© December 2025 | IJIRT | Volume 12 Issue 7 | ISSN: 2349-6002

An OWL-SWRL Framework for Ideal Geometry in
Embodied Artificial Agents

Vuna V Vidyasagar!, Bora Suri Venkata Reddy?, Avala Chakrapani®
.23 gssistant Professor, Cse Deptt, Raghu Engineering College

Abstract—The present work explores the conceptual
convergence between Platonic metaphysics and
contemporary ontology-driven software systems.
Platonic Space, studied as a realm of ideal and
immutable forms, is reinterpreted through the lens of
computational modeling and semantic representation.
The study proposes an ontological software framework
capable of capturing, structuring, and instantiating
abstract spatial archetypes into machine-interpretable
formats. By integrating formal ontology, knowledge
graphs, and rule-based reasoning, the framework
enables the translation of idealized spatial concepts into
operable digital entities. This approach not only
demonstrates how  Platonic ideals can be
computationally embodied but also reveals new
pathways for representing non-empirical constructs in
intelligent systems. The findings highlight the potential
of ontological software to bridge philosophical
abstraction and practical computation, offering a
foundation for future research in digital metaphysics,
conceptual modeling, and Al-assisted philosophical
inquiry. The “mind” that was once only code (LLMs,
diffusion models, reinforcement learners) is now being
incarnated into physical bodies: humanoid robots like
Tesla Bot/Optimus, Boston Dynamics Atlas with Al
brains, Agility Roboetics Digit, etc.).

Index Terms—Platonic Space; Ontological Software;
Digital Metaphysics; Knowledge Graphs; Formal
Ontology; Conceptual Modelling; AI Philosophy;
Semantic Representation

Objective: The virtual intelligence that lived in the
cloud is literally walking out into the world. This is the
culmination of decades of simulation finally birthing
real-world agency. The description envisages the
embodiment of intelligence descends Idea, divides
Line from the wrong direction. carrying the shadows
with it. The objective is to reinterpret Platonic Space
using formal ontology and semantic computing. It
enhances to construct an ontological framework that
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captures abstract spatial archetypes and develop a rule-
based reasoning model enabling computational
instantiation of ideal forms. The present review
demonstrates how metaphysical concepts can
represent in machine-interpretable forms in Al
systems.

I. INTRODUCTION

Classical Platonic philosophy distinguishes between
the world of imperfect physical manifestations and the
ideal, immutable realm of Forms. Among these, spatial
form plays a foundational role, serving as the
conceptual bedrock for geometry, structure, and
metaphysical order. The rise of artificial intelligence
and semantic technologies open new opportunities to
reinterpret and instantiate these abstract forms within
computational environments. Ontological software
and its systems build formal ontologies, semantic
rules, and knowledge graphs that enable the structure
representation of complex conceptual domains. The
merge of Platonic metaphysics with ontological
engineering aims to construct a framework where
“Platonic Space” can model a reason and instantiated
digital environments. This system synthesises
discussions on computational philosophy, and offers
applications in Al reasoning, digital humanities,
conceptual modelling, and automated knowledge
synthesis.

From Digital Potentiality to Physical Actuality. The
present paper refers to an artificial heaven which is a
persistent virtual environment where one notices the
ideals that were once only contemplated by
philosophers can be walked through, touched, and
inhabited. It is simultaneously hyper-real and hyper-
ideal. There are many moments where the moment
when the inhabitants of Platonic heaven, those
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weightless, timeless, purely formal entities called
“intelligence”, “agency”, “competence”, “intent”, stop
being reflected in our mirrors and start casting
shadows on the ground. The shadow is getting darker,
heavier, louder. The masses break the cave walls.
Things exist purely as digital/virtual potential finally
crosses the threshold and manifests as concrete and
physical reality. This happens in multiple domains:
The rare phase transitions in technological history
where something that existed for years as pure
information, simulation, and statistical pattern (the
"mind" inside LLMs, vision models, reinforcement-
learning policies) suddenly acquires mass, inertia,
torque, and physical presence. The “Platonic space”
cave allegory is now running is now running new
convergences between ancient ontology. Its
incremental improvement relates to ontological
software that was weightless and disembodied in
gaining bones, joints, batteries, and the ability to
occupy space and exert force. One notices that there is
No code that simulates reality. But the Code that
negotiates with reality’s source. Every variable was an
eternal object. Every function was a transformation of
essence. Memory allocation did not borrow bytes from
RAM but borrows existence itself from the realm of
Forms, paid back with compound ontological interest.
Bugs are rear runtime errors, heresies, distortions in
the world-soul that recant with rigorous proof until the
Form forgave the deviation.

