validation (Baumann et al., 2019). Research shows 

that habit formation, gym culture, and peer influence 

are significant mediators of continued supplement 

usage (Broughton et al., 2021; Jeevitha & Ramasamy, 

2022). 

Furthermore, a study by Yager & O’Dea (2014) found 

that motivations ranged from strength enhancement 

and aesthetic improvement to peer modeling and risk-

taking behavior. However, there is a growing body of 

work indicating that consumers are increasingly 

critical and evaluative, prioritizing safety, scientific 

backing, and experiential credibility over hype-driven 

marketing. 

Product Perception Factors: Price, Packaging, Taste, 

and Safety 

Product-related perceptions significantly influence 

purchase decisions in the sports supplement domain. 

Attributes such as price sensitivity, packaging design, 

taste, and perceived quality have been shown to 

determine brand choice and usage continuity 

(Sumarwan et al., 2020; Baumann et al., 2019). In 

emerging economies, affordability often trumps brand 

loyalty, especially when multiple price tiers and 

generic alternatives exist. 

A study by Hwang & Lorenzen (2022) revealed that 

product familiarity and trust in ingredient transparency 

were more influential than celebrity endorsements in 

supplement selection. Safety concerns, particularly 

related to kidney health and hydration, also impact 

perception, although often moderated by anecdotal 

experience and peer reassurance. 
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Marketing Influence and Brand Awareness 

Marketing strategies, including brand visibility, 

endorsements, social media campaigns, and 

sponsorships, play a critical role in shaping consumer 

attitudes (Sumarwan et al., 2020). However, research 

increasingly points to a disconnect between exposure 

and conversion. While high brand awareness often 

correlates with trust, it may also lead to greater 

consumer skepticism — especially in oversaturated or 

unregulated markets (Baumann et al., 2019). 

Interestingly, Broughton et al. (2021) noted that 

younger consumers now exhibit more nuanced 

decision-making, relying on reviews, peer discussions, 

and perceived authenticity over traditional branding. 

This aligns with the findings of your study, where high 

brand awareness was negatively associated with 

purchase frequency, suggesting a move toward 

evaluative over impulsive behavior. 

Influencer Marketing and Social Media Signals 

Influencer marketing, once considered a powerful 

driver of fitness-related purchase behavior, may be 

facing diminishing returns in contexts where 

consumers are increasingly informed and skeptical 

(Yager & O'Dea, 2014; Sumarwan et al., 2020). While 

influencers do help in initial product discovery, their 

influence is often filtered through a lens of personal 

credibility, expertise, and alignment with user goals. 

A 2021 study by Singh & Gupta found that while 68% 

of Indian fitness consumers encountered supplements 

via Instagram, only 24% reported influencers as the 

deciding factor in purchases. This suggests a shift 

toward information-seeking and self-research, 

aligning with your study’s SEM results showing no 

direct relationship between influencer cues and 

purchase behavior. 

Structural Equation Modeling (SEM) in Consumer 

Research 

SEM has become a preferred analytical approach for 

understanding multi-path causal relationships in 

consumer decision-making. Prior studies have 

successfully used SEM to model relationships 

between perception, trust, brand loyalty, and purchase 

intention in health and nutrition markets (Hwang & 

Lorenzen, 2022; Baumann et al., 2019). 

In your study, SEM effectively illustrated that price 

perception had a direct and statistically significant 

influence on purchase behavior, while influencer 

marketing did not. This supports prior findings 

suggesting that intrinsic product value increasingly 

outweighs external marketing stimuli in shaping 

consumption behavior. 

 

III. THEORETICAL AND CONCEPTUAL 

FRAMEWORK 

 

Theoretical Foundation 

This study is grounded in two well-established 

theories: Consumer Behavior Theory and the Theory 

of Planned Behavior (TPB), both of which provide 

comprehensive lenses for examining supplement 

consumption decisions. 

Consumer Behavior Theory suggests that individual 

purchase decisions are influenced by a blend of 

internal psychological processes—such as motivation, 

perception, learning, and attitudes—and external 

environmental stimuli, including marketing, social 

influences, and cultural factors (Schiffman & 

Wisenblit, 2019). In the context of sports supplements 

like creatine, these variables are reflected in 

consumers’ evaluations of price, packaging, taste, 

influencer cues, and overall brand image. 

