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Abstract—The rapid growth of digitized legal documents 

in India, including court judgments, case records, and 

statutory texts, has introduced significant challenges in 

efficient legal research and comprehension. Legal 

documents are often lengthy, complex, and densely 

structured, requiring substantial time and expertise to 

analyze. While recent advancements in Natural Language 

Processing (NLP) and text summarization have shown 

promising results in generic domains, their application to 

the Indian legal system remains limited and largely 

jurisdiction-agnostic. Most existing legal summarization 

approaches are trained on foreign legal corpora and lack 

grounding in Indian constitutional provisions, leading to 

issues such as factual hallucinations, reduced legal 

relevance, and poor interpretability. 

This paper presents LawLens, a concept-driven AI-based 

legal research and case summarization framework 

designed specifically for the Indian legal context. The 

proposed system emphasizes constitution-aware 

summarization by integrating retrieval mechanisms over 

the Indian Constitution and verified legal texts to support 

contextually grounded summaries. Rather than focusing 

on judgment prediction or legal decision-making, LawLens 

aims to function as an assistive tool for law students, junior 

advocates, and legal researchers by reducing document 

analysis time and improving comprehension. The paper 

systematically reviews existing legal document 

summarization techniques, identifies key research gaps, 

and proposes a structured system architecture and 

methodology to address these challenges. This study 

contributes a conceptual foundation for future 

development of legally grounded and explainable AI 

systems tailored to Indian law. 

Index Terms—Legal Document Summarization, Indian 

Law, Legal AI, Retrieval-Augmented Generation, 

Constitution-Aware NLP 

 

I. INTRODUCTION 

The Indian legal system generates an enormous 

volume of textual data in the form of court judgments, 

statutory documents, case briefs, and constitutional 

interpretations. With initiatives such as the e-Courts 

Mission Mode Project and the National Judicial Data 

Grid, legal documents have become increasingly 

accessible in digital form. However, accessibility 

alone does not equate to usability. Legal professionals 

and students continue to face significant difficulties in 

efficiently extracting relevant information from 

lengthy and complex legal texts, often resulting in 

increased research time and cognitive overload. 

Artificial Intelligence (AI) and Natural Language 

Processing (NLP) have demonstrated considerable 

potential in automating text understanding tasks such 

as classification, information extraction, and 

summarization. Legal document summarization, in 

particular, has emerged as an important research area 

aimed at condensing long legal texts into concise and 

informative summaries. Early approaches relied on 

extractive methods that select key sentences directly 

from the source document. More recent methods 

employ neural and abstractive models capable of 

generating human-like summaries. Despite these 

advancements, applying such techniques directly to 

the Indian legal domain presents unique challenges. 

Most state-of-the-art legal summarization systems are 

developed using datasets derived from the United 

States or European legal systems. These systems often 

lack awareness of Indian constitutional provisions, 

statutory frameworks, and judicial structures. As a 

result, summaries generated by generic models may 
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omit legally significant references, misinterpret 

jurisdiction-specific terminology, or introduce 

hallucinated legal reasoning. In the context of law, 

such inaccuracies can have serious academic and 

practical implications. 

Furthermore, many existing legal AI systems focus on 

judgment prediction or outcome forecasting, which 

raises ethical and legal concerns, especially when 

applied to real-world decision-making. There is a 

growing need for assistive legal tools that prioritize 

transparency, explainability, and domain relevance 

over predictive authority. For law students and early-

stage legal practitioners, understanding the structure, 

reasoning, and constitutional basis of judgments is 

often more valuable than knowing the predicted 

outcome. 

In this context, this paper proposes LawLens, a 

conceptual AI-driven legal research and case 

summarization framework tailored to the Indian legal 

ecosystem. The core idea behind LawLens is to 

enhance legal summarization through constitutional 

grounding by incorporating retrieval mechanisms over 

authoritative Indian legal sources prior to summary 

generation. By doing so, the system aims to mitigate 

hallucination risks, improve jurisdictional relevance, 

and support structured and explainable summaries. 