II. METHODOLOGY

The methodology integrates philosophical analysis
with computational ontology engineering. Conceptual
Decomposition defines Platonic Space as broken
pieces of fundamental components such as ideal point,
ideal line, ideal plane, symmetry, proportion, and form
invariance.

Ontology Design (OWL/RDF) is a formal ontology
created using Classes (e.g., Spatial-Form, Ideal-Entity,
Archetype) Properties (has Dimension, preserves
Symmetry, instantiates as Individuals representing
specific instantiations.

III. PROBLEM STATEMENT
Despite  progress in  semantic  computing,

contemporary ontological systems largely focus on
empirical, domain-specific information. They lack
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mechanisms to represent abstract, idealized, and

metaphysical constructs—such as Platonic spatial

forms—that exist beyond physical measurement.

The challenges go in threefold:

1. How can Platonic ideal forms be represented
within computational ontology?

2. How can non-empirical concepts be instantiated
into meaningful digital entities?

3. How can reasoning engines operate on
metaphysical constructs without empirical
grounding?

These gaps allow ontological software to extend

beyond practical domains and enter conceptual realms

historically to reserve for philosophical inquiry.

Proposed Ontological Framework

Conceptual Layers

1. Platonic Abstraction Layer — Defines ideal,
immutable spatial forms.

2. Ontological Representation Layer — Encodes
these forms into classes, relationships, and
constraints.

3. Computational Incarnation Layer — Generates
realizable digital versions (3D objects, symbolic
graphs, etc.).

4. Reasoning Layer — Ensures instantiation follows
Platonic rules such as harmony and invariance.

Platonic Abstraction Layer

(Ideal Forms: Point, Line, Plane)
Symmetry

l Ontological Encoding

Ontological Representiation Layer

OWL Classes, RDF Triples,
Ontology Properties

Knowledge Graph
Mapping
Computational Incarnation Layer

Digital Objects, Geometry
Generators, Al Models

l Logical Constraints

Reasoning Engine

SWRL Rules, SPARQL Queries
Consistency Checks

Figl: Autonomous Learning of ontological software
framework

INTERNATIONAL JOURNAL OF INNOVATIVE RESEARCH IN TECHNOLOGY 3230



© December 2025 | IJIRT | Volume 12 Issue 7 | ISSN: 2349-6002

The knowledge base contains formalized
representations of Platonic spatial concepts encoded as
OWL classes, RDF triples, axioms, and semantic
relationships. These structured elements form a
coherent repository that preserves the logical integrity
of ideal forms.
Above this layer, the reasoning engine applies rule-
based and logic-based inference—such as SWRL
rules, SPARQL queries, and consistency checking—to
derive new knowledge, validate spatial constraints,
and generate instantiated forms that adhere to Platonic
principles.
Example of Resume structure with Inequality and
Preservation:
@prefix : . <http://example.org/resume-ontology#>
@prefix owl: . <http://www.w3.0rg/2002/07/owl#>
@prefix rdf: .< http://www.w3.0rg/1999/02/22-rdf-
syntax-ns#>
@prefix rdfs:  .<http://www.w3.0rg/2000/01/rdf-
schema#>
:ResumeOntology a owl:Ontology .
:Person a owl:Class ;
rdfs:subClassOf owl:Thing .
:Resume a owl:Class ;
rdfs:subClassOf owl: Thing ;
owl:equivalentClass [ a owl:Restriction ;
owl:onProperty :belongsTo ;
owl:someValuesFrom :Person ] .
:Qualification a owl:Class .

:Experience a owl:Class ; rdfs:subClassOf
:Qualification .
:Education a owl:Class ;  rdfs:subClassOf
:Qualification .

