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Abstract—Each day millions of investors make 

investment decisions buy or sell or hold and a large part 

of what influences those decisions is the news people 

consume. Financial reporting has a remarkable ability to 

influence the state of the market, and this study seeks to 

understand just how it does. By designing a detailed 

questionnaire and administering it to 100 individuals, 

ranging from working professionals to active investors to 

students, we set out to examine how good news and bad 

news financial headlines influence people decision 

making styles. What we found is startling: almost 

everyone we surveyed believed that news (good or bad) 

makes a difference in how investors behave; many also 

indicated that they use news as the lens through which 

they read the market. Besides looking at individual 

preferences, our research also provides insight into the 

burgeoning field of sentiment indicators, measures that 

are now being used to identify market trends. We are in 

the process of analysing the data we collected and hope 

that it will provide a human perspective to a market 

statistic. 

 

Index Terms—stock market sentiment, news headlines, 

investor behaviour, sentiment analysis, financial news 

 

I. INTRODUCTION 

 

Financial markets aren’t number crunching machines. 

There is a real, living, human person on both sides of 

any trade. They read the newspaper over breakfast, 

respond instantly to a breaking news alert, and 

occasionally make snap judgments based on how a 

story affects them. This study is interested in the 

psychology behind this reality. 

For a period, the opinion of both economists and 

financial theorists was that investors were nothing 

more than rational individuals who based their 

decisions strictly upon facts: company earnings 

reports, interest rates, and macroeconomic indices. 

That view has become harder to defend. Over the past 

few decades, a growing body of research in 

behavioural finance has shown that emotions, 

instincts, and social influences play a significant   

sometimes dominant   role in how people invest. The 

collective mood of investors, often called market 

sentiment, can drive prices up or down in ways that 

have nothing to do with a company’s actual 

performance. 

The number one factor influencing investors’ 

sentiments today is financial news. Having the world 

at your fingertips with smart phones and constant 

internet access means that there is no lack of financial 

news being disseminated 24/7. One piece of news 

about the latest earnings, a new governmental decision 

or a international crisis situation can cause investors to 

send stocks soaring to all new highs or crashing them 

down with equally fast ferocity. The quick access to 

such fast paced news have resulted in immediate, 

sharp, and violent investors’ responses to market and 

external influences. 

Compare the varied way we react to good and bad 

news. A headline some business or economic indicator 

rises to record levels or the economy speeds up sends 

a surge of good feeling through stock markets and 

other financial assets; investors are confident and start 

buying more stocks, markets become more active. 

Switch the story to one of financial scandal, rising 

inflation or political unrest and the feeling is one of 

unease and fear; investors sell down holdings or just 

batten down the hatches and wait and see. This is not 

irrational behaviour it is human nature but it has a 

marked influence on markets. 

This is where the field of sentiment analysis becomes 

relevant. Sentiment analysis, as a field of research, 

utilizes computational approaches to quantify the 
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emotional slant of the text data, that is, whether the 

news article reads as positive, negative, or neutral. 

By processing large volumes of text, researchers and 

investors can get a sense of the “mood” in the 

information environment and use that to anticipate 

how markets might respond. Recent advances in 

natural language processing (NLP), machine learning, 

and data analytics have made this kind of analysis 

increasingly powerful and practical. 

This study takes a slightly different approach. Rather 

than just analysing news articles themselves, we 

wanted to hear directly from investors about how they 

experience and respond to financial news. Through a 

structured survey, we asked people whether positive 

headlines made them more likely to buy stocks, 

whether negative stories made them hesitant, and 

whether they thought tools like sentiment analysis 

could actually help predict where the market is headed. 

Our goal is to bridge the gap between data-driven 

sentiment analysis and the lived experience of 

investors. Our aim here is to see if our target sample 

of everyday investors can make any useful sense of 

financial news and ultimately how they can respond to 

it in order to help us give something back to the 

behaviour finance community. 

 

II. LITERATURE REVIEW 

 

The view that investors might not always be rational 

has been around in academia for some time. Classical 

theory argued that markets are efficient that is, stock 

prices always incorporate all existing information and 

investors make reasoned, emotionless choice. But this 

picture started to crack as researchers began 

documenting just how often emotions, biases, and 

social dynamics influence financial behaviour. 

