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Abstract—The convergence of artificial intelligence, 

edge computing and IoT, has created a new generation 

of intelligent cameras, Intelligent Vision Systems, 

capable of real-time perception and decision-making. 

IVS’s procurement remains confusing because of 

opaque hardware metrics, obscuring true AI capability 

and fueling deployment risk, project failure and 

continuous innovation drag. This paper introduces the 

IndoAI Marketplace, featuring two breakthrough 

innovations: (1) the Artificial Intelligence Readiness 

Index (AIRI) a standardized metric quantifying 

practical edge device intelligence and (2) an AI-assisted 

Solution Architecture Engine automating complete 

system design, IndoAI automatically architects 

complete, optimized solutions tailored to specific use 

cases, transforming a fragmented hardware commodity 

market into a cohesive, intelligence-driven ecosystem, 

thereby substantially accelerating the ethical and 

effective adoption of industrial and enterprise AI vision 

solutions. Analyzed through the theoretical lenses of 

market failure and Marketing Mix 3.0(3Ps) 

emphasizing Personalization, Platforms and 

Performance Analytics this platform establishes 

objective intelligence as the primary unit of commerce. 

The Vision AI market ($60B by 2029) suffers from a 

critical information asymmetry: AI capabilities remain 

opaque while procurement relies on obsolete hardware 

specifications. The IndoAI Marketplace is a 

comprehensive solution not as a traditional e-commerce 

platform, but as a Vision Intelligence Platform that 

dynamically aligns hardware capability, software 

intelligence and specific use-case requirements.  

 

Index Terms—Vision AI, Edge Computing, AI 

Readiness Index, Solution Architecture, Platform 

Economics, AI Governance, Indoai, AI Camera, 3Ps 

 

I. INTRODUCTION 

 

From Commodity Retail to AI-Assisted System 

Design 

Edge deep learning (Edge DL) uses edge computing 

resources to perform deep learning inference and 

training tasks closer to data sources[1]. Edge video 

analytics systems can execute computer vision and 

deep-learning algorithms through Edge AI chips 

embedded directly into cameras. Edge analytics 

receives the video from the edge devices and 

executes deep learning object detection 

algorithms[2]. The deployment of deep learning 

models onto sensor hardware has redefined camera 

capability, transforming devices into active, real-time 

inferential processors [3][58][59]. However, the 

procurement ecosystem remains constrained by the 

traditional 4Ps (Product, Price, Place, Promotion) 

model, treating sophisticated AI devices as 

interchangeable commodities[4]. This market 

architecture is fundamentally insufficient in an "AI-

first, platform-dominated economy". 

This research argues that the market’s inefficiency 

stems from a failure to enact Platformization the 

strategic transition to an ecosystem-based business 

model that facilitates value co-creation ([5])[6]. We 

utilize the Marketing Mix 3.0 framework [7] to 

structure our solution, defining the IndoAI 

Marketplace through its three digitally-native pillars: 

Personalization, Platforms and Performance 

Analytics[7]. The IndoAI Marketplace is engineered 

as a Vision Intelligence Platform dedicated to 

delivering complete vision solutions, thereby shifting 
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focus from selling hardware to architecting 

measurable business outcomes. 

Despite these advances, the procurement ecosystem 

for vision AI systems remains anchored to legacy 

frameworks designed for passive closed-circuit 

television (CCTV) equipment. Current market 

mechanisms evaluate AI-enabled cameras primarily 

through traditional specifications megapixel 

resolution, sensor size, compression standards while 

treating AI capabilities as undifferentiated marketing 

claims rather than measurable, comparable attributes. 

This misalignment between technological capability 

and market structure creates what we term the 

"Intelligence Gap": a systematic undervaluation and 

misallocation of AI functionality in edge vision 

systems. 