The remainder of this paper is organized as follows: 

Section 2 reviews existing literature on legal document 

summarization and related AI techniques. Section 3 

identifies key research gaps in current approaches, 

particularly with respect to Indian law. Section 4 

presents the proposed LawLens system architecture 

and methodology. Section 5 discusses evaluation 

strategies, ethical considerations, and limitations. 

Finally, Section 6 outlines expected outcomes, future 

research directions, and concluding remarks. 

II. LITERATURE REVIEW 

Legal document summarization has emerged as a 

critical research area within Natural Language 

Processing (NLP), aiming to reduce the complexity 

and length of legal texts while preserving their 

essential meaning. Unlike generic text summarization, 

legal summarization must account for domain-specific 

terminology, hierarchical document structures, and 

jurisdictional relevance. Over the years, multiple 

approaches have been explored, ranging from 

traditional extractive techniques to modern neural and 

retrieval-augmented models. 

 

2.1 Extractive Legal Summarization Approaches 
Early research in legal document summarization 

primarily relied on extractive methods, where salient 

sentences are selected directly from the original 

document. Hachey and Grover proposed one of the 

initial extractive summarization systems for legal 

texts, focusing on identifying important sentences 

based on linguistic and positional features. Similarly, 

Farzindar and Lapalme explored thematic structures in 

legal documents to guide sentence extraction. 
While extractive methods offer factual reliability by 

avoiding text generation, they suffer from several 

limitations. Extracted summaries often lack coherence 

and readability, especially for long judicial 

documents. Moreover, such approaches are highly 

dependent on handcrafted features and fail to capture 

deeper semantic relationships within legal reasoning. 

These limitations reduce their effectiveness for 

modern legal research needs, particularly in 

jurisdictions like India where judgments are lengthy 

and structurally complex. 

2.1 Neural and Abstractive Summarization 

Techniques 
With the advancement of deep learning, neural 

abstractive summarization models have gained 

prominence. Models such as Pointer-Generator 

Networks introduced mechanisms to balance copying 

from the source text with generating novel words, 

improving fluency. Transformer-based architectures, 

including BART and PEGASUS, further advanced 

abstractive summarization by leveraging large-scale 

pretraining. 
Despite their success in news and general-domain 

summarization, these models present challenges when 

applied to legal texts. Legal documents require high 

factual accuracy, and abstractive models are prone to 

hallucinations—generating content that is fluent but 

legally incorrect. Studies on faithfulness in abstractive 

summarization highlight that semantic coherence does 

not necessarily guarantee factual correctness, which is 

particularly problematic in legal contexts. 

Furthermore, most neural summarization models are 

trained on non-legal or foreign legal datasets, limiting 

their applicability to Indian law. The absence of 

jurisdiction-specific training data results in summaries 
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that may overlook constitutional provisions or 

misinterpret legal references. 

2.3 Legal AI and Domain-Specific Language Models 
To address domain mismatch, several studies have 

proposed legal-domain-specific language models. 

LEGAL-BERT and similar architectures demonstrate 

improved performance on legal NLP tasks by training 

on legal corpora. Additionally, legal analytics research 

has explored applications such as judgment prediction, 

case outcome analysis, and legal information retrieval. 
However, these systems are predominantly trained on 

European or United States legal data. Their 

applicability to the Indian legal system remains limited 

due to differences in legal terminology, procedural 

structure, and constitutional interpretation. Moreover, 

judgment prediction systems raise ethical concerns 

and lack explainability, making them unsuitable as 

assistive tools for legal education and research. 

2.4 Retrieval-Augmented Generation and Knowledge 

Grounding 
Recent research has focused on Retrieval-Augmented 

Generation (RAG) as a means to improve factual 

grounding in language models. RAG-based 

frameworks retrieve relevant documents from an 

external knowledge base and condition the generation 

process on this retrieved context. Such approaches 

have shown promise in reducing hallucinations in 

knowledge-intensive NLP tasks. 
Although RAG has been successfully applied to 

question answering and general knowledge tasks, its 

application to legal document summarization remains 

limited. Existing RAG systems typically rely on 

generic knowledge bases such as Wikipedia and do not 

incorporate authoritative legal sources like 

constitutional texts or statutes. As a result, these 

systems fail to address jurisdiction-specific grounding 

requirements, particularly for Indian law. 