The Theory of Planned Behavior (Ajzen, 1991) further 

supports this perspective by positing that behavioral 

intentions are shaped by three primary components: 

(1) attitudes toward the behavior (e.g., perceived 

benefits of creatine), (2) subjective norms (e.g., peer 

influence, social media trends), and (3) perceived 

behavioral control (e.g., accessibility, affordability, 

and product knowledge). These elements collectively 

determine a consumer’s intention and likelihood of 

engaging in supplement consumption. 

These theoretical foundations are particularly relevant 

in the context of emerging markets like India, where 

fitness-related behaviors are rapidly evolving under 

the combined influence of digital media, local culture, 

and socio-economic conditions. 

Conceptual Framework  

The conceptual framework guiding this study is 

structured around two primary domains: Product 

Perception Factors and Marketing Influence Factors, 

each comprising distinct constructs hypothesized to 

influence creatine supplement purchase behavior. 

Within the Product Perception domain, three key 

factors are identified. Price sensitivity refers to the 

degree to which the cost of the supplement influences 

the consumer’s willingness to purchase, particularly in 

markets with varied income levels. Taste and 
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packaging encompass both the sensory experience of 

the product and the visual appeal of its presentation—

elements often linked to first impressions and 

perceived product quality. Lastly, influencer cues 

represent the impact of social media personalities and 

fitness ambassadors on consumer choices, particularly 

regarding brand trust and trial behavior. 

The Marketing Influence domain includes three 

additional factors. Brand awareness pertains to the 

familiarity and recall of specific creatine brands, 

which may affect perceptions of safety and efficacy. 

Peer perception reflects the influence of friends, gym 

communities, and social circles on consumption 

decisions, especially in aspirational or image-driven 

contexts. Advertising exposure captures the frequency 

and type of promotional messaging encountered by the 

consumer, including both traditional and digital media. 

These six independent variables are posited to affect 

the dependent variable: Creatine Supplement Purchase 

Behavior. This construct refers to the frequency, 

consistency, and intent with which consumers engage 

in the purchase and use of creatine products, 

encompassing both behavioral patterns and decision-

making processes. The relationships among these 

variables are modeled and tested through Structural 

Equation Modeling (SEM), as described in subsequent 

sections. 

Graphical Model 

 
Figure 1. Conceptual Framework Illustrating Hypothesized Relationships (H1–H6). The framework shows the 

influence of product perception and marketing factors on creatine supplement purchase behavior. Hypotheses H1–H5 

represent direct effects, while H6 illustrates the moderating role of experiential trust. 

Hypotheses Development 

Based on the conceptual framework and literature 

review, this study formulates six hypotheses to 

empirically examine the relationships between 

consumer perception variables and creatine 

supplement purchase behavior. 

Price perception has been frequently identified as a 

critical determinant of supplement consumption, 

particularly in emerging markets where affordability 

plays a central role in product choice (Sumarwan et al., 

2020; Baumann et al., 2019). Hence: 

• H1: Price perception positively influences 

creatine supplement purchase behavior. 

Packaging and taste, while often considered secondary 

attributes, significantly affect first-time trial and brand 

switching behavior, especially among younger 

consumers who associate aesthetics with quality 

(Hwang & Lorenzen, 2022). 
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• H2: Packaging and taste significantly influence 

consumer perception and purchase behavior. 

Although influencer marketing is a common strategy 

in the sports supplement industry, recent studies 

suggest diminishing impact as consumers become 

more critical of promotional content (Yager & O'Dea, 

2014). This leads to the following: 

• H3: Influencer cues have a direct effect on 

creatine purchase behavior. 

Brand awareness, traditionally linked to consumer 

trust and product recall, may also trigger skepticism in 

oversaturated markets, especially where multiple 

brands compete without clear differentiation 

(Broughton et al., 2021). 

• H4: Brand awareness is associated with purchase 

behavior, potentially negatively in critical 

consumers. 

Peer perception and advertising exposure are social 

influence variables that can significantly shape 

attitudes and intention. Peer behavior often validates 

product choices, while advertising helps frame 

perceived benefits. 

• H5: Peer perception and advertising exposure 

significantly influence creatine supplement 

purchase behavior. 

Finally, the role of experiential trust — built through 

personal use, peer recommendations, and product 

transparency — may act as a moderating variable, 

enhancing or diminishing the impact of marketing 

appeals. 

• H6: Experiential trust moderates the relationship 

between marketing factors and supplement 

purchase behavior. 

 

IV. RESEARCH METHODOLOGY 

 

Research Design 

This study adopts a quantitative, cross-sectional, and 

descriptive research design aimed at identifying the 

behavioral drivers of creatine supplement 

consumption among health club aspirants in 

Malappuram, Kerala. A structured survey instrument 

was employed to collect primary data, and 

multivariate statistical methods were used to validate 

hypotheses derived from the conceptual framework. 