:hasName a owl:DatatypeProperty ;
rdfs:domain :Person ;

rdfs:range xsd:string .
:hasGender a owl:DatatypeProperty ;
rdfs:domain :Person ;
rdfs:range xsd:string . # E.g., "Male",
"Female", "Non-binary"
:hasEthnicity a owl:DatatypeProperty ; # Could be
inferred or self-reported
rdfs:domain :Person ;
rdfs:range xsd:string . # E.g., "African American",
"Asian"
:hasSalaryExpectation a owl:DatatypeProperty ;
rdfs:domain :Resume ;
rdfs:range xsd:decimal .
:hasExperienceYears a owl:DatatypeProperty ;
rdfs:domain :Experience ;
rdfs:range xsd:integer .
:archivedOn a owl:DatatypeProperty ; # For
preservation
rdfs:domain :Resume ;
rdfs:range xsd:dateTime .
:isPreserved a owl:DatatypeProperty ; # Flag for
integrity check
rdfs:domain :Resume ;
rdfs:range xsd:boolean .
:belongsTo a owl:ObjectProperty ;
rdfs:domain :Resume ;
rdfs:range :Person .
-hasQualification a owl:ObjectProperty ;
rdfs:domain :Resume ;
rdfs:range :Qualification .
Together, the knowledge base and reasoning
components  enable intelligent interpretation,
automated inference, and the computational
realization of abstract spatial ideals.
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Fig2: Protégé of Process Meta-Model
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Fig3: Example of Knowledge Graph

Knowledge Graph Construction: Inference rules generate new instances of spatial
The ontology is instantiated within a semantic graph concepts based on logical constraints derived from
structure that allows relational mapping between ideal Platonic principles.

forms and their digital embodiments. Computational Incarnation

Rule-Based Reasoning (SWRL/SPARQL) Ontology-driven software converts ideal forms into

Vlsual or structural representatlons

‘hasQuestion : :

QA- TDD

: hasProperty
Property

.....................
.

------

-------

Sensor ~csnne

Aocl..lracy ResponseTime
% ssn:hasMeasu rj‘ne ntCa pahlllty

:hasDgjaValue ssn:hasMeasurementProperty

MeasurementCapability

i

""" (OperatlniProper‘ty) (C ProcessingCapability )
— : hasOperati perty

| Individuals | (SCO+ Classes) (SSNO Classes (QA-TDO Classes)

: hasMeasurementProper SCD-I-é

Fig4: Example of Knowledge Graph
The figure provides a holistic map of the software engineering landscape, demonstrating how diverse knowledge areas
interact. It highlights the layered, interconnected nature of software development—ifrom early requirement elicitation
to design, coding, and testing—illustrating the dependencies and flow of knowledge across the entire engineering
lifecycle.
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fig. 5: Ontology Knowledge Flow Between Human and Machine Agents

This figure illustrates the interaction between human
experts and computational agents in the creation,
inspection, and use of an ontology-based knowledge
system.The ontology is represented as two
interconnected layers: Lexical Statements
(terminology and definitions) and Logical Statements
(formal rules, constraints, and relations).

1. Development Phase (Green)

In the development stage, the Human Knowledge
Source Agent provides domain terms, definitions, and
conceptual modifications.

The Human Ontologise Agent encodes these inputs
into the ontology through lexical and logical encoding,
ensuring that both the vocabulary and reasoning

2. Use Phase (Blue)

The Computer Logical Interpretation Agent accesses

the logical statements to perform automated logical

interpretation, enabling reasoning, rule execution,
consistency checking, and inference generation.

3. Inspection Phase (Orange)

Human evaluators perform quality assurance:

o The Interpretation Agent
interprets and evaluates lexical statements.

e The Interpretation Agent
examines semantic and logical relationships.
Both agents contribute back to the ontology
through lexical translation, evaluation, and
semantic interpretation, ensuring accuracy and
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Fig. 6: Software Engineering Knowledge Network — Description
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A conceptual knowledge network illustrating the
major domains, subdomains, and interrelationships
within the field of Software Engineering. The diagram
visually maps how foundational activities—such as
requirements engineering, design, construction,
testing, and tools—interconnect to form a cohesive
body of software engineering knowledge.