2.5 Indian Legal Digitization and AI Initiatives 
India has made significant progress in digitizing legal 

documents through initiatives such as the e-Courts 

Mission Mode Project and the National Judicial Data 

Grid. These platforms provide large-scale access to 

judgments and case metadata, creating opportunities 

for AI-driven legal research tools. 
However, current efforts largely focus on data 

availability rather than intelligent analysis. There is a 

noticeable lack of AI systems designed to assist users 

in understanding and summarizing Indian legal 

documents in a constitution-aware manner. Policy-

level frameworks such as NITI Aayog’s Responsible 

AI guidelines acknowledge the potential of AI in 

governance but stop short of proposing concrete 

implementations for legal summarization. 

III. RESEARCH GAP ANALYSIS 

Based on the comprehensive review of existing 

literature, several critical research gaps are identified 

that motivate the need for a system like LawLens. 

 

3.1 Lack of Indian Constitutional Grounding 
Most legal summarization systems are developed 

using foreign legal corpora and lack integration with 

the Indian Constitution and statutory frameworks. This 

jurisdictional mismatch reduces the relevance and 

reliability of generated summaries for Indian legal 

users. 

Research Gap: Absence of constitution-aware 

summarization systems tailored to Indian law. 

 

3.2 Hallucination and Factual Inconsistency in 

Abstractive Models 
Neural abstractive summarization models often 

generate fluent but factually incorrect content. In the 

legal domain, such hallucinations can lead to 

misinterpretation of judgments and legal provisions. 
 

Research Gap: Insufficient mechanisms to ensure 

factual and legal grounding in generated summaries. 

3.3 Limited Explainability and Educational Value 

Existing legal AI systems often prioritize prediction 

accuracy over interpretability. This limits their 

usefulness for law students and junior advocates who 

require structured explanations rather than predicted 

outcomes. 
 

Research Gap: Lack of explainable, learner-oriented 

legal summarization frameworks. 

3.4 Absence of Indian Legal Evaluation Benchmarks 
Standard evaluation datasets and metrics for legal 

summarization are primarily designed for Western 

legal systems. There is no widely accepted benchmark 

for evaluating summarization quality in the Indian 

legal context. 
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Research Gap: Need for India-specific evaluation 

strategies and qualitative assessment frameworks. 

3.5 Underutilization of Digitized Legal Resources 
Although large volumes of Indian legal data are 

digitally available, they remain underutilized for 

intelligent summarization and comprehension support. 
 

Research Gap: Limited translation of legal digitization 

efforts into practical AI-driven research tools. 

Research Motivation for LawLens 

To address the identified gaps, this paper 

proposes LawLens, a conceptual framework for 

constitution-aware legal document summarization. By 

integrating retrieval mechanisms over authoritative 

Indian legal sources with modern language models, 

LawLens aims to improve factual grounding, 

jurisdictional relevance, and explainability. The 

proposed system is positioned as an assistive research 

tool rather than a decision-making authority, aligning 

with ethical and academic considerations. 
IV. PROPOSED SYSTEM ARCHITECTURE 

This section presents the conceptual architecture 

of LawLens, an AI-based legal research and case 

summarization framework designed specifically for 

the Indian legal ecosystem. The system is proposed as 

an assistive tool that aims to enhance legal document 

comprehension by integrating constitutional 

grounding into the summarization process. 

Unlike generic summarization systems, LawLens 

emphasizes jurisdiction-aware processing by 

incorporating authoritative Indian legal sources such 

as the Indian Constitution, statutory provisions, and 

verified judicial texts. The architecture is modular, 

scalable, and designed to minimize hallucinations 

while improving explainability. 

