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Abstract—The appearance of the user oriented content 

as the key decision making tool has radically changed 

the design of consumer trust in the online markets. 

Within the context of e-commerce, online reviews, both 

in the form of textual accounts, star ratings, verified 

purchase badges, photographic and video testimonials, 

have now replaced the traditional advertising as the 

primary informational input to the consumer in the 

process of making purchase decisions. In this research 

paper, a detailed, theoretical, empirically proven 

exploration of the influence of online reviews on 

consumer purchasing behavior in e-commerce sites is 

done based on the primary survey results of 100 

participants who were based on different age and 

purchasing frequency groups in India. The research 

methodically evaluates ten behavioral and attitudinal 

measures of the effect of reviews on purchasing such as 

the frequency of reading reviews, the perceived 

strength of the influence, the preference of the review 

format, the depth of reading, the reaction to negative 

reviews, the trust to review genuineness, the occurrence 

of decision change, platform trust hierarchies, review 

contribution conduct, and the overall significance 

ascribed to the reviews throughout the buying process. 

The empirical evidence supports all five research 

hypotheses that are connected with online reviews and 

purchase intent, product abandonment, formation of 

trust, platform selection, and digital word-of-mouth 

behavior. The results are based on the Elaboration 

Likelihood Model theory, the Information Adoption 

Models and the Social Proof theory and they reveal that 

79 percent of consumers value reviews as being 

extremely or very influential, 81 percent of them report 

some type of purchase decision change as a result of 

reviews, and 46 percent regard reviews as absolutely 

necessary to their buying process online. The paper 

ends with the strategic implications on e-commerce 

platforms, brand managers and the digital marketing 

practitioners.  
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I. INTRODUCTION 

1.1 The Review Economy Rises 

Over the past 20 years, the center of consumer power 

in the decision-making process has been seismic in 

nature - shifting away institutional bases of trust 

(brand reputation, advertising, expert endorsement) 

and more towards distributed, peer-created bases of 

trust (online reviews, ratings, user photographs and 

video testimonials). The architecture of Web 2.0 has 

brought about this change, and the boom in mobile e-

commerce has accelerated it: this has formed what 

academics have christened the review economy an 

information ecosystem where the collective opinion 

of past buyers forms the most potent input to 

decision-making processes of potential consumers. A 

cornerstone of this transformation was the launch of 

customer reviews by Amazon in 1995: the process by 

which simple consumers could publicly review 

products and exchange experience, institutionalized 

by Amazon, resulted in one of the greatest marketing 

engines in all of commercial history: one that is free 

to the seller, which cannot be editorially controlled 

by the brand, and whose credibility can never be 

purchased with money.  

The magnitude of this phenomenon is beyond 

understanding in human experiential concepts. Many 

of its products have more than 150 million reviews in 

Amazon India alone; millions of reviews are 

processed by Flipkart every month; Google Business 

reviews impact the buying decision of tens of 

millions of local and online searches every day. In a 

2023 survey, Bright Local determined that 98 percent 

of consumers read online reviews about local 

businesses at least once and three-quarters (77 

percent) of consumers read them always or frequently 

when considering online purchases. The consumer 

psychology, marketing strategy, and design of e-

commerce platforms implications are tremendous: in 

a world where nearly every consumer reviews peer 

reviews prior to buying, review ecosystem 

management has emerged as one of the most 

commercially-significant activities that brands and 

platforms engage in.  
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The situation in e-commerce in India introduces 

unique complexities to this phenomenon in the world. 

Having more than 220 million active online shoppers, 

a fast-growing middle class with growing digital 

savvy, and with the most pronounced cultural 

orientations to collective validation and 

consequential decision making, Indian consumers 

have a high frequency, but high influence intensity, 

review-consulting behavior. At the same time, the 

Indian market has been exposed to the practice of 

review manipulation (faux reviews, incentivized 

ratings, positive reviews sponsored by the brand) and 

this has instilled within the consumer population the 

advanced skepticism towards the authenticity of 

reviews that has a material impact on the relationship 

between review valence and purchase behavior. 

 

1.2 Statement of the Research Problem 

Although the overall impact of online reviews on 

consumer behavior has been sufficiently theorized 

and empirically sparse in the world literature, there 

are still several aspects of this impact on the situation 

in the Indian e-commerce environment, which are 

poorly theorized and empirically thin. What are some 

of the differences that Indian consumers make in 

regard to trustworthy and manipulated reviews? 