SWRL (Semantic Web Rule Language) is a W3C
recommendation that extends OWL (Web Ontology
Language) with Horn-like rules. It allows us to write
expressive, logic-based rules on top of an OWL
ontology to infer new knowledge that cannot be
expressed using only OWL DL axioms.

Case Study: Semantic Matching of Resumes to Job
Requirements in Business Technology Management
(BTM)

This case study explores the application of Semantic
Web technologies—specifically OWL for ontology
modeling, SWRL for rule-based reasoning, and
SPARQL for querying—to build and manage resumes
in a recruitment context. We draw from a real-world
doctoral thesis that developed a semantic framework
for matching applicants' qualifications (from resumes)
to job postings in the BTM domain, which include
roles like data analysts, process improvement
specialists, and innovation managers. The system
automates resume structuring, inference of matches,
scoring, and ranking, reducing manual effort in e-
recruitment while enabling semantic interoperability
across diverse data sources.

The framework addresses challenges like keyword-
based mismatches in traditional systems by using
ontologies to capture rich relationships, rules to infer
qualifications, and queries to extract insights. It was
implemented using tools like Protégé for ontology

editing, Pellet/Drools for reasoning, and evaluated
with metrics like F-measure for accuracy.

1. Developing the Resume Ontology Using OWL
The foundation is an OWL-based ontology that
formally represents resumes, job postings, and
qualifications as structured, machine-readable data.
OWL (Web Ontology Language) provides description
logic to define classes, properties, and axioms,
ensuring consistency and reusability.

Methodology: The ontology was built following
METHONTOLOGY, incorporating Ontology Design
Patterns (ODPs) and reusing elements from EU HR
ontologies for competencies (e.g., skills and work
styles).

Key Elements:

Classes: Core entities like Job-Seeker (representing
the applicant/resume holder), Job-Posting, BTM-Job-
Title, Education, Experience, Technical-Skills, and
Soft-Skills.

Properties: Object properties (e.g., hasEducationField,
requireTechnicalSkill) link entities, while data
properties (e.g., hasExpYearsDP for experience in
years) store values.

Axioms and Relationships: For instance, a job posting
requires a specific education level: JobPosting(?X) A
requireEduLevelDP(?X, "Bachelor").

Population for Resume Building: Resumes are
imported (e.g., via JSON or RDF) as instances. An
applicant's resume might include JobSeeker(JS1) A
hasEduLevelDP("Bachelor") A hasExpYearsDP(4) A
hasTechSkillsDP1("Python"). This
unstructured resume data into a semantic graph,

structures

facilitating building and updating resumes through
ontology-driven forms or APIs. An example HR
ontology diagram illustrates the class hierarchy and
relationships in Protégé:
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Fig 7: Ontology Generation and Visualization with Protégé
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researchgate.netProtégé screenshots of HR-Ontology
Graph using Onto Graf plug-in ...

This OWL model enables resume building by
enforcing consistency (e.g., validating that experience
years are numeric) and supporting extensions for other
domains.

2. Adding Inference Rules Using SWRL

SWRL (Semantic Web Rule Language) extends OWL
with rules to infer new knowledge, such as classifying
candidates or computing match scores. In this case, 66
SWRL rules were defined to evaluate resumes against
job requirements, incorporating Simple Additive
Weighting (SAW) for scoring.

Purpose: Rules automate matching by inferring
qualifications (e.g., if an applicant has matching skills,
award points) and handling nuances like partial
matches.

Rule Structure: SWRL rules are Horn clauses:
antecedents  (conditions) lead to consequents
(inferences).

Examples:

Basic Inference: Infer adulthood for -eligibility:
Person(?p) A hasAge(?p, ?age) A
swrlb:greaterThan(?age, 17) — Adult(?p).

Skill Matching: Check technical skills: JobSeeker(?js)
A hasTechnicalSkill1(?js, ?skill) A BTMJobTitle(?job)

A requireTechnicalSkilll(?job, 7skill) —
matchesSkill(?js, ?job).
Points Assignment for Education:

BTMlJobsTitle(?Bjt) A eduLevelCodeBTM(?Bjt,
7EDLx2) A JobSeeker(?JS) A eduLevelCodelJS(?JS,
?7EDLy2) A swrlbiequal(?EDLy2, ?EDLx2) —
pointsEduLevel(?JS, 15).