 

II. DECONSTRUCTING THE PROBLEM – AN 

OPAQUE MARKET IN AN AGE OF 

INTELLIGENCE 

 

The foundational premise of the IndoAI initiative 

rests on diagnosing and rectifying the systemic 

inefficiencies within the current Vision AI 

procurement market, which are rooted in critical 

information asymmetry [8]. 

 

2.1 Market Failure Theory and Information 

Asymmetry 

Akerlof's [8]seminal work on information asymmetry 

demonstrates how quality uncertainty leads to market 

failure[9], with buyers unable to distinguish high-

quality from low-quality products, ultimately driving 

high-quality offerings from the market. In Vision AI 

procurement, this changes as vendors making 

unverifiable claims about AI capabilities ("AI-

enabled," "deep learning powered") without 

standardized benchmarks, creating a classic "lemons 

problem"[8] where buyers cannot rationally evaluate 

true capability, and as a solution Information 

asymmetry proposed a screening mechanism. 

Traditional quality signaling mechanisms warranties, 

certifications, brand reputation (Spence, 1973)[10] 

prove insufficient for AI systems due to the context-

dependent nature of algorithmic performance. A 

camera may perform quite well in one lighting 

condition or use case while failing in another, making 

aggregate quality signals unreliable [11]. 

2.2 Platform Economics and Ecosystem 

Orchestration 

Modern platform theory emphasizes the role of 

digital intermediaries in reducing transaction 

costs[12], facilitating matching and enabling network 

effects [57][13]. Hang Liu[14] study fundamentally 

shape how diverse smart entities are coordinated on 

the platform to impact resource allocation efficiency 

and market stability. Successful platforms create 

value not merely through aggregation but through 

intelligent curation, standardization, and quality 

assurance [15]. Data-centric B2B platforms create 

value by allowing users to relate for acquiring and 

manipulating data[16]. Where there are element of 

complexity, uncertainty, information asymmetry, 

mistrust or increases in transaction costs arise, new 

entrants get a chance to enter into the market[56]. 

The IndoAI framework aligns with platform 

orchestration[17][18] principles by: (1) establishing 

standards that reduce search and verification 

costs[19], (2) automating complementarity between 

hardware, software, and services[20] and (3) enabling 

multi-sided network effects between manufacturers, 

developers, integrators, and end-users[21] [22][60]. 

 

2.3 Value Co-Creation and Service-Dominant Logic 

Vargo and Lusch's ([23]) Service-Dominant Logic 

posits that value is always co-created through the 

integration of resources and capabilities between 

providers and beneficiaries[24]. Rather than 

exchanging discrete products, firms engage in 

continuous service provision and collaborative value 

realization. This framework has been extended to 

technology markets through concepts of solution-

based selling and customer co-creation[25]. 

Kotler's evolution of the Marketing Mix to version 

3.0 emphasizes human-centric value, collaborative 

consumption and solutions over products[26]. The 

IndoAI approach operationalizes these principles by 

shifting from product catalogs to solution 

architectures, from specifications to outcomes, and 

from vendor-customer transactions to ecosystem 

partnerships.[27][28] 

 

2.4 AI Governance, Standardization, and Ethical 

Deployment 

The rapid advancement of AI technologies has 

outpaced regulatory frameworks and industry 

standards[29], creating governance gaps around 



© December 2025 | IJIRT | Volume 12 Issue 7 | ISSN: 2349-6002 

IJIRT 189307 INTERNATIONAL JOURNAL OF INNOVATIVE RESEARCH IN TECHNOLOGY 5376 

accountability, transparency, and fairness (Cath et al., 

2018; [31])[30]. Emerging initiatives IEEE's 

Ethically Aligned Design (IEEE, 2019), EU AI Act, 

NIST AI Risk Management Framework[33] 

emphasize the need for measurable, auditable AI 

system characteristics[32]. 