What is the number of reviews that the consumers 

read and does the extent of decision quality moderate 

with the level of review reading? What are the 

implications of this asymmetrical relationship 

between negative and positive review (which is well-

documented in Western consumer psychology 

literature) in the context of Indian consumers in e-

commerce? These queries, which were filled in by 

primary survey data discussed in this paper, 

constitute a real contribution to a literature with 

Indian contextual aspects which have been 

underrepresented in the literature. 

 

1.3 Research Objectives 

1. To quantify the rate and intensity of Indian e-

commerce consumers using online reviews as 

inputs of purchase decisions. 

2. To determine the level of perceived impact of 

online reviews in various phases of consumer 

decision making process. 

3. To understand what type of review formats 

Indian consumers are most likely to respond to 

in terms of their behavioral power, textual, 

visual, video as well as aggregate ratings. 

4. To compare the negative review behavioral 

impacts that are asymmetrical of negative 

reviews and positive reviews. 

5. To assess consumer trust hierarchies in each 

platform of the reviews and review authenticity 

cues. 

6. To test five research hypotheses about the 

relationship of research characteristics and 

behaviors with the important purchasing 

outcomes. 

7. To come up with evidence-based strategic 

recommendations of e-commerce platforms and 

brand managers. 

 

1.4 Study Importance 

This study has three constituencies that are of 

significance. The results provide brand managers and 

operators of e-commerce platforms with definite 

behavioral data about the effects of different aspects 

of reviews on the conversion rates, shopping carts 

abandonment, and platform loyalty, which directly 

influence the product page design, review requesting 

approach, and policy of negative review reply. The 

article will be a progressive addition to the theoretical 

understanding of the Information Adoption in the 

Indian online shopping setting to theorists of 

consumer behavior as well as management scholars 

to add empirically-supported nuance to the models 

that predominantly assume Western markets. The 

findings of the research regarding the hierarchies of 

trust in reviews and the commercial effects of fake 

reviews are not the only evidences that can be offered 

by policymakers and consumer advocates when it 

comes to the regulation of digital marketplace and 

consumer protection systems. 

 

II. REVIEW OF LITERATURE 

 

2.1 Theoretical Backgrounds: Likelihood Model of 

Elaboration. 

The ELM (Elaboration Likelihood Model) by Petty 

and Cacioppo (1986) offers the theoretical basis of 

the explanation of the effects of online reviews on the 

decision to make a purchase. ELM suggests that 

persuasion can take place in two processing paths: the 

central route, which involves high levels of cognitive 

elaboration, critical assessment of quality of 

arguments, and substantial processing of substantive 

information; and the peripheral route, which involves 

low levels of cognitive elaboration, and using 

heuristic cues instead of substantive argument 

quality. Applied in processing online reviews, ELM 

assumes that high involvement purchases 

(electronics, appliances, luxury goods) will activate 

the central route - where consumers will read 
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numerous detailed reviews and judge the quality of 

the reported experience, and low involvement 

purchases will activate the peripheral route, where 

simple shortcuts (aggregated star rating and number 

of reviews) are used. 

 

This theory forecasts a lot of empirical evidence in 

the e-commerce context. Cheung, Lee and Rabjohn 

(2008) established that perceived quality of the 

review arguments, which is significantly based on the 

information accuracy, completeness and relevance, 

was main predictors of information adoption 

behavior in high-involvement products category. 

Zhang, Ye, Law and Li (2010), went further to 

confirm this finding as they showed that the number 

of reviews (volume heuristic) was a peripheral cue, 

which independently enhanced purchase intent, 

irrespective of average rating, which also conformed 

to the peripheral route prediction of ELM. The 

combination of central and peripheral review 

processing paths in the case of Indian consumers has 

a very complicated and category-specific interaction 

due to their e-commerce presence spanning a very 

broad product range of daily needs to high-value 

electronics. 

 

2.2 Review Influence and Social Proof Theory 

Perhaps the most parsimonious theoretical 

explanation of the strong effect that online reviews 

have on consumer behavior is the Social Proof 

principle by Robert Cialdini (1984) which is the 

psychological tendency to believe that the behavior 

and opinions of others are accurate, especially when 

they are in a state of uncertainty. The collective 

decision made by other customers eliminates the 

uncertainty experienced by a consumer regarding the 

quality of an online product when they are uncertain 

about the quality of the product and seek social 

evidence on the value of the product (or the absence 

thereof). The process is both thought-saving and 

emotionally attractive: it saves the cognitive effort of 

independent judgment and offers the psychological 

satisfaction of fitting in and belonging to the 

judgment of an imagined community of like-minded 

consumers. 