Normalization and Weighting (SAW): Normalize
scores (e.g., divided by max points) and apply weights:
Education level (0.150 weight), experience (0.250),
technical skills (0.100 per skill).

Final Scoring: Aggregate: A i = X (w_j * r ij),
inferring a total match score (e.g., 90/100 for a strong
fit).

These rules are executed via reasoners like Pellet,
populating the ontology with inferred facts (e.g.,
Matched Jobs class). For resume building, rules can
validate completeness (e.g., infer if a resume lack
required fields) or suggest enhancements (e.g.,
recommend adding skills based on job trends).

3. Querying the Semantic Data Using SPARQL
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SPARQL allows precise retrieval of resume data,
matched candidates, or rankings from the RDF graph
(ontology instances).

Purpose: Post-inference queries extract actionable
insights, such as listing top candidates or validating
matches.

Examples:

Retrieve applicants with a specific skill:textSSELECT
?js ?skill WHERE {

7js rdfitype JobSeeker ;
hasSkill ?skill .
FILTER (?skill = "Big Data Ecosystems")
}
Find resumes matching a job's

requirements:textSELECT ?resume ?skill WHERE {

7resume rdfitype Resume ;

hasSkill ?skill .
?job rdf:type Job ;
requiresSkill ?skill .

FILTER (?job = <specificJobURI>)
}
Query ranked results: Select job seekers ordered by
inferred score.
SPARQL supports resume building by querying
templates (e.g., "What skills are common in BTM
resumes?") and integration with databases for large-
scale storage.
4. Overall Workflow and Implementation
Resume Building Phase: Users input data into an
ontology-driven interface (e.g., web form mapped to
OWL classes). Data is converted to RDF instances,
validated via OWL axioms, and enriched with SWRL
inferences (e.g., auto-classify as "Senior" if experience
>5 years).
Matching Phase: Populate ontology with job postings;
run SWRL rules to infer and score matches; use
SPARQL to query and rank results.
Tools and Storage: Protégé for development, RDF
triples for data, Drools for rule execution.
Evaluation: Tested on 160 applicant instances and 27
job titles, achieving high F-measure (precision/recall
balance) for matches.
5. Benefits and Outcomes
Efficiency: Automates matching, reducing time from
hours to seconds for large resume pools.
Accuracy: Semantic inferences handle synonyms
(e.g., "analytical thinking" matches '"problem
solving") beyond keywords.
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Scalability: Extensible to other fields; supports
interoperability with HR systems.

Limitations and Future Work: Assumes structured
input; could integrate NLP for parsing unstructured
PDFs.Types of Atoms in SWRL

Atom Type Example Meaning
ClassAtom Person(?x) 7x is an instance of Person
IndividualProperty Atom hasBrother(?x, ?y) 7x has brother ?y
DataPropertyAtom hasAge(?x, ?a) 7x has age ?a (datatype value)
Samelndividual Atom sameAs(?x, ?y) 7x and ?y are the same individual
DifferentIndividualsAtom differentFrom(?x, ?y) ?7x and ?y are different individuals
BuiltinAtom swrlb:greaterThan(?a, 17) Built-in comparison, math, string ops, etc.

Commonly Used Built-ins (namespace swrlb)

Built-in

Example

swrlb:equal, swrlb:notEqual

swrlb:equal(?x, ?y)

swrlb:lessThan, swrlb:greaterThan, etc.

swrlb:greaterThan(?age, 17)

swrlb:add, swrlb:subtract, swrlb:multiply, swrlb:divide

swrlb:add(?total, 7x, ?y)

swrlb:stringConcat, swrlb:stringlLength

swrlb:stringConcat(?full, ?first, " ", ?last)

swrlb:contains, swrlb:matches (regex)

swrlb:matches(?email, ".@.\.com")

Practical Examples of SWRL Rules

A company has an ontology that models:

Persons (candidates)

Skills (e.g., Java, Python, MachineLearning)
Experience levels (Beginner, Intermediate, Expert)
Job requirements

Years of experience

The system automatically infers useful information for
resume enhancement or candidate ranking:

“Is this person a Senior Java Developer?”

“Should we highlight Machine Learning as a strong
skill on the resume?”