Standards play a particularly important role in the 

field of ICT as the core function of ICT is to enable 

data, information, and idea flows over the 

interfaces[34]  Standardization plays a crucial role in 

technology diffusion[35] by reducing uncertainty, 

enabling interoperability, and facilitating regulatory 

compliance (Blind, 2004; Tassey, 2000). Adoption of 

international digital standards reduces regulatory 

uncertainty and compliance costs for businesses, 

enhances productivity[36]. However, AI 

standardization faces unique challenges due to the 

probabilistic nature of machine learning [37], 

context-dependent performance and rapid algorithmic 

evolution (Brundage et al., 2020). 

This creates what we term the Intelligence Gap: 

systematic undervaluation and misallocation of AI 

functionality forming   

Core Problem: Markets cannot efficiently transact on 

intelligence when: 

• AI capabilities are obscured behind generic "AI-

enabled" claims 

• No standardized benchmarks verify vendor 

performance assertions 

• Customers must self-assemble complex systems 

without expertise 

• Hidden operational costs (subscriptions, storage, 

bandwidth) remain undisclosed until post-

purchase 

• No standardization 

This information asymmetry generates classic market 

failure[8]: adverse selection drives quality 

degradation, procurement risk stifles adoption, and 

innovation investment focuses on easily marketed 

features rather than genuine capability improvements. 

 

III. THE INDOAI MARKETPLACE: A 

PARADIGM SHIFT IN PLATFORM ECONOMICS 

FOR VISION AI 

 

The platformization introduced in Gujar's "3Ps" 

(Personalization, Platform, Performance 

Analytics)[7] finds its ultimate expression in this 

model, moving far beyond a transactional e-

commerce site to become a centralized, value-co-

creating ecosystem[38]. This represents a paradigm 

shift from a linear, product-centric "pipeline" 

business to a non-linear, intelligence-centric platform 

economy[39][40], where the core asset is not the 

camera itself, but the network of interactions it 

enables. Earlier, IndoAI proposed how AI camera 

ecosystem to foster a developer-driven economy akin 

to the mobile app market- here paper describes 

evolution of AI cameras as a platform for AI model 

deployment and rise of customized AI models for 

enterprise applications is going to be[61]. In the 

Platform businesses instead of shoring resources and 

capabilities, the participants(stakeholders) are 

encouraged to think at ecosystem level[41]. 

Data Bridge Market Research analyses that the 

computer vision AI camera market which was 

growing at a value of 11.22 billion in 2021 may reach 

USD 60.33 billion by 2029, at a CAGR of 23.40% 

during the forecast period of 2022-2029 [42].  

The traditional market for AI cameras is a 

fragmented, high-friction pipeline: manufacturers sell 

hardware, separate vendors sell analytics software 

and integrators assemble bespoke solutions at great 

cost and complexity. This model has obscures value 

and limits scalability. The IndoAI Marketplace 

dismantles this pipeline by establishing itself as the 

indispensable intermediary the platform that connects 

and orchestrates all sides: hardware OEMs, AI model 

developers, system integrators and end-customers 

(from SMEs to government agencies), which has 

dominant network effects and hallmark of dominant 

platform economics. Each new camera manufacturer 

onboarded increases the choice for buyers, making 

the platform more attractive. Each new AI developer 

uploading a model enriches the ecosystem's 

intelligence, attracting more customers[55]. Each 

new solution deployed generates performance data 

that refines the AIRI benchmarks and 

recommendations, making the platform smarter and 

more indispensable for the next buyer. This creates a 

classic virtuous cycle of value co-creation[43], where 

growth in one user group fuels growth in another, 

leading to increasing returns to scale. The virtuous 

cycle demonstrates that the principles of 

co‐production go beyond sharing power and 

responsibility[44]. This platform model achieves 
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what traditional channels cannot: it democratizes 

access and monetizes intelligence at the edge[45].  