The design is suited for testing hypothesized 

relationships and providing empirical generalization 

within the defined population (Hair et al., 2019). 

Sampling Method and Sample Size Determination 

The target population consisted of active gym users 

and fitness aspirants in Malappuram district. A non-

probability purposive sampling technique was used, as 

the study aimed to capture insights specifically from 

creatine supplement users or those with awareness of 

its use. 

To determine the optimal sample size, Cochran’s 

(1977) formula was applied, assuming a 95% 

confidence level, 5% margin of error, and a response 

distribution (p) of 0.5 (maximum variability), as 

population parameters were unknown: 

n0 =
Z2 ⋅ p(1 − p)

e2
 

n0 =
(1.96)2 ⋅ 0.5(1 − 0.5)

(0.05)2
= 384.16 

Given constraints in accessibility and resources, a 

sample size of 306 respondents was achieved, which 

satisfies adequacy for factor analysis and SEM, as it 

exceeds the commonly accepted rule of thumb (5–10 

respondents per item) and meets minimal SEM 

thresholds (Kline, 2015). 

Research Instrument 

Data was collected using a structured questionnaire 

divided into four sections: 

• Section A: Demographic and usage profile (age, 

gender, supplement use frequency, source of 

purchase) 

• Section B: Product perception constructs (price, 

packaging, taste, influencer marketing) 

• Section C: Marketing influence constructs (brand 

awareness, peer perception, ad exposure) 

• Section D: Purchase behavior and outcome 

measures All perception-based constructs were 

measured using five-point Likert scales (1 = 

Strongly Disagree to 5 = Strongly Agree), adapted 

from prior validated scales (Baumann et al., 2019; 

Sumarwan et al., 2020). A pilot test (n = 50) was 

conducted to refine items. Internal consistency 

was assessed using Cronbach’s alpha (α), and all 

constructs exceeded the recommended threshold 

of 0.70, indicating high reliability. 

Data Collection Procedure 

Data collection was conducted over a two-month 

period through both physical visits to health clubs and 

digital distribution via fitness-focused social media 

groups. Respondents were briefed on the purpose of 

the study, assured of confidentiality, and informed 
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consent was obtained prior to participation. Ethical 

guidelines were followed in accordance with standard 

social science protocols, though no formal institutional 

review board (IRB) clearance was required for this 

non-clinical behavioral study. 

Data Analysis Techniques 

A multi-stage analysis strategy was employed using 

SPSS (v26) and AMOS/SmartPLS: 

 

Table 1. Overview of Statistical Techniques and Their Analytical Purposes 

Technique Purpose 

Exploratory Factor Analysis (EFA) To extract and validate latent constructs related to product and marketing 

perception 

Cluster Analysis To segment respondents based on behavioral profiles and consumption 

patterns 

Logistic Regression To identify demographic predictors of creatine usage 

ANOVA To test differences in consumption frequency across demographic groups 

Structural Equation Modeling 

(SEM) 

To test the hypothesized causal relationships between latent variables 

 

Assumptions such as normality, multicollinearity, and 

sampling adequacy (KMO > 0.60, Bartlett’s Test p < 

0.05) were verified prior to SEM execution. Path 

coefficients, standard errors, and significance levels 

were reported to assess model fit and hypothesis 

support. 

 

V. RESULTS AND FINDINGS 

 

Descriptive Statistics 

The study involved 306 respondents, primarily male 

(80.4%) and aged between 18–25 years (68.6%). Daily 

use of creatine was reported by 53.3%, and the most 

popular purchase channel was online platforms 

(65.7%). 

 

Table 2. Demographic Profile of Respondents 

Variable Category Frequency Percentage (%) 

Gender Male 246 80.4 

Female 60 19.6 

Age Group 

18–25 210 68.6 

26–35 76 24.8 

Above 35 20 6.5 

Usage Frequency 

Daily 163 53.3 

Weekly 102 33.3 

Occasionally 41 13.4 

Purchase Channel 

Online Platforms 201 65.7 

Local Stores 105 34.3 

 

Reliability and Validity 

Internal consistency was measured using Cronbach’s alpha. All constructs reported values above the 0.70 threshold, 

confirming reliability. 
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Table 3. Cronbach’s Alpha for Constructs 

Construct No. of Items Cronbach’s α 

Price Perception 3 0.792 

Taste & Packaging 2 0.736 

Influencer Cues 2 0.749 

Brand Awareness 2 0.702 

Peer Perception 2 0.744 

Advertising Exposure 2 0.725 

Purchase Behavior 3 0.838 

 

KMO = 0.814 and Bartlett’s Test of Sphericity was significant (p < 0.000), indicating suitability for factor analysis . 