Behavioural finance developed to answer these 

questions. Studies from researchers such as Kahneman 

& Tversky (1979) in their prospect theory showed how 

people do not weigh gains and losses at parity; the 

emotional weight attached to a loss is 

disproportionately greater than that for an equivalent 

gain, which heavily influences how investors react to 

bad news. Shiller (2003) further proposed that it was 

emotions and social stories rather than efficient market 

theory that accounted for the volatility of markets. 

Focusing solely on news and not all types of media. 

This evidence is very clear. It has been found that news 

and investor sentiment (partially generated by the 

news) can affect stock returns (Baker and Wurgler 

2006, 2007), and that the tone of financial newspaper 

columns predict short term market direction, with 

pessimistic columns negatively affecting stock returns 

(Tetlock 2007). This evidence supports the notion that 

the news we receive is more than just a collection of 

facts. Good news creates an optimistic environment. 

Increased profit results and the perception of rising 

revenues or positive government policies will fuel a 

wave of buying because individual investors gain 

confidence in the economy. Conversely, bad news 

concerning financial crisis, scandals, or global threats 

cultivates uncertainty and fear in investors, generating 

a wave of selling and a rise in market fluctuations. 

Barber and Odean (2008) discovered that “salient 

news, news with high impact, does affect individual 

investors’ decisions to buy, while controlling for all of 

the normal predictors of investment returns” and 

labelled it the attention effect. 

The everyday growth of digital media also means the 

definition of what is news has widened. Information 

originating in social networking sites such as Twitter 

have had a significant impact on investors’ view 

Bollen, Mao, and Zeng (2011) famously demonstrated 

that the collective mood expressed on Twitter could 

predict stock market movements with surprising 

accuracy. Nguyen et al. (2015) and Oliveira et al. 

(2017) extended this work by showing that sentiment 

derived from microblogs and social platforms 

correlates meaningfully with short-term price changes. 

The tools for analysing sentiment have advanced 

dramatically in recent years. Advances in natural 

language processing (NLP) including the many 

measures of financial text, like the Financial 

Sentiment Lexicon created by Loughran and 

McDonald (2011) have eased the task of capturing the 

tone of financial text on a large scale. Authors now use 

machine learning algorithms to analyse thousands of 

news articles all at once to find interesting 

relationships 

Schumaker and Chen (2009) showed that breaking 

financial news analysed through these techniques 

could improve stock market predictions. 

Despite all this progress, one area remains relatively 

underexplored: how individual investors themselves 

perceive and respond to news. Much of the current 

research concentrates on the aggregate impact of news 

sentiment on market prices using databases containing 

thousands of articles/tweets. Fewer. Fewer studies 
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take the time to sit with investors and ask them 

directly: How does this headline make you feel? Does 

this change what you plan to do with your money? 

This study is an attempt to fill that gap. By collecting 

and analysing survey responses from individuals with 

stock market experience, we aim to understand the 

human side of news-driven sentiment   and in doing 

so, offer a richer, more grounded picture of how 

financial information shapes investor psychology and 

market behaviour. 

 

III. RESEARCH OBJECTIVES 

 

1. To understand how financial news headlines shape 

and shift investor sentiment. 

2. To explore the contrasting effects of positive versus 

negative news on actual investment decisions. 

3. To assess how aware investors are of sentiment 

analysis as a tool for reading and predicting market 

behaviour. 

4. To investigate the broader role that investor 

psychology plays in driving stock market 

movements. 

 

IV. RESEARCH HYPOTHESES 

 

H1: When investors encounter positive financial news, 

they are more inclined to purchase stocks. 

H2: Negative financial news generates feelings of fear 

and hesitation among investors, making them reluctant 

to act. 

H3: The tone and framing of news headlines genuinely 

mirrors the prevailing sentiment in the broader market. 

H4: The psychological state of investors has a direct 

and significant influence on how stock markets move. 

H5: Tools that analyse sentiment in financial news can 

meaningfully assist in forecasting stock market trends. 