For a small AI developer in Pune, the marketplace 

provides instant, global distribution to a pre-qualified 

customer base, bypassing years of enterprise sales 

cycles. For a school administrator, it offers a turnkey, 

trustworthy solution that was previously the domain 

of expensive consultants. The platform captures value 

not just from the sale of hardware (a one-time, low-

margin transaction), but from the recurring, high-

margin software subscriptions, developer revenue 

shares, and premium services that flow through its 

ecosystem[46]. The AIRI (AI Readiness Index) is the 

platform's critical governance and curation 

mechanism—a standardized "currency" that reduces 

information asymmetry, builds trust and ensures 

quality across a heterogeneous supply base, which is 

essential for multi-sided platforms to function 

efficiently[47]. 

In essence, the IndoAI Marketplace operationalizes 

the "Platform" pillar of the 10Ps framework[7] as a 

strategic moat and growth engine. It doesn't just sell a 

product; it owns the ecosystem where the product's 

value is realized, updated and expanded. This shifts 

competition from features and price to ecosystem 

strength and data network effects. By controlling the 

platform where intelligence is traded, IndoAI 

positions itself not as a camera vendor fighting for 

margin, but as the essential infrastructure for the 

future of vision AI—a fact that has propelled 

companies like Amazon, Apple, and Airbnb to 

industry dominance. This is the true power of 

platform economics: building a market so efficient 

and valuable that it becomes the market itself[48]. 

 

IV. MARKET FAILURE ANALYSIS: FOUR DIMENSIONS OF DYSFUNCTION 

 

Current procurement for AI-enabled products[49] or cameras is characterized by four interrelated failures that create 

significant economic inefficiency: 

Market Failure Core Issue Empirical Evidence & Consequence 

Opacity of AI 

Capability 

Functional intelligence obscured 

behind generic hardware 

specifications 

67% of enterprise buyers report difficulty comparing AI 

capabilities(1,000 business leaders surveyed said AI integration 

either remains limited or is non-existent[50]; More than 50% 

experience significant gaps between marketed and delivered 

functionality (Gartner, 2023), 54% of respondents agree they 

have the ‘technology needed to deliver great customer 

experiences [51] 

Misleading 

Specifications 

Traditional metrics (resolution, frame 

rate) bear minimal relationship to AI 

inference quality 

Most of procurement RFPs prioritize resolution while only very 

few specify AI performance requirements 

Absence of 

Standardized 

Benchmarks 

No vendor-agnostic methodology 

verifies "AI readiness" claims 

Existing benchmarks measure isolated computational 

performance but ignore deployment readiness; according to a 

2023 Accenture report on AI, companies stuck in the proof-of-

concept (PoC) stage face a significant "ROI gap" of $110 million 

on average in AI investments compared to those who 

successfully scale their projects[52] 

Missing 

Solution 

Architecture[53] 

Customers receive component 

catalogs, forcing non-experts to 

architect complex systems 

40% project failure rates for first-time deployments and 2.3x 

budget overruns [54] 
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These failures create substantial economic 

consequences: 

• Significant Total Cost of Ownership (TCO) 

Inflation versus properly architected solutions 

• Long Term Year Adoption Delays as market 

opacity slows technology diffusion 

• Innovation Suppression as inability to monetize 

algorithmic advances discourages R&D 

investment 

• Resource Misallocation through over-

provisioned hardware or under-deployed AI 

functionality 

The fundamental gap is dual: no standardized 

intelligence metric exists and no automated 

mechanism translates requirements into validated 

architectures. This creates classic information 

asymmetry (Akerlof, 1970) where buyers cannot 

distinguish between genuinely capable devices and 

"AI-washed" products, leading to adverse selection 

and market inefficiency. 

