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Abstract-An increasing number of people with mental
conditions and the disjointed state of the traditional
healthcare provision system has posed significant
problem to the contemporary medical systems. To this
day, most of the digital health platforms combine
mental health support and clinical service as two
independent features, which leads to incoherent care,
improper coordination, and poor use of patient data.
The proposed paper, MedDoctorHub, is a scalable, Al-
driven, cloud-native healthcare solution that includes
mental health intelligence, stress management, doctor
discovery, appointment organization, and longitudinal
health analytics within one ecosystem. The platform is
a combination of conversational AIl, structured
behavioral data capture and role-based clinical
workflows to improve access, early intervention and
data-driven decision-making. The experimental
evaluation indicates that it is better to use, has
smoother processes, and stable performances when it
is used alongside other healthcare systems.

Index Terms- Healthcare, Mental Health Informatics,
Telemedicine, Health Analytics, Cloud-Native Systems.

I. INTRODUCTION

Mental issues like stress, anxiety and persistent
stress have been a significant world wide social
issue. They influence individuals of all ages and
socio-economic backgrounds, and their effects are
particularly serious in the teenage and young
adulthood years, when premature onset may result
in psychological, social and economic implications
in the long run. This has been aggravated by rapid
urbanization, shifting lifestyles, pressure at school
and work and the enduring impact of world crises.

Even though the mental health awareness has
increased, access to affordable, timely, and stigma-
free treatment is still low especially in low and
middle-income areas [1]. The lack of trained
professionals, insufficient infrastructure, and stigma
towards diagnosis and treatment still postpone it [2].
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This has led to the situation where most people are
not getting the necessary help before their condition
is already deteriorated.

Meanwhile, healthcare delivery is also fragmented.
Mental health services receive a detachment to
general clinical care, making it impossible to have a
full picture of the patient and effective coordination
of care [3], [4]. The result of such segregation
denies and limits information exchange among
providers, continuity of care, and the creation of
holistic treatment plans. The existence of such gaps
implies that the gaps necessitate the need to have a
unifying approach to bring mental health
intelligence and a broader array of clinical service
together.

Telemedicine solutions and other digital healthcare
applications such as mobile healthcare apps,
wearable devices, decision-help systems powered by
Al have reduced geographical barriers as well as
facilitated access to care [5], [6]. It is also proven
that AI- powered tools can be applied in early
detection, prediction of risks, and personalized
intervention [7]-[9]. However, most of the available
systems do not provide cohesive healthcare
experience yet. Mental health support, timetable
management, and analytics are not connected to
each other on many occasions, providing disjointed
operation procedures and profile becoming patient
incomplete [10], [11]. There are also several
platforms that do not use continuous patient-
centered monitoring in order to track the
transformation of mental and physical health over
time, but rather episodic or static data.

Another layer of challenge is the trust and security.
The lack of collaboration with the patients and the
lack of consent management models and privacy
burden decrease user trust and prevent the mass
adoption. Even technically competent mechanisms
are unable to develop sustainable engagement
without powerful protection of sensitive health
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information and open data practices.

There are still a number of major challenges.
Current ones have low levels of mental health and
clinical care integration, poor continuous monitoring
support, ineffective patient and clinic doctor
discovery and appointment, and relatively limited
patient and clinic level analytics [11], [12]. Privacy,
transparency and security issues are other factors
that slacken the adoption.

MedDoctorHub is suggested as a single healthcare
smart system that will help to overcome these
problems. It is a one-stop integrated mental health
care combining Al with clinical service
management and health analytics. The idea is to
overcome this mental and physical isolation, and
develop an inter-integrated ecosystem, in which
patient information, clinical practice and smart
insights share information.

This way is in new literature. Machine learning,
predictive analytics, natural language processing,
and predictive analytics are Al as demonstrated by
Palmer et al. [13], Mikaeili et al. [14], Olawade et
al. [15], Alhuwaydi et al. [16], Bajwa et al. [17],
Dave et al. [18], Hirani et al. [19], and Yeasmin et
al. [28]

Other works on the same topic regarding more
general Al-based systems [21]-[28] also mention a
broader change to more domain-specific intelligent
platforms in the professional practice. Together,
they are indications that well designed Al solutions
can enhance decision support, service delivery as
long as such a deployment is buttressed by good
governance and technical rigour. With those results
in mind, MedDoctorHub can make a difference in
affecting mental health risk at an early age and
continuous well-being observance and individual
therapy as well as better appointments and data
management, physician choice, health record, and
decision support. The site is interoperable, scaled
and secure with both facilitating dependent and
problem-free cooperation between the patient and
the physician.

