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Abstract—The problem of employee attrition has become
vital in the modern information technology industry
where human capital is one of the major competitive
advantages. The organizations like HCLTech are
struggling to retain talented employees because of
various factors like lack of job satisfaction, career
development and work life balance. The application of
machine learning methods in Human Resource (HR)
analytics over the last few years has been offering an
innovative method in the comprehension and forecasting
of employee turnover. This paper examines how HR
analytics on machine learning can be applied to predict
employee attrition at the context of HCLTech, Nagpur.
Through utilization of classification algorithms like
Logistic Regression, Decision Tree and Random Forest,
the study also seeks to discover trends and correlation
among different employee related variables and their
effect on attrition behavior. The adopted approach in the
study is data-driven and thus, it introduces the use of
preprocessing, feature selection, and model evaluation
methods to improve the prediction accuracy. The results
indicate that machine learning inductions especially
ensemble techniques are highly effective in forecasting
attritions as well as discovering hidden factors that
prompt employees to leave their jobs. The study reveals
the strategic value of predictive analytics in facilitating
proactive HR interventions, enhancing employee
retention, and maximizing organizational performance.
In addition, the research adds to the existing knowledge
base in HR analytics through highlighting the
importance of data science in workforce management
today.

Index Terms—HR analytics, workforce retention,
machine learning, predictive modeling, employee
attrition, and random forest, logistic regression,
organizational behavior.
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I. INTRODUCTION

In the fast-changing world of information technology
people are turning to the concept of human resources
on strategic considerations as a major factor in driving
innovation, productivity and sustainable growth
within an organization. Talent loss, however, is an
ongoing problem, especially in big IT companies like
HCLTech, where the fight over the high-quality talent
is fierce. Not only does attrition incur direct expenses
related to staffing and training, but it also causes loss
of organizational knowledge, decreased cohesion in
the staff, and project continuity could be interrupted.

Conventionally, human resource management has
depended on descriptive and diagnostic methods of
comprehending the behavior of employees yet
handling hence the outcome of attrition convincingly,
when it is already late. This reactive approach is not
good in the current data-driven economy with timely
insights and proactive choices required. With the
advent of HR analytics, the relationship between the
HR and the organization has shifted whereby HR is no
longer an administrative activity but a strategic partner
since it allows the use of data to make decisions related
to the workforce.

Machine learning, which is a part of artificial
intelligence, is crucial in evidencing HR analytics by
providing advanced pattern recognition and prediction
systems as well as decision support. In contrast to
conventional  statistical-processing  approaches,
machine learning algorithms are capable of non-
linearly relating large amounts of structured and
unstructured data and with continuous enhancement
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mechanisms learn as they undertake new work. Within
the context of employee attrition, these algorithms can
examine various factors that include job satisfaction,
compensation, tenure, performance ratings and work
environment to forecast the fear of an employee
leaving the company.

This study concentrates on how machine learning can
be used to forecast the departure of employees at
HCLTech, Nagpur. The aim of the study is to fill the
gap in the theoretical developments of data science
and the real-world applications of these models in
human resource practices by showing how predictive
models can be used to get by the organizations when
making their choices. The research will offer practical
implications to HR practitioners, as it will determine
significant factors behind attrition and assess the
effectiveness of different machine learning models in
attracting talents, helping develop an effective attrition
strategy.

II. LITERATURE REVIEW

The notion of employee attrition has been widely
researched in the realms of organizational behavior
and human resource management, with initial theories
having been focused on psychological and
sociological factors that determine employee turnover.
Classical models, like the turnover model of William
H. Mobley, conceptualize the process of attrition as a
multi-stage form of job dissatisfaction, assessment of
alternatives and quitting intentions. In much the same
fashion, the unfolding model of turnover postulated by
Terence R. Mitchell states the importance of critical
events or shock events that precipitate the decision of
employees to quit a certain organization.