 

4.1 System Overview 

The LawLens framework consists of the following 

core components: 

1. Legal Document Input Module 

2. Preprocessing and Segmentation Module 

3. Indian Legal Knowledge Base 

4. Retrieval Module 

5. Context-Aware Summarization Engine 

6. Structured Summary Generator 

Each component plays a specific role in ensuring that 

the generated summaries are concise, legally relevant, 

and constitutionally grounded. 

4.2 LawLens System Architecture 

 
Figure 4: Conceptual Architecture of LawLens 

 

4.3 Component Description 

4.3.1 Legal Document Input Module 

This module accepts legal documents such as court 

judgments, case briefs, or statutory texts in digital 

format. The system is designed to handle lengthy and 

unstructured legal documents commonly found in 

Indian courts. 

4.3.2 Preprocessing and Segmentation Module 

Legal documents are cleaned to remove formatting 

noise and segmented into smaller, meaningful text 

chunks. This step is essential for handling long 

documents and enabling efficient retrieval and 

summarization. 
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4.3.3 Indian Legal Knowledge Base 

The knowledge base consists of authoritative legal 

sources, including: 

● Articles of the Indian Constitution 

● Relevant statutes and acts 

● Verified legal texts and precedents 

This knowledge base forms the grounding foundation 

of the system and distinguishes LawLens from generic 

summarization tools. 

4.3.4 Retrieval Module 

The retrieval module identifies constitutionally and 

legally relevant passages from the knowledge base 

based on the content of the input document. This 

retrieved context is later used to guide the 

summarization process. 

4.3.5 Context-Aware Summarization Engine 

This component integrates the retrieved legal context 

with a language model to generate summaries that are 

both concise and legally grounded. The use of 

retrieved constitutional references helps reduce 

hallucination risks. 

4.3.6 Structured Summary Generator 

Instead of producing a single unstructured paragraph, 

LawLens generates structured summaries that include: 
● Key facts of the case 

● Relevant constitutional articles 

● Summary of legal reasoning and outcome 

This structure improves interpretability and 

educational value. 

V.  METHODOLOGY 

This section outlines the conceptual workflow of the 

proposed LawLens system. As the project is under 

active development, the methodology focuses on 

design and process rather than experimental 

validation. 

5.1 End-to-End Workflow 

Figure 5: Workflow of the LawLens Framework 

 

5.2 Step-by-Step Methodological Description 

Step 1: Document Ingestion 

The system ingests legal documents in text or 

document format. The focus is on judgments and case 

records relevant to Indian law. 

Step 2: Text Preprocessing 

The input text undergoes cleaning and segmentation to 

improve downstream processing. This step ensures 

efficient handling of long legal texts. 

Step 3: Legal Context Retrieval 

Using the segmented content, the system retrieves 

relevant constitutional articles and statutory provisions 

from the legal knowledge base. 

Step 4: Context Injection 

The retrieved legal context is injected into the 

summarization process, ensuring that generated 

summaries remain grounded in authoritative sources. 

Step 5: Summary Generation 

A language model generates a concise and coherent 

summary based on both the original document and the 

retrieved legal context. 



© February 2026| IJIRT | Volume 12 Issue 9 | ISSN: 2349-6002 

IJIRT 192121 INTERNATIONAL JOURNAL OF INNOVATIVE RESEARCH IN TECHNOLOGY 459 

Step 6: Structured Output Formatting 

The generated summary is organized into predefined 

sections to enhance clarity and usability. 

Advantages of the Proposed Approach 

● Constitution-aware summarization tailored to 

Indian law 
● Reduced hallucination through retrieval-based 

grounding 

● Improved explainability and interpretability 

● Assistive design suitable for students and 

researchers 

● Modular architecture enabling future extensions 

VI.  EVALUATION STRATEGY (CONCEPTUAL 

FRAMEWORK) 

As the LawLens system is currently under 

development, this study does not report experimental 

results. Instead, a conceptual evaluation framework is 

proposed to outline how the system can be assessed in 

future implementations. Defining an evaluation 

strategy at the design stage demonstrates 

methodological rigor and provides a clear roadmap for 

subsequent validation. 