II. LITERATURE REVIEW

Yeasmin et al. (2025) [28] highlight the use of
machine learning, NLP, wearable sensors, and
chatbots as far as mental health monitoring is
concerned. Having them report allows Al to go
beyond the traditional clinical context and, ask
about an aspect of privacy, legitimacy and
responsible use.
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The article by Ali et al. (2025) [29] explains the role
of artificial intelligence in the diagnosis, monitoring
and treatment of mental healthcare. They emphasize
that to be applicable in practice these systems need
to be founded on interpretability, data governance,
and ethical implementation.

Alhuwaydi (2024) [30] tells about the modern trends
in the sphere of Al-based mental care, including
diagnostic  support, prediction and personal
treatment plan. The need to have more security and
the need to have ethical protection as well as clinical
validation has also been highlighted in the review.
Finally, Olawade et al. (2024) [31] substantiate the
value of artificial intelligence in enhancing the
mental healthcare provision by offering an early
diagnosis and real-time monitoring, as well as
interpersonal treatments. During the analysis, they
state that some major concerns are implementation
with regards to privacy, reliability and fairness of
implementation.

Chong et al. (2025) article [32] represents a broader
view of Al implementation in healthcare that could
be utilized in disease diagnostics, disease prediction,
and tailor-made treatment. Their findings are
applicable to the mental care as they approximate
the significance of interoperability, scalable design
of the systems, and consistent utilization of the data.
The article by Linardon (2025) [33] reflects future
prospects of applying artificial intelligence within
the psychiatric field

e.g. in diagnosis, treatment planning and in patient
follow up. The study notes that there are tremendous
benefits that are achieved when data privacy, ethical
risk, and clinical reliability are managed
appropriately.

The article by Sharma et al. (2025) [34] focuses on
the mental health care of young people and the
application of Al to support the diagnosis of mental
disorders early on, risk factors, and treatment via the
Internet. This argument is confirmed in their
discussion as they require an ethically viable system
that is clinically based and allows improved access
in the absence of endangering safety.

A. Artificial Intelligence Mental Health Assistants.
The use of conversation algorithms is used by
Woebot, a conversational system implementing
cognitive behavioral therapy [35], and Wysa, which
offers scalable mental health help. Moderate stress
improvements and anxiety improvements are also
researched but typically are not part of clinical
processes and most are not well defined in how
they can be used to refer to licensed professionals.
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B. Telemedicine Platforms

Applications of telemedicine such as Practo [37] and
Teladoc [38] have improved booking of
appointments and consultation. Nevertheless, they
normally concentrate on the clinical logistics and
not around continuous mental health monitoring,
behavioral analytics and integrated longitudinal
care.

C. Mood Tracking Applications

One more application with the help of which the
user can follow the mood patterns and activities of a
day is called Daylio [39]. These instruments are
efficiently used in self-reflection and are usually not
connected with clinical workflows and systematic
decision support.

D. Research Gap

There is an obvious gap in the literature: a few
systems integrate Al-based emotional support,
ongoing behavioral data collection, validated
clinical engagement, and all analytics into a single
platform. MedDoctorHub will fill that gap.

II. METHODOLOGY

The MedDoctorHub is developed as an integrated,
scalable, and intelligent healthcare platform, which
integrates Al-based mental health care with clinical
service support and longitudinal analytics as
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depicted in Figure 1. It relies on a modular and
cloud-native design methodology to promote
interoperability, scalability, and data security. The
system is grouped into three major layers, namely
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Presentation layer offers web and mobile interfaces
engaging the users, the patients, and healthcare
providers. It enhances self-reporting of symptoms,
self-assessment of mental health, scheduling of
appointments and visualizing health data. The
design has usability and accessibility as its primary
intentions because users should be able to use the
system on a regular basis and provide valuable
longitudinal data.

What is known as the computing powerhouse of the
platform is application layer. It covers the Al
components of mental health assessment, predictive
analytics, recommendation and clinical workflow
management. Machine learning models predict
mental health risk, basing on the structured
behavioral input and historical records of health, but
NLP is required to analyze the free-text symptom
descriptions and user feedback to identify patterns
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assistance of a recommendation engine.