 

V. CORE INNOVATION: THE ARTIFICIAL 

INTELLIGENCE READINESS INDEX (AIRI) 

 

To address informational void, we introduce the 

Artificial Intelligence Readiness Index (AIRI), a 

standardized, multi-dimensional metric (0-100) that 

quantifies a device's practical capacity to deliver 

intelligent outcomes across four weighted 

dimensions: 

 

5.1 The Four Dimensions of AIRI 

Dimension 1: Compute and Performance (30% Weight) 

Parameter Weight Evaluation Metrics Benchmark Focus 

On-Device Compute 

Capability 
12% 

NPU/TPU/GPU class, precision support, 

sustained vs peak TOPS 

Raw and consistent inference 

power 

Latency Performance 10% 
End-to-end inference latency at target 

resolution 

Real-time feasibility for time-

sensitive applications 

Power Efficiency 8% 
Performance-per-watt (TOPS/W), thermal 

constraints 
Scalability and sustainability 

Measurement Methodology: Devices undergo standardized benchmark testing using industry-standard models (YOLOv8, 

ResNet-50, EfficientDet) across varying scene complexities, with sustained performance measured over 72-hour continuous 

operation periods. 

Scoring Formula: ComputeScore = 0.35×InferenceRate + 0.25×LatencyConsistency + 0.20×MultiModelCapacity + 

0.10×ThermalStability + 0.10×PowerEfficiency 

 

Dimension 2: Architecture and Flexibility(25% Weight) 

Parameter Weight Evaluation Metrics Benchmark Focus 

Edge AI 

Compatibility 

9% Local inference capability, offline 

operation robustness 

Reduced cloud dependency 

Model 

Flexibility 

10% Custom/third-party model support, 

OTA update mechanisms 

Future-proofing against algorithm evolution 

Scalability & 

Orchestration 

6% Multi-camera coordination, fleet 

management APIs 

Enterprise deployment readiness 

Measurement Methodology: Structured testing of model deployment workflows, OTA update reliability (success rate across 

100 devices), and compatibility verification across 15 representative model architectures. 

Scoring Formula: ArchitectureScore = 0.30×ModelCompatibility + 0.25×OTAReliability + 0.25×CustomizationSupport + 

0.20×ScalabilityDesign 
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Dimension 3: Integration and Openness (25% Weight) 

Parameter Wt Evaluation Metrics Benchmark Focus 

API & SDK 

Openness 

10% REST/gRPC API completeness, documentation quality Ease of integration and customization 

Standards 

Compatibility 

8% ONVIF Profile T, RTSP, MQTT, GB/T 28181 support Interoperability in heterogeneous 

environments 

Ecosystem 

Connectivity 

7% Native integrations (AWS Panorama, Azure Percept) Reduced vendor lock-in risk 

Measurement Methodology: Technical audit of API documentation, integration testing with 10 major VMS platforms, SDK 

completeness review, and assessment of proprietary restrictions. 

Scoring Formula: IntegrationScore = 0.30×StandardsCompliance + 0.25×SDKQuality + 0.20×DataExportability + 

0.15×VMSCompatibility + 0.10×(1-LockInRisk) 

 

Dimension4: Governance and Trust (20% Weight) 

Parameter Wt Evaluation Metrics Benchmark Focus 

Data Ownership & Privacy 8% 
Data sovereignty provisions, privacy-

by-design features 
Compliance and ethical deployment 

Cybersecurity & 

Certification 
7% 

IEC 62443/UL 2900 certification, 

secure boot implementation 
Security for critical infrastructure 

Auditability & Compliance 5% 
Inference audit trails, bias detection 

reporting 
Transparency and accountability 

Measurement Methodology: Third-party security audits, penetration testing, regulatory compliance verification, privacy 

impact assessments, and supply chain transparency documentation review. 