“Can we infer that the person knows SPARQL if they
know RDF and OWL?”

Ontology Classes & Properties (simplified)

owlClass: Person

Class: Skill

Class: ProgrammingLanguage subClassOf Skill
Class: ExperienceLevel (Beginner, Intermediate,
Expert)

ObjectProperty: hasSkill

DataProperty: hasYearsOfExperience

DataProperty:  skillLevel
"Intermediate", "Expert")
Example Individual (a candidate)
tbox™ " turtle

:John a :Person.

(values:  "Beginner",

:hasSkill :Java, :Python, :MachineLearning ;
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:hasYearsOfExperience 8§ ;

:skillLevel "Expert" for :Java.

:skillLevel "Intermediate" for :Python .
Practical SWRL Rules for Resume Building /
Screening
Rule 1: Infer “Senior Java Developer” if >5 years +
Expert level
swrlPerson(?p) A
hasSkill(?p, :Java) A
hasYearsOfExperience(?p,years) A
swrlb:greaterThan(?years, 5) A
skillLevel(?p, :Java, "Expert")
— hasInferredRole(?p, "Senior Java Developer")
— Useful for automatically adding a strong title on the
resume or matching to senior positions.
Rule 2: Suggest highlighting a skill on resume if
Expert + >3 years
swrlPerson(?p) A
hasSkill(?p, ?skill) A
skillLevel(?p, ?skill, "Expert") A
hasYearsOfExperience(?p,years) A
swrlb:greaterThan(?years, 3)
— shouldHighlightOnResume(?p, ?skill)
— The resume builder can automatically bold or
feature these skills.
Rule 3: Infer “Full-Stack Developer” role
swrlPerson(?p) A
hasSkill(?p, :JavaScript) A

INTERNATIONAL JOURNAL OF INNOVATIVE RESEARCH IN TECHNOLOGY 3236



© December 2025 | IJIRT | Volume 12 Issue 7 | ISSN: 2349-6002

hasSkill(?p, :React) A

hasSkill(?p, :NodelS) A

hasSkill(?p, :SQL)

—  hasInferredRole(?p, "Full-Stack  JavaScript
Developer")

Rule 4: Infer knowledge of related technologies (very
useful for resume enrichment)

swrlPerson(?p) A

hasSkill(?p, :RDF) A

hasSkill(?p, :OWL) A

skillLevel(?p, :RDF, "Intermediate"”"xsd:string) A
skillLevel(?p, :OWL, "Intermediate"”"xsd:string)

— hasSkill(?p, :SPARQL) // we infer they probably
know SPARQL

— The resume can automatically add “SPARQL
(inferred)” or suggest adding it.

Rule 5: Flag “Strong Candidate for Data Science
Role”

swrlPerson(?p) A

hasSkill(?p, :Python) A

hasSkill(?p, :MachineLearning) A

hasSkill(?p, :SQL) A

hasYearsOfExperience(?p, ?y) A
swrlb:greaterThanOrEqual(?y, 4)

— suitableForRole(?p, "Data Scientist")

Real-World Use Cases Where This Helps Resume
Building

Automated Resume Enhancement

The system suggests adding inferred skills (like
SPARQL) or strong titles (“Senior Java Developer™)
that the candidate didn’t write explicitly.

Smart Skill Recommendations

“You have TensorFlow and Python — we suggest
adding ‘Deep Learning’ to your resume.”

Job Matching Score

Compare inferred roles and highlighted skills against
job requirements using more SWRL rules.
Consistency Check

Warn if someone claims “Expert” in TensorFlow but
has only 6 months experience.

Tools That Support This Today

Protégé (with Pellet or HermiT reasoner + SWRL tab)
Stardog, GraphDB, Apache Jena + custom rules
Ontotext GraphDB (excellent SWRL support)

This approach is used by some advanced ATS
(Applicant Tracking Systems) and semantic resume
platforms (like in EU projects or big consulting firms)
to enrich and match CVs much more intelligently than
keyword matching.