Q

Dootor Finder

9,

Admin Panel

G_c..m_
Google Login r—)4&~m context—

Supabase Auth

f D
o vigger alerts. Notification

Service

(RBAC) —

o A,g_mmm
Supabase AP
Layer
G

—>
Management HTTPS, RBAC
Module Analytios
Engine
© —s
>
Mood Tracker It TIPS, RBA
Al Chatbot
f Servios
Qs d
Doctor
Dashboard
T
E B DATA LAYER
Appointment G} POSTGRESQL DATABASE
Booking
S =
HTTPS.
o g
S User Profiles Doctor Profiles Appointments
Patient d
Dashboard
Audit Logs Health Vitals Mood Entries
I ok Sonsori
| Siorage
Analytios N
O
3
Prescriptions Medical
D Documents
Al Chatbot

Fig. 1: Overall System Architecture of MedDoctorHub
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The data layer is concerned with secure storage,
retrieval and structuring of mixed healthcare data
including behavioral logs, clinical data and data that
interacts with system capabilities. Preprocessing
steps that do not change the quality and consistency
of data include normalization, feature extraction,
and missing-value treatment. The system will be
able to keep track of the patient trends over time and
do a temporal analysis with the help of longitudinal
storage.

In its design to provide 24/7 mental health services
with Al assistance, the platform implements a
pipeline that takes the input of the user, runs the data
through trained models, and aids in producing real-
time information and suggestions. These products
assist in facilitating a personalized provision of care
as well as clinician decision-making. The
longitudinal analytics also assist in detecting
behavioral trends and anomalies across time, and

thus proactive intervention is more realistic.

Security and privacy are not considered to be
afterthoughts. The framework includes encryption,
role-based access control, and secure authentication
to guard the confidential medical data.
Anonymization and controlled- access policy of data
also contribute to the protection of privacy and
conformity to standards of healthcare protection.

The system is implemented within the framework of
a cloud-based microservices architecture, based on
APl integration. This enhances scale, real-time
processing capabilities, ability to flexibly use
resources, and interoperability with other systems in
healthcare to a greater extent. These design
decisions in combination provide a safe, smart and
patient-focused healthcare environment, illustrated
in Figure 2.
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Figure 2: MedDoctorHub architecture showing integrated presentation, application, data, and cloud-security
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In order to organize the operation of the platform,
mathematical models of major system components
associated with risk prediction, behavioral analysis,
doctors recommendation, scheduling, and data
protection are illustrated.

Where X = ( x I, x 2, x 3, etc., X n ) is the
multidimensional feature of behavioral aspects,
physiological biomarker and clinical information.
The mental health risk prediction model is: (1) R =f
-oetheta(X).

In this case, f theta refers to a machine learning
model with parameter theta, and R [0,1] refers to the
risk score as predicted based on mental health.

In case of textual inputs (description of symptoms
and user feedback) sentiment will be estimated as:
(2) S=(1/m) x sum (i 1 to m) [w i X score(t 1)].

In this notation, t i refers to individual tokens, w i
refers to the weight of such a token and S is the
sentiment polarity score obtained.

Defining longitudinal health state would give: (3) Ht

=gH (t-1), X t).

In the case of doctor recommendation, a composite
score is applied: (4) Score _d = alpha, Sp + beta, Se
+ gamma, S a, with S p, S e and S a representing
specialization match, experience, and availability
respectively, and alpha, beta and gamma summing
to 1.

The allocation of appointments is modeled as an
objective to be optimized aiming at minimizing the
patient wait time and maximizing the utilization of
doctors.

The problem (5) is to minimize sum(Wi) and
maximize sum(Uj), where Wi is the waiting time of
patient i and Uj is the utilization of doctor J.
Encryption is defined to ensure safety of health data
to protect data in the form (6) C = E k(D), D =D
k(C) and C and D are encrypted and decrypted data
using key k.

These models furnish a mathematical basis of the
framework of MedDoctorHub and aid scalable and
information based and secure medical care delivery.
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Figure 3: MedDoctorHub methodology components

A. Database Design (supabase Integration).

The platform relies on relational data model
deployed on Supabase to aid the storage in a
structured  form, scalability and efficient
management on the backend. Supabase is developed
on PostgreSQL, thus gives a strong base of real-time
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updates, authentication, and security = API
generation.