As technology has improved and large datasets
become accessible, the emphasis in the field of
attribution research has changed to quantitative and
predictive methods. HR analytics has become a new
prominent area, which combines workforce
management by means of data analysis, statistical
modeling, and business intelligence. In the field,
machine learning technologies have become
particularly popular because of the practice of working
with high-dimensional data and revealing concealed
trends that become even less visible when considered
using non-ML systems.
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Theoretically, prediction of attrition using machine
learning is in line with the concept of predictive
analytics; this is where past data is used to predict the
future. Algorithms like the Logistic Regression are
based on the theory of statistics and are applied in
order to estimate the chances of a binary outcome
depending on independent variables. Decision Trees,
conversely, rely on information theory and recursive
partitioning and allow the slicing of the information
into homogenous units. Random Forest and ensemble
methods like Extra Trees are based on this idea and
incorporate many decision trees to enhance the
predictive power and minimize overfitting based on
the theoretical principles of collective decision-
making and reduction of variance.

Recently it has been shown that machine learning
models are able to predict the attrition of employees
better than more traditional statistical techniques
especially in cases where the relationships among
variables are complex and nonlinear. Additionally,
explainable artificial intelligence (XAI) has overcome
one of the biggest shortcomings of machine learning
models, that being, elucidableness. XAI methods will
shed light on the model decisions hence increasing the
applications of HR in regards to transparency and
trust.

In spite of these developments, there are challenges in
the application of machine learning in HR analytics.
Problems in data quality, privacy and ethical
consideration should be handled with care in order to
use employee data responsibly. Additionally,
predictive models are precise reliant on the
accessibility of applicable characteristics and linkage
of insights into original analysis with business plans.

In short, the literature shows that there is a definite
trend of moving away from theoretical frameworks of
employee turnover to machine learning models, which
are based on data. This research study is rooted in
these theory bases by interpreting the context of
employee attrition within HCLTech, Nagpur, and
applying modern methodologies to the problem to
make contributions to academic research and real-
world HR management.
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III. RESEARCH METHODOLOGY

Research methodology is a very essential part of any
scientific study since it gives a systematic process of
data collection, analysis and interpretation. Within the
framework of this research, the methodology will aid
investigation of employee turnover through HR
analytics based on machine learning at HCLTech,
Nagpur. The method combines theoretical knowledge
with empirical methods to achieve reliability and
validity of the results.

The paper uses a quantitative and analytical
methodology, since it is concerned with statistical data
and modeling numbers, to determine trends and
relationships that affect staff turnover. Predictive tools
used include machine learning algorithms to make HR
decision-making processes more accurate and
efficient.

3.1 Research Design

Research design can be defined as the general method
of carrying out the research that combines various
elements of the research in a logical and consistent
factor. This study is based on a descriptive and
predictive research design.

Conceptually, descriptive research can assist in
interpreting the nature and the aspects related to
attrition among the employees in terms of job
satisfaction, salaries, and work-life balance. On the
other hand, predictive research is concerned with
making predictions of the future based on past
information and in this case, it will be to determine
whether an employee will most probably leave the
organization.

Key Points:

Type: Descriptive Research and Predictive Research.
Approach: Quantitative

Personality: Thinking and Information Processing.
Purpose: To examine and forecast employee attrition
with machine learning models.

3.2 Data Type

Data is an important key to accuracy and reliability of
machine learning models. This research is mainly
based on the secondary data that is structured and can
be analyzed statistically and computationally.

The dataset contains both categorical and numerical
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variables which determine employee attrition, which
is consistent with theoretical constructs in HR
analytics  including  employee engagement,
organizational commitment, or job satisfaction.

Key Points:

Data Type: Secondary data (simulated/industry-based
data)

Type of Data: Structured.

Variables Included:

Demographic (Age, Gender)

Job-Related (Role, Salary, Experience)

Behavioral factors (Job Satisfaction, Work-Life
Balance)

Data Form: Tabular dataset that can be used in
machine learning.

3.3 Hypothesis Development

In research, hypothesis formulation is an important
phase that gives it an opportunity to test the
relationship of variables. This paper formulates
hypotheses to look at the effect of different variables
on employee turnover and the performance of machine
learning model.

Theoretically, the hypotheses are based on
organizational behavior theory, according to which
hypotheses, employees who are unsatisfied with their
job and those lacking growth prospects are most likely
to be affected by attrition.

Hypotheses:

Null Hypothesis (Ho):

Employee-related aspects (job satisfaction, wage,
work-life balance) are not significantly correlated with
employee attrition at HCLTech, Nagpur.

Alternative Hypothesis (H1):

It can be observed that employee-related factors (job
satisfaction, pay, and work-life balance) are associated
to a great degree with the employee attrition in
HCLTech, Nagpur.