 

According to the framework suggested by Cialdini, 

the effect of social proof will be the most significant 

when: (a) the quality of the product is uncertain; (b) 

the reviewers are seen as similar to the potential 

buyer; and (c) the number of reviews is large enough 

to be a meaningful consensus, rather than a 

potentially unrepresentative sample. Such conditions 

are often satisfied in online trade, where uncertainty 

about the quality of the product is structurally 

elevated (there is no physical inspection of the 

product), indicators of similarity between the 

reviewers are on display with verified purchase 

badges and detailed profiles of reviewers, and the 

volume of reviews on large platforms is regularly in 

the thousands of reviews per product. The Indian e-

commerce context enhances the magnitude of social 

proof effects by further endorsing the collectivist 

cultural orientation of Indians historically they tend 

to give more importance to the community consensus 

and social validation in the decision of purchasing 

goods or services than consumers in more 

individualistic western markets (Hofstede, 1984). 

 

2.3 Adoption Model of information and Credibility 

of review 

Sussman and Siegal (2003) Information Adoption 

Model (IAM), adapts the ELM model to the 

electronic information environment by suggesting 

that information usefulness and information 

credibility collaboratively determine information 

adoption. In online review, usefulness is equivalent 

to perceived relevance and diagnostic usefulness of 

review contents (does this review inform me what I 

need to know specifically about this product?), 

credibility is equivalent to perceived trustworthiness 

and experience of reviewer (is this reviewer opinion 

reliable and informed?). IAM hypothesizes that the 

two dimensions need to be positive enough to ensure 

that information adoption will take place: 

information that is highly useful (but uncredible) 

(suspected fake review) or information that is highly 

credible (but irrelevant) (detailed review of a 

different product variant) will not help drive purchase 

behavior. 

 

The credibility aspect of IAM has increasingly taken 

relevance with the increasing consumer awareness of 

the possibility of fake reviews. In 2022, Fake spot 

analysis approximated that about 30% of reviews on 

big e-commerce platforms were of dubious veracity - 

a figure that has been internalized by the general 

population and basically changed how advanced 

customers comprehend the dependability of the 

review infrastructure. Indian consumers, who have 

been one of the most exploited by the fake review 

operations (some of the biggest exposé investigations 

of the Indian fake review farms have garnered 

significant media attention) have a notably high level 
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of review skepticism that can be observed in their 

behaviors such as cross-platform verification, 

investigation of the reviewer profile, and the 

prioritizing of badges of verification as credibility 

proxies. 

 

2.4 The Negativity Bias of Review Processing. 

A key and perhaps the strongest and most impactful 

discoveries in the consumer review literature is the 

asymmetric effect of negative versus positive reviews 

- a reflection of the larger negativity bias that has 

been widely studied in the field of social psychology 

(Rozin and Royzman, 2001). The negative 

information is given disproportionately high 

cognitive attention and disproportionately high 

informational weight as compared with equal 

amounts of positive information. Within the context 

of online reviews, one negative review with a 

description of a product defect that is of a serious 

nature can significantly decrease the amount of 

purchase intent even in the presence of dozens of 

positive reviews - a phenomenon that has been 

empirically observed to occur across product types 

and consumers. 

 

III. RESEARCH METHODOLOGY 

 

3.1 Research Design 

This paper adopts a descriptive-cum-analytical 

research design, which involves a systematic primary 

research with a critical theoretical understanding. The 

descriptive aspect defines the patterns and the 

strength of consumer behaviors that are influenced by 

reviews on the population surveyed. The analytical 

element utilizes hypothesis testing, cross-question 

pattern analysis and theoretical framework 

integration to come up with insights that go beyond 

frequency reporting to provide conceptually based 

explanations of observed behavioral patterns. 

 

 

3.2 Sample and Data Collection 

A total of 100 respondents were used as primary data 

using a structured digital survey. Convenience 

sampling was used to select the sample group of 

active online shoppers in urban and semi-urban 

Indian markets; it was selected to represent the 1845 

age group which is the key group of consumers of e-

commerce. The last sample is biased with younger 

consumers (1835 years of age making up about 79.5 

of the respondents), which is a true representation of 

the population demographics of the Indian active e-

commerce population. All the responses were self-

reported and anonymously gathered which reduced 

the social desirability bias in the review behavior 

self-report. 

 

3.3 Research Hypotheses 

There were five directional research hypotheses, 

which were developed to test the core relationships 

of interest: 

• H₁: There is no significant difference between 

online reviews and purchase intent of consumers 

on online stores. 

• H₂: Negative reviews have a great impact on the 

likelihood of abandonment of purchase. 

• H₃: Purchased products Positive reviews are 

much more credible than unverified ones. 

• H₄: The site where the reviews are done matters 

a lot in the perceived credibility of the reviews. 