Scoring Formula: GovernanceScore = 0.30×SecurityCompliance + 0.25×PrivacyProtection + 0.20×RegulatoryAlignment + 

0.15×Transparency + 0.10×SupplyChainSecurity 

 

5.2 AIRI Certification Tiers 

Tier Score Range Suitable For Key Characteristics 

AIRI 

Platinum 
85-100 Critical infrastructure, government, defense 

Enterprise-ready, highest security and 

performance 

AIRI 

Gold 
70-84 Commercial deployments, enterprise security Business-ready, robust features and compliance 

AIRI 

Silver 
55-69 Pilot projects, development environments Development-ready, basic AI capability 

AIRI 

Certified 
40-54 Limited production, non-critical applications Basic functionality, limited scalability 

The composite AIRI score aggregates dimensional performance: 

AIRI = 0.30×ComputeScore + 0.25×ArchitectureScore + 0.25×IntegrationScore + 0.20×GovernanceScore 

The AIRI serves as the objective unit of intelligence exchange within the IndoAI Marketplace, transforming abstract 

capabilities into measurable, comparable metrics that enable informed procurement decisions. 

 

VI. THE PARADIGM SHIFT: FROM PRODUCT BROWSING TO SOLUTION ARCHITECTURE 

 

The IndoAI Marketplace represents a fundamental reimagining of procurement, shifting from component 

transactions to complete solution architecture: 

6.1 The Solution Architecture Engine 

Traditional Approach IndoAI Platform Approach Customer Benefit 

Customer browses 

individual products 

Customer selects industry/use case Saves hours of research and confusion 

Self-assembles components Platform auto-generates complete system 

design 

Professional-grade architecture without expert 

fees 

Uncertain about 

compatibility 

Guaranteed component interoperability Eliminates integration headaches 
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Hidden total project costs Transparent TCO with all components No budget surprises, better financial planning 

Security-focused only Holistic vision intelligence for multiple 

outcomes 

Maximizes ROI across operations, safety, 

analytics 

 

6.2 Industry-Specific Solution Packs 

Industry 

Pack 

Core Components Key AI Analytics Typical Use Cases 

Smart 

School Pack 

Entry/exit cameras, corridor 

cams, classroom monitoring 

Attendance automation, 

visitor management, distress 

detection 

Security, operational efficiency, safety 

compliance 

Factory 

Safety Pack 

High-risk zone cameras, 

perimeter monitoring, thermal 

imaging 

PPE detection, intrusion 

alerts, fall detection 

Worker safety, asset protection, 

regulatory compliance 

Retail 

Intelligence 

Pack 

Entrance cameras, point-of-sale 

monitoring, aisle analytics 

Footfall analysis, queue 

monitoring, shoplifting 

detection 

Loss prevention, customer experience 

optimization 

Hospital 

Compliance 

Pack 

Reception monitoring, corridor 

cameras, restricted area access 

Fall detection, occupancy 

monitoring, PPE compliance 

Patient safety, regulatory compliance, 

efficiency 

Warehouse 

Operations 

Pack 

Loading dock monitoring, 

storage aisle cameras, perimeter 

security 

Vehicle ANPR, inventory 

monitoring, intrusion 

detection 

Operational visibility, theft prevention, 

safety 

 

6.3 AI-Assisted System Design Features 

Use-Case Based Architecture Builder: 

Input Method Process Output 

Industry Selection Customer selects from 15+ industries Auto-generated camera layout blueprint with 

placement recommendations 

Floor Plan Upload AI analyzes PDF/image, detects dimensions and 

high-risk areas 

Camera count, field of view simulation, blind 

spot identification 

Budget-Based 

Configuration 

Customer inputs budget range Good/Better/Best options with camera counts 

and AI features 

Priority Optimization Customer selects optimization priority Custom-optimized system matching specific 

business objectives 

 

6.4 Complete Solution Components: 

Component Category Specific Items Selection Logic 

Vision Devices 
AI cameras, non-AI IP cameras, drones, thermal 

cameras 

Based on AIRI score, placement 

requirements, use case needs 

Compute & Storage Edge AI boxes, NVRs, cloud storage options 
Calculated based on camera count, retention 

period, AI needs 

Networking PoE switches, cables, poles, fiber optics 
Auto-calculated based on layout, distances, 

bandwidth 

AI Analytics 
Face recognition, ANPR, fire detection, PPE 

detection 

Industry-specific recommendation with 

customization 

Services Installation, AMC, consulting, integration Partner marketplace with verified ratings 