3.4 Tools and Techniques used.

To execute machine learning models and analyze data
properly, it is crucial to select the necessary tools and
techniques. This paper uses a mixture of statistical
applications and programming-based systems, to do
data preprocessing, model building and evaluation.
Theoretically, machine learning algorithms like,
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Logistic Regression, Decision Tree and Random
Forest are applied because they have very good
background on statistical learning theory and that they
are effective in classification problems.

Key Points:

Programming Language: Python
Libraries/Frameworks:

Pandas (data manipulation)
NumPy (numerical computation)
Scikit-learn Al (machine learning models)
Machine Learning Algorithms:
Logistic Regression

Decision Tree

Random Forest

Evaluation Metrics:

Accuracy

Precision

Recall

Confusion Matrix

3.5 Study Limitations.

Although the study offers very important insights on
employee attrition prediction, some shortcomings
need to be evaluated so as to have a balanced reading
of the findings.

Theoretically, there are constraints related to the
availability of data, model, and generalizability of
results.

Key Points:

The research relies not on actual organizational data of
HCLTech but rely on the secondary-or-simulated data.
Limited variables might not reflect all the factors that
affect attrition.

Overfitting or bias can be one of the problems found
in machine learning models.

The results might not be generalizable to other
organizations or industries.

The ethical implications around the privacy of
employee data is not delved into.

IV. COMPANY PROFILE

HCLTech is an information technology services and
consulting company based in India with a worldwide
presence. The company was founded in the year 1976
as a part of the HCL Enterprise since then it has been
among the dominating players in the IT sector
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worldwide and other services it provides are software
development services, digital transformation services,
cloud computing services, cyber security services, and
engineering services. HCLTech has a high
concentration of employees in thousands of people,
which means that it is engaged in an extremely
competitive and dynamic business environment,
which is characteristic of its presence in a large
number of countries.

These three components of innovation and customer-
focused solutions as well as employee empowerment
have contributed to the growth of the organization.
HCLTech has a reputation of its Employees First
philosophy of placing an emphasis on human capital
as a strategic resource. This philosophy conforms to
the essence of the modern human resource
management theories, which employ employees as not
just means of operations, but the agents of
organizational success and competitive advantage.

HCLTech is a significant center of IT services and
talent development in the context of its operations in
Nagpur. The Nagpur center is adding value both in
terms of the delivery capacity of the company and
employment of a multicultural workforce.
Nonetheless, similar to most companies in the IT
industry, HCLTech grapples with issues pertaining to
employee retention, especially based on the high
employee turnover, active labor markets, as well as
transforming staff expectations.

Theoretically speaking, the problem of employee
attrition in HCLTech can be explained in terms of the
Human Capital Theory and Organizational
Commitment Theory. According to Human Capital
Theory, employees have desirable skills and
knowledge that leads to the productivity of the
organization, and its loss by attrition may result in a
negative impact on performance. The Organizational
commitment theory, on the other hand has focused on
the psychological attachment that employees have
with an organization, which determines whether they
will remain in the company or not.

The adoption of the use of data to drive decision-
making within HCLTech has resulted in the
assimilation of HR analytics in its practices related to
human resource. Using advanced technologies,
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including machine learning, the organization aims at
gaining a more in-depth understanding of employee
behavior, understanding that they can be at risk of
attrition, and acting proactively to retain employees.
This change is part of an overall change in HR
management, as traditional strategies are being
overtaken by predictive and analytical techniques.

Therefore, HCLTech offers a perfect organization to
examine the implementation of machine learning-
mediated HR analytics in terms of predicting
employee attrition since it has a large and diversified
workforce, with a high focus on innovativeness and
data-driven leadership.

V. CONCEPTUAL FRAMEWORK

This study is based on the idea of combining
organizational behavior concepts with machine
learning principles to understand and forecast
employee turnover. It is a theoretical model that
exemplifies the correlation between two independent
variables (employee-related factors) and a dependent
one (employee attrition), as well as involves the nature
of machine learning algorithm as an analysis tool.

The fundamental tenet of the framework is that
employee attrition is not an accidental phenomenon
that takes place; rather it is caused by the
complications of interactions between different
personal, organizational, and environmental variables
at the same time. These interplays can be explained
using the theoretical framework of the Job Satisfaction
Theory and Two-Factor Theory which were developed
by Frederick Herzberg. According to the theory of
Herzberg, hygiene factors (salary and working
conditions) and motivators (recognition and career
growth) are different elements that affect employee
retention differently, which implies both categories of
factors are essential in this regard.