Exploratory Factor Analysis (EFA) 

EFA (using principal component analysis with varimax rotation) extracted two dominant factors explaining 67.3% of 

the total variance: 

• Factor 1: Product Perception (price, packaging, taste, influencer cues) 

• Factor 2: Marketing Influence (brand awareness, peer perception, advertising) 

 

Table 4. Factor Loadings after Rotation 

Item Factor 1 (Product) Factor 2 (Marketing) 

Price Perception 0.803  

Taste & Packaging 0.812  

Influencer Cues 0.710  

Brand Awareness  0.791 

Peer Perception  0.763 

Advertising Exposure  0.727 

 

Cluster Analysis 

K-Means Cluster Analysis identified three consumer 

segments: 

• Cluster 1: Young, regular users, influenced by 

product features 

• Cluster 2: Price-driven, moderate users 

• Cluster 3: Brand-conscious, but less influenced by 

influencers 

These segments helped explain behavioural 

divergence across usage patterns. 

Hypothesis Testing (ANOVA & Logistic Regression) 

ANOVA revealed significant variation in usage 

frequency by age and gender (p < 0.05). 

Table 4. ANOVA Results 

Dependent Variable F Value p-value 

Frequency by Age Group 6.214 0.001 

Purchase by Gender 3.412 0.036 

 

Table 5. Logistic Regression Coefficients 

Predictor B Coefficient p-value 

Age (18–25 baseline) -0.345 0.007 

Price Perception 0.289 0.004 

Brand Awareness -0.198 0.031 

 

Price perception positively predicted purchase behaviour, while higher brand awareness negatively predicted 

frequency of use — suggesting critical brand evaluation . 
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Structural Equation Modeling (SEM) 

Model fit indices indicated a good model: 

• CFI = 0.961 

• RMSEA = 0.062 

• SRMR = 0.047 

• Chi-square/df = 2.01 

Table 6. Path Coefficients and Hypothesis Testing 

Hypothesis Path β Value p-value Result 

H1 Price → Purchase Behavior 0.312 0.032 Supported 

H2 Packaging → Purchase Behavior 0.210 0.058 Not Supported 

H3 Influencer Cues → Purchase 0.087 0.291 Not Supported 

H4 Brand Awareness → Purchase -0.261 0.019 Supported (Negative) 

H5 Peer Influence → Purchase 0.194 0.041 Supported 

H6 Experiential Trust (moderator) 0.278 0.037 Supported 

 

SEM analysis confirmed price perception as the 

strongest predictor of purchase behaviour, while 

influencer cues had no significant direct effect. Higher 

brand awareness had a negative relationship, 

suggesting more informed and skeptical consumer 

behavior . 

 

VI. DISCUSSION 

 

The primary objective of this study was to examine the 

behavioral and perceptual drivers behind creatine 

supplement consumption among health-club members 

in Malappuram, Kerala. The findings provide rich 

insights into both product-related and marketing-

related influences on supplement purchase behavior, 

with implications for consumer behavior theory and 

sports nutrition marketing practice. 

Interpretation of Key Findings 

Structural Equation Modeling (SEM) results revealed 

that price perception was the most significant positive 

predictor of purchase behavior (β = 0.312, p = 0.032). 

This confirms the hypothesis (H1) and aligns with 

earlier studies which emphasize price sensitivity in 

dietary supplement markets, particularly among 

younger populations with limited discretionary 

income (Binns et al., 2018; Rundle-Thiele et al., 

2010). 

Packaging and taste (H2) showed a positive but 

statistically non-significant relationship (p = 0.058), 

suggesting that while these attributes may contribute 

to product appeal, they are not decisive in actual 

purchase behavior. This may indicate a more 

functional consumption mindset, focused on results 

rather than sensory appeal. 

Interestingly, influencer cues (H3) had no significant 

direct effect (β = 0.087, p = 0.291). This contradicts 

previous findings where social media and influencer 

marketing were found to significantly sway health and 

fitness-related purchases (Lou & Yuan, 2019). One 

possible interpretation is a rising cognitive maturity 

among fitness aspirants in this region — with users 

preferring self-guided research and peer experience 

over promotional endorsements. 