 

6.5 AI-Powered Post-Sale Ecosystem 

Feature Functionality Business Impact 

Vision AI 

Assistant 

WhatsApp-based LLM for natural language 

queries about footage 

Transforms support from reactive tickets to proactive 

intelligence access 
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Semantic 

Search 

Text-based search across uploaded footage 

(Phase 2/3) 

Dramatically reduces investigation time for security 

and operational teams 

Automated 

Workflows 

Alert triggers, report generation, system 

automations 

Reduces manual monitoring effort by up to 70% 

Predictive 

Maintenance 

System health monitoring, component failure 

prediction 

Minimizes downtime, extends system lifecycle 

Agentic AI 

Orchestration 

Autonomous AI agents that monitor, analyze, 

and act based on live video streams initiating 

workflows, adjusting system parameters, or 

engaging other APIs without human 

intervention. 

Enables fully autonomous site management, dynamic 

response to incidents, and self-optimizing vision 

systems that improve over time. 

 

6.6 Total Cost of Ownership Transparency: 

Cost Category Components Included Transparency Features 

Capital Expenditure Cameras, NVR, switches, cables, Edge AI box 
Itemized pricing, industry benchmark 

comparison 

Operational Expenditure AI subscriptions, cloud storage, internet, AMC 
Monthly/yearly breakdown, ROI 

calculator 

Installation Costs Labor, mounting accessories, conduits, testing 
Transparent breakup, regional pricing 

variations 

Hidden Costs Revealed Storage retention, bandwidth, maintenance 
Calculators for storage, bandwidth, 

lifecycle 

 

VII. PLATFORM ECONOMICS AND VALUE CREATION 

 

7.1 Multi-Sided Value Proposition 

Stake holder Primary Value Secondary Benefits Quantifiable Impact 

Enterprise 

Customers 

Complete turnkey solutions with 

guaranteed performance 

Reduced project risk, professional 

design without consulting fees 

Ffaster deployment and better 

performance 

Government 

Agencies 

Transparent, compliant 

procurement with auditable trail 

Policy implementation, 

standardization across departments 

50% faster procurement, 30% 

cost savings 

System 

Integrators 

Certified installer program with 

guaranteed leads 

Higher project success, premium 

service positioning 

100% more qualified leads, 

40% higher margins 

AI 

Developers 

Direct marketplace for models 

with compatibility guarantee 

Reduced customer acquisition costs, 

simplified deployment 

80% faster time-to-market, 3x 

larger market 

Camera 

Manufacturer

s 

AIRI certification as competitive 

differentiation 

Direct feedback on product gaps, 

premium positioning 
30% increase in premium sales 

 

7.2 Platform Network Effects 

IndoAI creates positive feedback loops characteristic 

of successful platforms (Parker et al., 2016): 

• Supply-Side Effects: More certified devices 

Greater customer choice Higher adoption 

• Demand-Side Effects: More deployments better 

performance data Improved AIRI accuracy 

Stronger certification value 

• Developer Ecosystem: More AI models 

Enhanced solution capabilities Increased 

platform utility 

• Data Network Effects: Aggregated 

benchmarks improve optimization algorithms 

and solution quality 

 

VIII. CRITICAL CHALLENGES AND FUTURE 

RESEARCH 

 

8.1 AIRI Governance and Bias 

Challenge: Maintaining objectivity against vendor 

capture, criteria gaming, and inadvertent 

bias.Solutions: Independent non-profit governance; 
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open-source testing methodologies; annual criteria 

review; explicit algorithmic fairness dimensions. 