The role-based access control is incorporated
throughout the system in such a manner that
patients, medical workers, and administrators are

allowed to see only the data that is pertinent to their
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duties. Important objects by which the schema is
structured are user profiles, physician credentials,
appointment logs, mood and behavioral logs,
physiological vital logs, and administrative audit
log.

Such features as live mood tracking, and updates on
appointments can also be implemented with the help
of real-time subscriptions supported by Supabase.
Privacy: Inbuilt authentication and row level
security improves privacy and makes it possible to
comply with the healthcare security obligations.

B. Mood Tracking and Stress Management.

There is a special application that allows tracking of
moods and stress at any time. Users are able to
chronicle categorized details regarding mood, the
stress degree, rest and daily activity. The system will
analyze this input to come up with the patterns of
behavior and potential mental health dangers over
the years. Practices such as breathing and meditation
sessions are guided in order to help control oneself
and develop betterment of mental health.

C. Doctor Discovery and
Management.
MedDoctorHub is a doctor search and appointment
scheduling facility to make it easier to find a doctor
and get an appointment. The patients can look
through a list of validated practitioners based on
specialization,  experience and  availability.
Recommendation engine: It utilizes it to rank the
right doctors basing on the patients needs. It also

Appointment

handles entire process of appointment lifecycle such
as scheduling, re-scheduling, consultations tracking
and follow-up arrangements.

D. Health Analytics Dashboard.

The system is equipped with a health analytics
dashboard that helps in converting aggregated
behavioral and clinical data into insight that can be
put into action. Analytical tools help identify trends,
end-to-end correlations and dynamic explosions
based on the entire medical history of a patient and
represent these in simple-to-understand graphics.
This leads to a chance to monitor the progress, more
individual care and facilitates clinical decision-
making evidence-based.

E. Security and Privacy.

The challenges related to MedDoctorHub ecosystem
are security and privacy. The platform employs the
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RBAC to errors access rights basing on their roles
and avoid sensitive information and exposure. The
network mode are encrypted authentication
protocols giving the network access, thus
guaranteeing the safety of the logins and
communications process and the medical records
and user generated materials are stored via
implementation of secure document storage.

Audit logging offers a level of accountability in an
administrative mode and can offer traceability since
the key actions of users and the system are recorded.
Each of these mechanisms will ensure a solid
security framework to safeguard privacy, rules and
regulations and user trust.

All these controls are jointly used to increase the
levels of confidentiality, integrity and transparency
in the functioning that the platform is supposed to
possess when sensitive healthcare information is
supposed to be treated with consistent care.

Algorithm 1: MedDoctorHub Framework

Input User: data U (behavioral, clinical, textual)
three-output Risk score, recommended doctors,
analytics.A

1.1. Combine and preprocess user data to create
feature vector X.

2.2. Calculate the mental health risk with the help of
Equation (1).

3.3. Calculate the longitudinal health condition with
Equation (3).

4.4. Calculate doctor recommendation scores based
on Equation (4).

5.5. Make appointments according to the availability
and optimization rules.

6.6. Produce analytics A using aggregated data.

7.7. Encrypt sensitive data with C=E k (D).

8. Revert R, D and A to patients and clinicians.

IV. EVALUATION AND RESULTS

Assessment was based on the factors of usability,
performance and functional completeness. Task-
based testing indicated that users were able to
navigate through major workflows effectively,
whereas performance testing indicated that the
system was capable of being used with multiple
users simultaneously without exhibiting unstable
behavior. On the whole, the findings indicate that
MedDoctorHub enhances continuity of care in
relation to using standalone mental healthcare tools
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and telemedicine only go round.

A.Evaluation Metrics

1. Mental Health Prediction

The mental health prediction module based on Al is

considered in terms of standard -classification

metrics. Accuracy is measuring the general rate of

correct predictions. Precision is used to show the

number of predicted positive cases that are actually

positive whereas recall is used to show how well

the model predicts true positive cases. Fl-score

gives a balanced

account on the precision and recall.

(7) Accuracy = (TP + TN) /(TP + TN + FP + FN)

(8) Precision=TP /(TP + FP), Recall=TP /(TP +
FN)

(9) F1 = 2 * (Precision * Recall) / (Precision +
Recall)

2. Risk Score Prediction

Regression error measurements are used to estimate
the risk of mental health since they require
continuous estimation. Root Mean Square Error
(RMSE) is the square root of the mean squared
error, whereas Mean Absolute Error (MAE) is the
mean absolute deviation.