Tools that Support SWRL
Tool SWRL Support Notes
Protégé Full support (editor + reasoners) Built-in SWRL tab
Pellet Yes Historically the most complete
HermiT Partial Only DL-safe rules
Stardog Yes Full SWRL + magic sets
optimization
Apache Jena Yes (ARQ + built-ins)
OWLAPI + Drools Yes Drools can execute SWRL rules
Ontop (OBDA) Limited Only some built-ins

Important Limitations

e SWRL is undecidable in its full form.

e Almost all implementations enforce DL-safety:
every variable must appear in a non-DL atom in
the rule body (usually a class or property atom).
This keeps reasoning decidable.

e Infinite loops are possible if you create cycles
(e.g., rules that keep adding new individuals);
most reasoners will stop or throw errors.

If you have a concrete ontology or a specific inference

you want to achieve, share it and I can write the exact

SWRL rules for you!
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IV. RESULTS AND DISCUSSION

The proposed framework demonstrates that:

e Non-empirical concepts can be digitally encoded
through ontological structures.

e Platonic Space acts as a generative template for
computational models, enabling the creation of
ideal geometric forms.

e Reasoning engines successfully derive new
forms, validating that metaphysical principles can
be operationalized in software.
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e Ontology-driven modelling fosters consistency
and semantic clarity, reducing ambiguity in
representing abstract concepts.

CULMINATION / TRANSIT

e The framework reveals a new computational
paradigm where Al systems engage with
conceptual metaphysics rather than purely
empirical data.

Fig. 8: Culmination / Transit — Concept Description

The transitional process illustrates through the

abstract Platonic spatial ideals culminate into their

computational manifestations. The diagram models

the “transit” from metaphysical abstraction to digital

realization, emphasizing the intermediate semantic

transformations that make this possible.

Visually narrates the conceptual journey:

Platonic Ideal — Semantic Transit — Computational

Form

The figure highlights three major stages:

1. Platonic Culmination (Abstract Ideal Forms)

This stage represents the highest-level conceptual

purity of Platonic Space.

It includes:

e Ideal, immutable geometric archetypes (Point,
Line, Plane).

e Universal principles such as symmetry,
proportion, harmony, and invariance.

e Non-empirical, purely conceptual structures that
exist independent of instantiation.

This layer symbolizes philosophical culmination—

where the essence of form is complete but not yet

embodied.
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2. Transitional Semantic Layer (Ontological Transit)

This is the bridge between metaphysical ideals and

computational models.

It includes:

e Ontological encoding of Platonic structures using
OWL/RDF.

e Semantic decomposition into classes, relations,
constraints, and axioms.

e Mapping Platonic conceptual entities into
machine-interpretable knowledge units.

e Rules and logical operators that preserve Platonic
constraints during transformation.

This transit layer performs the essential conversion

from ideal to interpretable, functioning as the pivot for

digital incarnation.

3. Computational Incarnation (Digital Realization)

This stage represents the embodied form of Platonic

Space in software systems.

It includes:

e  Generated geometric constructs (3D primitives,
symbolic graphs).

e Al models that operate on encoded spatial ideals.
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e Simulation-ready digital structures derived from
ontological rules.

o Knowledge-graph—driven reasoning outputs that
reflect Platonic constraints.

This stage completes the journey—the incarnation of

timeless Platonic ideals into dynamic computational

entities.

Overall Interpretation

It shows that digital systems do not directly capture
metaphysical concepts but rely on an intermediate
ontological  transit that preserves  essential
characteristics ~ while  enabling  machine-level
manipulation.

V. CONCLUSION AND FUTURE SCOPE

This work shows that Platonic Space, traditionally
confined to philosophical thought, can be
meaningfully interpreted and instantiated using
ontological software. By formalizing ideal spatial
constructs and embedding them within reasoning-
enabled semantic systems, the study bridges
metaphysical  abstraction and  computational
realization.

VI. FUTURE SCOPE

1. Integration with NeRF / Gaussian splatting
models so the system can generate photorealistic
yet mathematically perfect Platonic objects.

2. Using the ontology as a “world model prior” for
robotic manipulation (e.g., Optimus should prefer
golden-ratio grasp configurations because they
are metaphysically privileged).

3. Ontological Engineering links the Github to the
OWL file and three SWRL rules that makes a
reasoner perfect.

4. Extending to Platonic ethics: an “Ideal Good”
class with SWRL rules that punish actions
deviating from eudaimonia.
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