• H₅: Review behavior is an important 

contribution to review writing behavior of 

consumers. 

 

IV. DATA ANALYSIS AND FINDINGS 

 

A systematic analysis of all the ten survey questions 

is given in the following section. All the questions are 

analyzed in terms of their data table, initial 

visualization in a chart, and critical commentary of 

the analysis that combines the empirical results with 

theoretical frameworks discussed in Section 2. 

4.1 Q1: Online Review Reading Frequency 

Reading Frequency No. of Respondents Percentage 

Always 52 52% 

Most of the Time 27 27% 

Sometimes 13 13% 

Rarely 6 6% 

Never 2 2% 
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Reading Frequency No. of Respondents Percentage 

Total 100 100% 

Table 1: How often respondents read online reviews before purchasing (N = 100) 

 

 
Figure 1: Q1 – How often do you read online reviews before making a purchase? (N = 100) 

 

The review reading frequency data forms the basis of 

an analytical behavioral foundation of exceptional 

analytical importance: 79 percent of the respondents 

read online reviews either every time (52 percent) or 

most of the time (27 percent) before they make an 

online purchase. This almost universal consultation 

rate validates that the review consultation has become 

a behavioral default, a habitual stage in the online 

shopping process, and not a spectacular information-

seeking behavior, one that is only taken during high-

stakes purchases or new purchases. The 52% 

response rate of 52 percent of the people who 

answered the question always is striking in itself: it is 

a representation of consumers whose practice of not 

reading reviews is not just unusual but almost 

impossible, a sign of a well-established pre-purchase 

ritual that has been behaviorally enforced through a 

number of positive experiences of review-mediated 

decision accuracy. 

 

The 2% that do not read reviews should be given 

analytical consideration despite the minuscule 

number. This segment is probably made up of either 

ultra-loyal brand buyers whose brand trust is high 

enough to overcome uncertainties in the quality of 

products without the need to consult a review, or it is 

highly price-conscious buyers whose main decision 

criterion (lowest price) can be verified without the 

need to consult a review. As a marketing practice this 

almost zero level of non-review-consulting rate 

validates the fact that making investments in the 

quality of a review ecosystem is not a discretionary 

optimization but a pre-condition of successful e-

commerce product page functionality - a platform on 

which it allows its review environment to degenerate 

loses viability to 98% of its potential customers. 

 

4.2 Q2: Perceived Influence Intensity of Online Reviews 

Influence Level No. of Respondents Percentage 

Extremely Influential 44 44% 

Very Influential 32 32% 

Moderately Influential 15 15% 

Slightly Influential 7 7% 

Not Influential 2 2% 
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Influence Level No. of Respondents Percentage 

Total 100 100% 

Table 2: Perceived influence of online reviews on buying decisions (N = 100) 

 

 
Figure 2: Q2 – To what extent do online reviews influence your buying decision? (N = 100) 

 

The perceived strength of influence information is one of the most potent results of the survey. A majority 76 

percent of all respondents say online reviews are extremely (44 percent) or very (32 percent) important in their 

purchase decision-making - a high concentration of high-influence answers that makes online reviews arguably 

the most important external source of information in the modern e-commerce buying process. To put this finding 

into context: in comparison, a 2023 report by the Nielsen Global Trust in Advertising reported that 56% of 

worldwide consumers have high trust of recommendations made by friends, indicating that the overall trust given 

to anonymous online reviews has possibly surpassed even that given to recommendations by friends in the online 

purchase context. 

 

The 44% Extremely Influential group can be attributed to the ELM theory (Petty and Cacioppo, 1986) where the 

reviews are perceived in the central route - by deeply reading review material, by judging the quality of the 

arguments, and by synthesizing the various review views into a sophisticated evaluation of the product. The 32% 

Very Influential group can have a combination of central and peripheral processing - they selectively read and use 

heuristic cues along with the detailed review analysis (star rating, volume of reviews, profile of reviewer) to 

support their main reading. The combined 9 percent who report low or no review influence are either a very 

experienced online shoppers who has already acquired a strong category knowledge (no need to consult review) 

or a brand-loyal customer who has already gained sufficient trust in the brand and thus does not need to consult 

review. 