(10) RMSE = sqrt((1/n) * sum(i=1 to n) (y_i -
y_iY2)

(11) MAE = (1/n) * sum(i=1 ton) |y i-y" i

3. Mood Monitoring and Behaviour Analysis.
Continuous consistency rate and trend detection
accuracy have been measured to determine
continuous monitoring. Consistency is used to
measure the completeness of the user input stream
with time, and trend detection accuracy measures
the capability of the system to identify useful
changes in behavior.

The consistency rate is expressed so that, (12)
Consistency Rate = (Number of valid entries)/Total
expected entries) x 100. The formula is (13) Trend
Detection Accuracy = (Correct trend predictions /
Total trends) 100.

4. Doctor Recommendation System

The recommendation engine is also measured using
ranking based measurements. Top-K accuracy
evaluates the presence of the right doctors among
the best in the recommendations, and the Mean
Reciprocal Rank (MRR) is an assessment of the
ranking of the first relevant result.

The test-statistic of the top-K accuracy is = Relevant
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items in the top K / K.

(15) MRR = (1/N) * sum(i=1 to N) (1 / rank 1)
5.Appointment System

Waiting time and completion rate are the measures
used to evaluate appointment management. Waiting
Time = t consultation - t request = (16) waiting time.

This implies that completion rate is calculated by
dividing the number of finished appointments by the
number of appointments.

6. System Performance

The measures of efficiency and scalability of the
system are latency, throughput, and uptime.

(18) Latency = t response - t request Where(19)
Throughput = Total requests/Time.

(20) Uptime = (Operational time / Total time) * 100

7. Security Metrics

Security performance is analyzed by the rate of
authentication success, as well as tracking attempts
of unauthorized access.

(21) Authentication Success = (Successful logins
/All login attempts)x 100.

B.Results and Discussion

The MedDoctorHub experimental assessment shows
the importance of integrating mental health
intelligence with clinical service management into
one platform with AL The system was evaluated in
predictive performance, longitudinal behavioral
analysis, quality of the recommendations made, the
system was scalable with, and the security of the
system as summarized in Table no. 1.

How big a data analytics tool can perform The
mental health prediction module demonstrated a
high-classification performance, which indicates
that the behind-the-scenes machine learning models
may be able to identify significant relationships
among behavioral, physiological, and clinical
characteristics. The use of longitudinal signals also
enhanced stability by considering the changes in the
patient condition with time and facilitating the
previous identification of risks.

The mood tracking and stress management module
allowed the ongoing gathering of designate
behavioral data, helping uphold time-series
analysis, anomaly identification, and adaptive risk
evaluation. Breathing and meditation through
instructors were the activities, which provided a
feedback mechanism, which made the module more
supportive and personal.
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The doctor does subsystem of recommendation and
appointment also worked well. It was also very
applicable in the capability of the recommendation
engine to match the patient with the relevant
healthcare facility as well as the time aspect of the
schedule available cut down the waiting time and
increased the slotting of appointments which in
general were more operationally effective.

The success of the health analytics dashboard might
be in its display of the aggregated behavioral and
clinical information into actionable information.
Dashboard assisted in making evidence-based and
more tailored care plans by displaying trends,
anomalies, as well as long-term relationships.

The architecture was clouded networked and proved
to be suitable in the real time healthcare setting
regarding its systems perspective capability to

Table no. 1: Performance Evaluation of MedDoctorHub

guarantee low latency and high throughput as well
as parallel loading capability. It also entailed the
enhancement of the facet of modularity,
interoperability, and resiliency on the microservices
design.

Security controls (RBAC, encryption and audit
logging) that enhance privacy and integrity and
tracing were in line with the basic healthcare data
protection requirements.

Taken together, the outcomes reveal that the
MedDoctorHub is a superior system to the baseline
systems in the sense that it provides predictive
modeling, live monitoring and support of the
clinical workflow within a single platform. All this
combination results in enhanced predictive
performance, effective service provision, and
reliable healthcare delivery.