 

V. METHODOLOGY 

 

5.1 Research Design 

In this report we will be employing a quantitative 

research design to examine the association between 

financial news headlines and investor sentiment. The 

use of a quantitative design was selected due to the 

ability to “detect statistically significant responses 

from a broad range of participants and [performance 

of] comparisons. Our instrument was a standardized 

format questionnaire 

5.2 Sample Size 

The response to the questionnaire was from 100 

participants that take an interest in financial news and 

may have some involvement in stock market 

investing. Convenience sampling was used to recruit 

the participants and 100 respondents were gathered, it 

is the only feasible way to get participants, but restricts 

the generalizability of the results. 

 

5.3 Data Collection 

Participants completed a standardised online 

questionnaire which they filled out on their own. The 

questionnaire assessed participants’ news reading 

patterns, emotional reactions to various financial news 

types and opinions towards sentiment analysis as a 

financial market indicator. 

 

5.4 Data Analysis 

To make sense of the collected data, we used two key 

statistical techniques: * Descriptive Statistics (mean, 

median, standard deviation) to sum up respondent 

feelings about relevant questions. 

 

Correlation Analysis –  

To examine how strong and in which direction the 

relations between certain variables are - e.g. do people 

who had a high response to positive news also have a 

high response to negative news?  

Responses were gathered on a 5-point Likert scale 

where Strongly Agree was a 5 and Strongly Disagree 

was a 1. 

 

VI. DATA ANALYSIS AND FINDINGS 

 

Our primary data came from 98 valid responses. Here 

is what participants told us and what the numbers 

behind their answers reveal. 

 

Survey Response Charts 
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6.1 Descriptive Statistics 

A summary of the industry participant responses to the 

five key statements relating to news, sentiment and 

investor psychology is given in the table below: 

Variable Mean Median Std. Dev. 

Positive news 

makes me want to 

buy stocks 

3.84 4 1.28 

Negative news 

makes me nervous 

about investing 

3.82 4 1.25 

Sentiment analysis 

can predict market 

trends 

4.03 4 0.95 

News headlines 

reflect true market 

sentiment 

3.94 4 1.04 

Investor 

psychology drives 

market movements 

4.11 4 1.04 
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And what does this reveal? All the means are well 

above 3.0 so overall, respondents tended towards a 

degree of agreement to all five issues. The most 

prominent result is the highest mean response value of 

4.11, which is given for whether investors’ psychology 

plays a role in influencing the movement of stock 

markets clearly, respondents have a high awareness of 

the psychology fuelling stock markets, perhaps from 

prior experiential knowledge. The average standard 

deviations are also fairly low. 

 

6.2 Correlation Analysis 

In order to understand the relationships between the 

various news/sentiment dimensions, we calculated a 

correlation matrix. Below is what we found: 
 

Variables Pos. News Neg. News Sentiment News Reflects Inv. Psych. 

Positive News 1.00 0.73 0.48 0.44 0.37 

Negative News 0.73 1.00 0.52 0.46 0.42 

Sentiment Prediction 0.48 0.52 1.00 0.63 0.58 

News Reflects Market 0.44 0.46 0.63 1.00 0.61 

Investor Psychology 0.37 0.42 0.58 0.61 1.00 
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Reading the correlation table: 

• Relationship between positive and negative 

reactions not inverse (r = 0.73): Investors who are 

emotionally responsive to positive news are also 

responsive to negative news; strong preference for 

emotional investment appears to be a trait that 

extends into both types. 

•  Moderate association between news and sentiment 

prediction (r=0.63): People that think that the news 

reflects true market sentiment also tend to agree that 

sentiment analysis can help predict market outcome. 

Their view of the news as a good indicator carries 

into the analytical tools built on it. 

• psychology and sentiment are related(r=0.61): 

Investors who think mental aspects are important for 

markets give higher weight to sentiment-based 

predictions-possibly because they have an intuitive 

feeling that mood affects markets. 

 

So, these consistencies reinforce one story: sentiment 

in financial news, investor psychology, and the 

applicability of sentiment analysis is not an isolated 

phenomenon, but a connected phenomenon. 

 

6.3 Hypothesis Testing 

Hypothesis Result 

H1: Positive financial news encourages 

investors to buy stocks 

Accepted 

H2: Negative financial news creates fear 

and hesitation among investors 

Accepted 

H3: News headlines reflect the overall 

sentiment of the market 

Accepted 

H4: Investor psychology plays a 

significant role in driving stock market 

movements 

Accepted 

H5: Sentiment analysis tools can 

meaningfully help predict stock market 

trends 

Accepted 
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All five hypotheses had been confirmed by the results. 