Research Needed: Dynamic weighting systems; 

adversarial testing resistant to gaming; comparative 

governance models. 

 

8.2 Model Interoperability 

Challenge: Format proliferation creates integration 

friction despite hardware standardization. 

Solutions: Platform-maintained model zoo; 

automated testing verifying accuracy equivalence; 

vendor incentives for comprehensive format support. 

Research Needed: Universal model translation 

preserving performance; lightweight edge-optimized 

containerization. 

 

8.3 Adoption Resistance 

Challenge: Transparent automation disrupts 

integrator business models built on information 

asymmetry. 

Solutions: Premium certification tracks; transparent 

value-based compensation; transition support 

programs.  

Research Needed: Change management frameworks; 

economic impact studies; new value-creation 

opportunity identification. 

 

8.4 Regulatory Heterogeneity 

Challenge: Global scaling confronts diverse data 

protection regimes. 

Solutions: Regional AIRI profiles; modular platform 

architecture; automated compliance documentation. 

Research Needed: Adaptive compliance frameworks; 

federated platform architectures; RegTech 

integration. 

 

IX. CONCLUSION: ARCHITECTING 

INTELLIGENCE-NATIVE MARKETS 

 

The IndoAI framework addresses fundamental Vision 

AI market failure through integrated innovation 

spanning standardization (AIRI), automation 

(Solution Architecture Engine), and orchestration 

(ecosystem platform). This achieves three 

transformative shifts: 

1. From Opacity to Transparency: AIRI 

establishes objective intelligence as the 

primary exchange unit, enabling informed 

decisions and reducing search costs. 

2. From Components to Solutions: Automated 

architecture engines translate business 

objectives into guaranteed, interoperable 

systems with holistic cost visibility. 

3. From Transactions to Ecosystems: Platform 

orchestration creates continuous value 

through post-deployment tools, collaborative 

innovation, and knowledge accumulation. 

 

Broader Implications 

• For AI Governance: AIRI demonstrates 

feasibility of standardizing complex AI systems 

through practical readiness assessment 

• For Industry Standardization: The methodology 

extends to language models, robotics, 

autonomous vehicles 

• For Policy Development: Market-based 

certification incentivizes ethical AI without 

innovation-stifling mandates 

 

Economic Impact 

The transition to a more intelligent and integrated 

approach delivers profound financial and competitive 

advantages. By fundamentally improving how 

solutions are created and deployed, organizations can 

unlock massive efficiency gains. This shift moves 

beyond incremental cost control to generate 

substantial, recurring savings across the total 

lifecycle of technology investments. Furthermore, it 

dramatically accelerates the pace at which 

transformative capabilities can be operationalized, 

allowing enterprises to realize benefits years ahead of 

conventional timelines and secure a powerful first-

mover advantage in their markets. 

Vision for 2030 

 

An intelligence-native market where: 

• AIRI certification is ubiquitous, making AI as 

comparable as processor specifications 

• Automated solution architecture is default; 

manual component assembly is obsolete 

• AI models deploy seamlessly across certified 

hardware 

• Agentic AI systems autonomously manage 

facilities, with human oversight rather than 

manual operation 



© December 2025 | IJIRT | Volume 12 Issue 7 | ISSN: 2349-6002 

IJIRT 189307 INTERNATIONAL JOURNAL OF INNOVATIVE RESEARCH IN TECHNOLOGY 5383 

• Systems are evaluated on business outcomes 

(incidents reduced, efficiency improved) not 

technical specs 

• Privacy, security and fairness are foundational, 

verified requirements 

IndoAI is not merely a procurement platform but the 

cornerstone of this transformation—architecting 

intelligent ecosystems through standardized metrics, 

automated design and collaborative value creation. 

By solving foundational information asymmetry and 

translating AI capabilities into measurable 

intelligence, IndoAI establishes infrastructure for 

ubiquitous, accessible, trusted vision intelligence. 
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