Module Metric Value
Mental Health Prediction IAccuracy 92.4%
Precision 91.2%
Recall 90.8%
IF1-Score 91.0%
Risk Score Prediction RMSE 0.18
MAE 0.12
Mood Tracking Data Consistency Rate 88.6%
Trend Detection Accuracy 89.7%
Doctor Recommendation Top-5 Accuracy 93.1%

Mean Reciprocal Rank (MRR) 0.87

Appointment System Avg. Waiting Time Reduced by 35%
Completion Rate 94.5%

System Performance Latency 120 ms
Throughput 1500 requests/sec
[Uptime 99.2%

Security IUnauthorized Access 0 incidents
/Authentication Success Rate 99.6%

C. Comparison with Existing Methods

To confirm the proven efficacy of the
MedDoctorHub, 1 compared the proposed
framework with the existing digital healthcare
systems, such as standalone telemedicine services,
Al-based mental health prognosis technologies and
traditional healthcare management frameworks, as
demonstrated in Table no. 2.

The majority of telemedicine systems enhance
access to the consultation and booking
appointments, still, they deliver rather reactive care
as they do not involve integrated mental health
intelligence or continuous behavioral surveillance.
MedDoctorHub is different as it can integrate
clinical access with Al-based risk assessment and
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longitudinal tracking to enable earlier intervention.
A range of mental health Al-based models in the
literature are restricted to offline prediction
operations on fixed datasets. They are not normally
compatible with real-time implementation or real-
time integration with clinical workflows. By
integrating Al into a working care system, which
responds to ongoing patient and clinician input,
MedDoctorHub goes beyond single prediction to
provide ongoing live feedback as well as actionable
patient and clinician output.

The conventional healthcare management systems
often store mental and physical health record in a
silo. This undermines the integrated care and
restricts overall assessment of the patient.
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MedDoctorHub, on the other hand, combines
behavioral and clinical and interaction data into one
environment, which allows viewing the health of the
patient more comprehensively.

The current systems are also likely to offer minimal
statistics and visualization. MedDoctorHub deals

Table no. 2: Comparative Analysis with Existing Systems

with that by providing an interactive dashboard that
assists in trend analysis, anomaly detection, and
data-driven decision-making.

RBAC, encryption and audit logging are
implemented to platform at the security level to
make data management more open and credible.

Telemedicine | Al Mental Traditional
Featu MedDoctorHub (P d
cature Platforms Health Models |Healthcare Systems edDoctorHub (Proposed)
Mental
. é Health Limited Partial No Full Integration
Integration
Continuous Monitoring No Limited No Yes
Al-Based Prediction No Yes No Yes
Clinical
lmc? Workflow Yes No Yes Yes
Integration
Real-Time Analytics Limited No No Yes
Doctor Recommendation Limited No No Yes
Data Integration Fragmented | Dataset-specific Fragmented Unified
. . High
Security & Privacy Moderate Low Moderate . (RBAC +
Encryption)
Scalability Moderate Low Low High (Cloud-native)
V. CONCLUSION recommendation, system-level measurement.
Mood  monitoring, doctor recommendation,

As demonstrated in MedDoctorHub, combining
mental health intelligence and the delivery of
clinical services is a viable and effective solution
based on Al-driven, cloud based systems. The
system will add the much-needed missing links in
the current health systems and a powerful starting
point in research as well as the actual application.

In the paper, MedDoctorHub was
recognized as an intelligent healthcare platform that
can be scaled by using mental healthcare and

present

extends its services to other clinics. The framework
is able to address several of the historical problems
in the provision of healthcare like lack of coherent
service structure, lack of 24/7 monitoring and
decision support based on data. The machine
learning, natural language processing, and
longitudinal analytics technologies enable the
platform to stop early diagnosis, uninterrupted
behavioral tracking, and a more individualized
intervention.

The experimental outcomes are indicative of

experiment outcomes presenting a  positive
perspective of performance: prediction,
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appointment management, and health analytics are
some of the features that make a patient-centered
model of care. At the same time, cloud-native
implementation, RBAC, and encryption contribute
to the efficient,
functioning. The platform can be further extended in

high-performance, and safe

future work, using more model oriented towards
learning, through the addition of more multimodal
input and wearables, and privacy preserving models
like federated learning. Other significant guidelines
are to enhance model interpretability, facilitate low-
latency edge deployment, and non-clinical
expansive clinical validation. These will help turn
MedDoctorHub into a new generation healthcare
model of safe, effective, and self-emphasized care
delivery.
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