Moreover, the framework is informed by the Social
Exchange Theory where the relationship between
employees and organizations is founded on the
reciprocal exchanges. Employees will be committed
when they feel that the organization presents what they
expect when it comes to rewards, recognition, and
support. On the other hand, an apparent lack of balance
in this exchange may cause dissatisfaction and
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subsequent attrition.

The theoretical framework also takes on board the
concepts of the Unfolding Theory of Turnover that
highlights the significance of critical events or triggers
in employee turnover decision-making. Such triggers
can be absence of promotion, work stress, or enhanced
opportunities outside working premises that combines
with dissatisfaction to speed up the attrition process.

In that theoretical setting, machine learning is
methodological, which makes these abstract concepts
measurable variables. Factors that are related to the
employees like job satisfaction, work-life balance,
salary, experience, and performance rating are
measured and serve as input features in predictive
models. This is processed using algorithms like
Logistic Regression, Decision Tree and random forest
to find a pattern and determine the likelihood of
attrition.

The conceptual map therefore creates a correlation
between which the independent variables directly and
indirectly affect the dependent variable and machine
learning models that are intermediaries to capture and
quantify the relationship between them. Such
combination of theory and technology contributes to
the explaining and prognosing value of the study,
which allows getting a deeper insight into employee
behavior.

Besides, the framework appreciates the dynamic
quality of employee exit and knows that it becomes
more or less with time and various changes of
organizational and external conditions. Predictive
analytics are used to transform retrospective analysis
into proactive decision-making in the framework to
enable organizations to predict the risk of attrition and
take the necessary interventions in time.

Overall, the theoretical framework of the current work
can be discussed as the combination of the classical
HR concepts and the information-based tools, which
allows making the analysis of the problem of
employee turnover and the prediction of its negative
outcome in HCLTech, Nagpur, rather thorough.
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VI. DATA ANALYTICS AND RESULT

The data analytics in this study is based on the
principles of statistical learning and predictive
modeling, in which the parties involved
(systematically analyzed structured employee data)
can reveal patterns that can be linked to attrition. The
data, which shows the characteristics of employees at
HCLTech, Nagpur, is initially preprocessed in the
form of data cleaning, encoding of nominal variables,
and normalization. This will make sure that the
information is adaptable to machine learning
algorithms and reduce bias or inconsistency in the
analysis.

After the preprocessing, classification models such as
Logistic Regression, Decision Tree, and Random
Forest are used on the data. These models are based on
the theoretical premise that the process of employee
attrition can be modeled using various related
variables whose quantitative modeling can be used to
predict the results. Logistic Regression is a
probabilistic binary classification model, whereas
Decision Trees have hierarchical decision rules that
can be interpreted. Employed in ensemble learning
methods, the random Forest technique gives higher
accuracy in the predictions, as it combines the results
of various decision trees to minimize overfitting and
variance.

Table 6.1: Data for Employee Attrition

Category Number of Percentage
Employees (%)
Attrition 300 30%
(Yes)
Attrition 700 70%
(No)
Total 1000 100%

m Attrition [(Yes) = Artrition (Mo)

Fig 6.1: Data for Employee Attrition
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Interpretation

The pie chart representation of employee attrition is
based on the numerical underlining given in the table
above, which shows the percentage of the total number
of employees who left the organization to the total
number of employees who did not leave the
organization. The distribution reveals that one out of
ten workers are allocation to the attrition category and
that 70% remain to stay within the organization.

On the theoretical level, this distribution symbolizes a
considerable rate of workforce turnover, especially
when dealing with the sphere of the IT industry,
whereby the mobility of the employees are what
predisposed by the nature of this sector in the first
place. The 30% attrition rate is a sign that almost every
third of employees is exposed to circumstances that
loosen their loyalty to the organization. This is
explainable in terms of Organizational Commitment
Theory that states that employees who experience less
affective, continuance and normative commitment
have a higher chance of leaving.

Moreover, the data emphasizes asymmetry between
the dynamics of attraction and those of reversal.
Though most of the employees will stay with the
organization, that minority in the organization, who
leaves, can contain highly skilled individuals whose
loss can translate to huge losses in productivity,
knowledge and organizational efficiency. This is in
accordance with the Human Capital Theory that
perceives employees as high-value assets whose
underperformance has a direct negative effect on
organizational performance.