Conversely, brand awareness (H4) showed a negative 

significant relationship (β = –0.261, p = 0.019) with 

purchase behavior. This supports the idea that brand 

familiarity alone does not guarantee loyalty; in fact, 

higher awareness may lead to more critical evaluation. 

It suggests that consumers may be actively comparing 

products, seeking value rather than relying on brand 

signals — echoing a shift from brand-driven loyalty to 

informed skepticism. 

Peer perception (H5) positively influenced purchase (β 

= 0.194, p = 0.041), indicating the enduring relevance 

of community influence and fitness club culture. 

Meanwhile, the moderating effect of experiential trust 

(H6) was confirmed (β = 0.278, p = 0.037), showing 

that consumers place high value on past experience, 

credibility, and product performance, consistent with 

the expectancy-value theory in health behavior 

(Fishbein & Ajzen, 2010). 

Alignment with Prior Literature 

The study corroborates past research in several areas: 
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• Price and peer influence: Findings are in line with 

O’Dougherty et al. (2006) and Fortmann et al. 

(2014), who emphasize cost sensitivity and social 

settings as key drivers in supplement and wellness 

product use. 

• Distrust in influencer marketing: The non-

significant role of influencers resonates with 

emerging skepticism toward sponsored health 

content (De Veirman et al., 2017; Boerman, 

Willemsen & Van Der Aa, 2017), especially 

among digitally literate consumers. 

• Brand skepticism: Consistent with the findings of 

Lee and Youn (2009), brand awareness without 

perceived value leads to more discriminating 

consumption, especially in categories where 

functional outcomes (e.g., strength, endurance) 

matter more than aesthetics or branding. 

Contribution to Theory 

This research adds value to consumer behavior and 

marketing literature by proposing and empirically 

validating a dual-path model (product perception and 

marketing influence), moderated by experiential trust. 

The results challenge the overreliance on celebrity or 

influencer models in health marketing and highlight 

the growing autonomy and rationality of Gen Z and 

millennial fitness consumers. 

Here’s your Section 7: Conclusion and Implications, 

tailored for international journal submission — based 

on your actual findings and previous sections. 

 

VII. CONCLUSION AND IMPLICATIONS 

 

Conclusion 

This study investigated the behavioral dynamics 

influencing creatine supplement consumption among 

health-club aspirants in Malappuram, Kerala, using a 

sample of 306 respondents. The findings reveal that 

creatine use is predominantly driven by product 

perception variables—especially price sensitivity—

and peer influence, rather than promotional or 

influencer cues. 

While influencer marketing showed no direct effect on 

purchase behavior, price perception and peer 

validation emerged as significant positive predictors. 

Interestingly, brand awareness demonstrated a 

negative relationship, suggesting that increased 

familiarity does not equate to loyalty but instead 

prompts critical evaluation. The moderation effect of 

experiential trust reinforces the idea that consumers 

are leaning more on personal or peer-validated 

experiences than on marketing claims. 

Overall, this research highlights a shift in fitness 

consumer behavior: from passive reception of 

promotional content to active information-seeking, 

value-based decision-making, and brand skepticism. 

Consumers now prioritize functionality, credibility, 

and community influence over aesthetic branding or 

celebrity endorsement. 

Theoretical Implications 

This study makes several key contributions to the 

literature: 

• It extends the understanding of sports nutrition 

consumer behavior by presenting a dual-path 

model: product perception and marketing 

influence. 

• It challenges conventional wisdom about the 

power of influencer marketing in health-based 

products, suggesting a decoupling of influence 

and purchase behavior in more informed markets. 

• The negative relationship between brand 

awareness and purchase frequency adds nuance to 

the role of branding — implying that brand 

familiarity alone is insufficient without 

experiential trust or perceived value. 

Practical Implications 

For practitioners and marketers in the sports 

supplement industry, the study offers actionable 

insights: 

1. Value-centric branding: Emphasize transparency, 

efficacy, and price fairness over aggressive 

branding or influencer partnerships. 

2. Leverage peer communities: Encourage user-

generated content, reviews, and testimonials from 

everyday gym users to build trust. 

3. Focus on experiential marketing: Provide free 

samples, trial packs, or loyalty programs that 

allow users to experience the product before long-

term commitment. 

4. Rethink influencer strategy: Avoid overreliance 

on macro-influencers and instead invest in micro-

influencers or expert voices with higher 

credibility and niche relevance. 

5. Tailor digital campaigns to highlight science-

based benefits rather than hype or celebrity 

association. 
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