6.1 Proposed Evaluation Metrics 

The effectiveness of legal document summarization 

systems cannot be measured using generic metrics 

alone. Therefore, a combination of quantitative and 

qualitative evaluation measures is proposed: 

 

● ROUGE Metrics (ROUGE-1, ROUGE-2, 

ROUGE-L): 

To measure lexical overlap between system-

generated summaries and reference summaries. 

● BERTScore: 

To evaluate semantic similarity between 

generated summaries and ground truth 

summaries, capturing contextual meaning. 

● Legal Relevance Assessment (Proposed): 

A domain-specific evaluation focusing on the 

correctness and relevance of referenced 

constitutional articles and legal provisions. 

● Human Expert Evaluation (Future Work): 

Qualitative assessment by law students or legal 

professionals to judge clarity, relevance, and 

interpretability. 

6.2 Evaluation Perspective 

Rather than optimizing for prediction accuracy, 

LawLens prioritizes: 

● Legal correctness 

● Constitutional relevance 

● Explainability 

This aligns with the assistive and educational 

objectives of the proposed system. 

VII. ETHICAL CONSIDERATIONS AND 

LIMITATIONS 

7.1 Ethical Considerations 

The application of AI in the legal domain introduces 

ethical risks that must be carefully addressed.  

● No Legal Decision-Making: 

The system does not provide legal advice or 

predict court judgments. 

● Hallucination Awareness: 

The architecture emphasizes retrieval-based 

grounding to minimize the generation of incorrect 

legal information. 

● Transparency and Explainability: 

Structured summaries are designed to improve 

user understanding and reduce blind reliance on 

AI-generated text. 

● Responsible AI Alignment: 

The conceptual design aligns with Responsible AI 

principles outlined in Indian policy frameworks. 

7.2 Limitations 

Despite its conceptual strengths, the proposed 

framework has certain limitations: 

● Dependence on the quality and completeness of the 

legal knowledge base 

● Challenges in handling highly ambiguous or 

nuanced legal reasoning 

● Absence of standardized Indian legal 

summarization benchmarks 
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● Computational overhead associated with retrieval-

based architectures 

These limitations highlight areas that require further 

research and practical experimentation. 

VIII. EXPECTED OUTCOMES 

Although the system is not yet fully implemented, the 

expected outcomes of LawLens include: 

● Reduction in time required to understand lengthy 

legal documents 

● Improved accessibility of legal information for 

students and junior advocates 

● Constitution-aware summaries that enhance 

jurisdictional relevance 

● A structured approach to legal document 

comprehension 

These outcomes position LawLens as a supportive 

research and learning tool within the Indian legal 

ecosystem. 

IX. FUTURE SCOPE 

The proposed framework opens multiple directions for 

future enhancement: 

● Multilingual Legal Summarization: 

Extending support to Indian regional languages. 

● Case Similarity and Precedent Retrieval: 

Identifying related judgments based on legal 

context. 

● Interactive Legal Research Tools: 

Query-based exploration of summarized legal 

documents. 

● Benchmark Creation: 

Development of India-specific datasets and 

evaluation standards for legal summarization. 

X. CONCLUSION 

This paper presented LawLens, a concept-based AI 

framework for legal research and case summarization 

tailored to the Indian legal system. Through a 

comprehensive review of existing literature, the study 

identified key gaps related to jurisdictional grounding, 

hallucination risks, explainability, and the 

underutilization of digitized legal resources. To 

address these challenges, a constitution-aware 

retrieval-augmented summarization architecture was 

proposed. 

Rather than focusing on judgment prediction or 

automated decision-making, LawLens is positioned as 

an assistive tool aimed at enhancing legal 

comprehension and research efficiency. The proposed 

framework establishes a strong conceptual foundation 

for future development and evaluation of legally 

grounded AI systems in India. This study contributes 

to ongoing efforts in legal AI research by emphasizing 

responsibility, transparency, and domain specificity. 
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