This not just a statistical finding it also demonstrates 

the truth of how investors process financial 

information. Investors are not machines, simply 

analysing figures; their experience is also emotional, 

and emotion influences then in a way that affects the 

market. 

 

VII. DISCUSSION 

 

What, ultimately, is revealed here is something 

probably investors already feel; the extent to which the 

news will affect a person. A report on soaring profits 

might inspire confidence and lunge your savings into 

the market; bring an economic gloom story and you 

might just pull in your horns, reassess, and sell.  

The correlation between reactions to good and bad 

information (0.73) is higher than you might expect. It 

indicates that a sensitivity to financial news is a 

general quality we are as sensitive to the bad as we are 

to the good. Investing emotionally sensitive to the 

news is a broader-based quality not one that switches 

between a bulls and bear market. This will have 

consequences for those who educate and inform 

investors, and may interest policy makers in the role 

of information environments. 

The result that investor psychology was the only topic 

ranked above 4 (average=4.11) also supports the 

literature. Kahneman and Tversky   loss aversion, De 

Long et al. (1990) model of noise traders, and Shiller 

(2000) irrational exuberance all suggest the same 

conclusions: markets are based on human minds, and 

human minds are irrational. 

The positive attitude the firms demonstrated toward 

sentiment analysis tools is equally far from 

discouraging. With an average of 4.03 for the 

statement that sentiment analysis can be used to 

predict trends in the market, the investors certainly do 

not appear to be dismissive of data altogether rather, 

they seem intrigued by it. As the technology matures 

and becomes easier to utilize, there is good reason to 

believe that it could reliably supplement the 

conventional investment methods. 

 

VIII. CONCLUSION 

 

The purpose of this paper was to investigate a rather 

basic characteristic about how investors invest, and 

specifically to find out how news consumption 

influenced their investment choices. In the end, this is 

the kind of thing behavioural finance has been saying 

for a long time – psychology matters, sentiment 

matters, the information in which investors operate, it 

has a concrete impact on their behaviour. 

Good news inspires confidence and makes us want to 

purchase. Bad news provokes fear and draws us back. 

These tendencies are not defects or illogical processes 

rather, they are fundamental parts of the human 

response to uncertainty and issues markets must 

perpetually contend with. 

What is novel is the speed at which information moves 

through digital media and the magnitude of its influx, 

which amplifies reactions and makes them potentially 

far more volatile. 

As a means of tackling this, sentiment analysis could 

be quite an appealing option not as a substitute for 

fundamental analysis, but in addition to it. 

Assessing the atmosphere of financial data may enable 

investors and analysts to have a deeper understanding 

of the direction in which market sentiment is leaning.  

The evidence indicates that the investor group is 

increasingly accepting of such tools: Finally, there is 

nothing academic about exploring the human nature of 

markets. 

It is practical, it is essential and it is becoming ever 

more critical in a world where information good or bad 

moves at the speed of light. 

 

IX. LIMITATIONS OF THE STUDY 

 

1. We have 100 investors completing the 

questionnaire, this is a relatively small sample to 

enable us to generalise the findings to the rest of the 

investor population. 

2. Participants provided all data themselves through a 

questionnaire – indicated behaviours are therefore 

based on the participants view of their own behaviours 

rather than their ‘real’ trading behaviours. 

3. The market data used is investor perception, not 

actual market data therefore the study cannot make 

direct links between positive/negative news and 

market movement. 

 

X. DIRECTIONS FOR FUTURE RESEARCH 

 

This study opens several avenues for deeper 

exploration. Future researchers might consider: 
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• Studying more data with various timelines and 

regions, encompassing a broader spectrum of the 

human language in the analysis of financial news 

headlines. - Utilizing sophisticated machine 

learning and NLP algorithms to create sentiment 

models for further validation against real-world 

data. 

• Using survey-based information together with 

actual trading records to close the gap between 

investor perceived and real behaviour.  

• Studying the effects of social media sentiment (from 

sources such as Twitter, Reddit, financial forums 

etc.) on traditional news sentiment and how that 

affects market dynamics. 
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