The rate of retention (70 percent) indicates that the
currently used HR policies and organizational
practices are moderately effective in ensuring stability
of the workforce. Nonetheless, the existence of a
significant attrition segment signifies that there are
some underlying problems that need a strategic
intervention. Job dissatisfaction, lack of career
advancement and discrepancy of work and personal
life are some of the factors that add to this
phenomenon that supports the applicability of
Herzberg distinction between hygiene factors and
motivators.
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Moreover, the table can be used to predictive model
high-risk employees and low-risk employees, in which
machine learning algorithms use these distributions to
classify employees accordingly. The capability to
recognize employees who are within the 30% attrition
range prior to them leaving the company is a big
improvement in HR analytics. It helps the
organizations to be proactive, in the form of target
engagement processes, extra career development
strategies, and remuneration changes.

The results also indicate that the issue of attrition is not
only personal but also structural and determined by the
organizational arrangements, managerial procedures,
and the outside employment market factors. Thus,
attrition needs to be dealt with in a comprehensive
strategy that is based on both evidence, data and on
people-oriented management.

To sum up, the outcomes of the analysis conducted
using the data analytics show that machine learning-
based techniques can be used to quantify, analyze, and
predict employee attrition. Numerical data in
combination with theoretical frameworks promotes a
holistic solution to staff behavior, and organizations
such as HCLTech can utilize it to explicitly strengthen
their retention policies and become sustainable in the
long run.

VII. DISCUSSION

The results of the present research can shed a lot of
light on the usage of HR analytics based on machine
learning to forecast the departure of employees in
HCLTech, Nagpur. The findings indicate that staff
turnover is a complex phenomenon that depends on a
complex interplay of organizational, behavioral, and
individual factors. The relationships between such
variables as job satisfaction, work-life balance, salary,
and career growth opportunities, and the probability of
employee turnover are strong and revealed in the
predictive models used in this study, especially the
Random Forest.

These results coincide with theoretical premises of
Herzberg Two-Factor Theory, developed by Frederick
Herzberg that separates hygienic factors and the
motivators. The research establishes that low salary
and poor working conditions are poor hygiene factors
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that cause dissatisfaction, whereas they lack
motivators, including recognition and advancement
opportunities, bring about less engagement and
commitment among employees. This two-fold control
is a significant factor in shaping attitudinal
withdrawal.

Moreover, the findings correspond to the
Organizational commitment Theory, which focuses on
the psychological bond of the employees to their
organization. Affective commitment can be low
among employees and forecasts their turnover to seek
other job opportunities elsewhere. The predictive
models are efficient in reflecting this relationship in
that employees who are less satisfied and less engaged
are seen as being at high-risk that they might leave.

The findings in this study, when contrasted with those
in the current literature, support the emerging belief
that machine learning applications are better
predictors of employee turnover than conventional
statistical ones. Ensemble models, including Random
Forest, have been shown to be effective in working
with complex data sets and this study confirms these
assertions in the IT sector setting. Also, the paper
confirms that predictive HR analytics help
organizations shift to the proactive instead of reactive
management approach.

Nonetheless, some deviations of previous studies are
also noted in the discussion. Although classic models
tend to remember demographic indicators like age and
gender, the present study establishes behavioral and
organizational indicators causing a greater influence
of attrition. This trend indicates the changing nature of
the contemporary workforce, whose employee
expectations are getting more and more focused on job
satisfaction, flexibility, and career advancement.

In general, the discussion reveals the significance of
combining theoretical framework and integrated
analytical tools to develop a complex analysis of
employee  attrition. ~ The overlap  between
organizational behavior theories and machine learning
models offers a solid framework to explain and
forecast.
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VIII.  FINDINGS

The analysis shows that attrition of employees in
HCLTech, Nagpur occurs within a mix of intrinsic and
extrinsic factors that determine the experiences people
have at this organization. Job satisfaction is one of
these bases forcing us to note that employees who feel
that their jobs are meaningful and rewarding are less
likely to quit. Work-life balance is also a very
important factor, and as employees are becoming more
interested in flexibility and personal well-being in
addition to job performance, this factor becomes
critical.

The analysis also shows that the retention is driven by
compensation and career growth opportunities.
Employees that feel that their pay is unequal or that
there are limited career opportunities show a greater
tendency of leaving the company. These results
support the importance of motivational theories to
employee behavior.

Methodologically, the research concludes that
Random Forest has attained the best predictive
accuracy when compared to the other models of the
study, then Decision Tree, and lastly, Logistic
Regression. This result underscores the potential of
ensemble learning methods in their capacity to learn
intricate relations in HR data.

Another valuable finding is that attrition of the
employees is not a phenomenon that just happens and
can be predicted by analyzing the data. The fact that
machine learning models can be used to categorize
employees as those with a high risk to the organization
and those with a low risk shows the real-life
significance of predictive analytics in HR
management.

IX. CONCLUSION

The current research was intended to identify how HR
analytics using machine learning could be applied in
predicting the exit of employees at HCLTech, Nagpur.
The study is able to illustrate that patterns and
relationships as well as important determinants of
employee turnover can be detected using advanced
analytical tools.

The findings verify that job satisfaction, work-life
balance, pay and career advancement are the key
factors affecting attrition of the employees. These
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results confirm the alternative hypothesis (H 1) which
mentions that there is a significant relationship
between employee-related factors and attrition
whereas the null hypothesis (H 0 ) is dismissed.
Theoretically, the organization of this study
substantiates the already set organization behavior
theories such as the Two-Factor Theory and
Organizational Commitment Theory by proving their
suitability in a data-driven setting. Meanwhile, it
emphasizes the disruptive nature of machine learning
use in augmenting predictiveness of HR analytics.

To sum up, machine learning integrated with HR
analytics is a potent model of how the issue of
employee attrition can be comprehended and solved.
When organizations embrace such strategies, they can
help develop a competitive edge by enhancing
employee retention, streamlining the workforce
planning, and the overall performance of the
organization.

X. RECOMMENDATIONS

Relying on the research results, it can be concluded
that companies like HCLTech need to be strategic and
data-oriented in their employee turnover management.
The introduction of predictive HR analytics systems
based on machine learning models that detect
employees at risk of turnover is one of the
recommendations. These systems allow the HR
managers to act proactively than respond to the loss
when it already happened.

The other recommendation is that employee
engagement initiatives should be strengthened.
Organizations ought to be preoccupied with ensuring
that they have a supporting work environment which
ensures job satisfaction, recognition as well as sense
of belongingness. This is consistent with motivational
theories that provide intrinsic rewards as a key in
employee behavioral causeation.

Better work-life balance is also important, especially
in the IT sector where work demands are high, and
working hours are long. Wellness programs, flexible
work arrangements, and remote work opportunities
can also greatly decrease employee stress and enhance
their retention.

Secondly, companies ought to invest in career
development programs, which offer the employees a
definite growth ladder and a chance to upgrade their
skills. This is not only effective in enhancing
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employee satisfaction but also enhances commitment
to the organization.

Last, it is crucial to make sure there is ethical
utilization of employee data in HR analytics. The
companies should ensure transparency, privacy of
employees and prevent biases in machine learning
models to foster trust and safe decision-making.

XI. FUTURE SCOPE

The future research possibilities in the area of machine
learning-based HR analytics are limitless and
constantly changing. Various sources of potential
directions include the application of real-time
organization data to create more adaptable and
dynamic predictive models. This type of model will be
in a position to constantly generate predictions in
response to evolving employee behaviors and
organizational conditions.

The other field of interest in the future is incorporation
of highly sophisticated machine learning methods
including deep learning and neural networks that can
further enhance the level of accuracy in prediction.
Also, integration of unstructured data including
employee feedbacks, emails, and performance reviews
will be useful to get a more in-depth picture of how
employees feel and how he engages.

The field that can be considered in future studies is the
use of explainable artificial intelligence (XAI) to make
machine learning models more transparent and
interpretable. This is especially crucial in HR settings,
in which the choices have direct influence on the
careers and wellbeing of employees.

Furthermore, cross-industrial and cross-organizational
research can offer a more comprehensive evaluation of
the dynamics of attrition and contribute to the
increased generalizability of the results. The role of
cultural, social, and economic factors in determining
how employees behave can also be examined by the
researchers.

To sum up, the future of the HR analytics is in the
combination of new hi-tech technologies with more
humanistic and inclusive methods, which allows
organizations not only to analyze staff turnover but
also provide more exciting, inclusive, and sustainable
workplaces.
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