 

4.3 Q3: Most Influential Review Format 

Review Format No. of Respondents Percentage 

Detailed Written Reviews with 

Photos 

36 36% 

Star Rating (Aggregate Score) 28 28% 

Verified Buyer Reviews Only 20 20% 

Video Reviews / Unboxing 10 10% 

Expert / Blogger Reviews 6 6% 
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Review Format No. of Respondents Percentage 

Total 100 100% 

Table 3: Most influential type of online review format (N = 100) 

 

 
Figure 3: Q3 – Which type of online review influences your purchase decision the most? (N = 100) 

 

The hierarchy of preference in the review format shows that the population of behaviorally sophisticated 

consumers who give preference to rich evidence-based information rather than simple aggregate measures and 

also indicate that heuristic efficiency cues remain relevant. Detailed written reviews with photographs (36%), are 

the most preferred - a choice that is entirely aligned to both central route processing prediction of ELM and 

information usefulness dimension of IAM. A written review backed by photographs is a synthesis of the diagnostic 

information of narrative experience reporting and the value of photographic verification of the information, which 

simultaneously captures two aspects of uncertainty about product quality: functional performance (narrative 

report) and physical appearance (visual confirmation). Visual review evidence has a special value to Indian e-

commerce consumers whose experience of purchasing products is mediated by all digital representations and who 

are unable to see the goods they want to buy physically and to inspect them. 

 

The second-place score (28%) of the aggregate star rating itself confirms the still-relevant peripheral processing 

heuristics among a population of consumers with an extremely strong emphasis on the content of the review. The 

star rating is a filter of attention as opposed to a full source of information: consumers usually rely on the overall 

rating to create first-level inclusivity or exclusivity on the platform and then resort to detailed written reviews. 

Only verified buyer reviews (20%) are indicative of the credibility issues that have been widely discussed in the 

literature review - a group of consumers who have been adequately exposed to manipulation of fake reviews to 

require verification of authenticity as a precondition to trusting a review. The comparatively low ratings of video 

reviews (10%) and expert reviews (6%) indicate the increased time cost of video viewing and the decreasing 

relative trustworthiness of expert opinion in a world filled with evidence generable by peers. 

 

4.4 Q4: Review Reading Depth — Number of Reviews Consulted 

Reviews Read Before Deciding No. of Respondents Percentage 

1–5 Reviews 28 28% 

6–10 Reviews 38 38% 

11–20 Reviews 20 20% 

More than 20 Reviews 9 9% 

Just the Rating (No Reading) 5 5% 
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Reviews Read Before Deciding No. of Respondents Percentage 

Total 100 100% 

Table 4: Number of reviews typically read before a purchase decision (N = 100) 

 

 
Figure 4: Q4 – How many online reviews do you typically read before making a purchase decision? (N = 100) 

 

The reading depth distribution reveals a modal review consultation behavior of 6–10 reviews (38%), followed by 

1–5 reviews (28%) and 11–20 reviews (20%). The aggregated 95% who read at least some reviews before deciding 

— as opposed to the 5% who rely solely on aggregate ratings without reading — quantifies the premium that 

consumers place on narrative review content beyond what star ratings alone convey. This finding has important 

product page optimization implications: the first 10 reviews displayed on a product page exert disproportionate 

influence on purchase decisions, making their curation and quality — particularly the prominence of 

comprehensive, photograph-supported verified reviews — a commercially critical design decision. 

 

4.5  Q5: Behavioral Response to Negative Reviews 

Response (Likert Scale) No. of Respondents Percentage 

Strongly Agree 48 48% 

Agree 31 31% 

Neutral 13 13% 

Disagree 6 6% 

Strongly Disagree 2 2% 

Total 100 100% 

Table 5: 'Negative online reviews discourage me from purchasing a product' (N = 100) 
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Figure 5: Q5 – Negative online reviews discourage me from purchasing a product (N = 100) 

 

The most commercially relevant finding in the survey 

based on the brand protection perspective is the 

negativity bias data. Combined 79 percentage of the 

respondents agree or strongly agree that negative 

reviews actually scare them off buying the product - 

an influence rate that is virtually identical to 76 

percentage who rate reviews as extremely or very 

influential overall (Q2), indicating that the negative 

review influence number is at least as high as the 

overall review influence figure indicates. The 48% 

Strongly Agree answer, the highest Strongly 

agreement score in the whole survey, is an eloquent 

affirmation of the disproportionately psychological 

power of negative information that has already been 

reported in the literature on the negativity bias (Rozin 

and Royzman, 2001). 

 

The real-world implications of this result are clear: 

when one negative review is highly noticeable and 

prominent and describes a fault with the product or a 

malfunction of the service, it is able to cancel the 

positive impact of several positive reviews around it. 

The e-commerce sites and brands (e-commerce 

companies) should therefore consider negative 

review management as a protection revenue feature 

and not a customer-service convenience. The 

suggested response framework is trifold: initially, 

active quality management to minimize the number 

of valid product complaints that create poor reviews; 

subsequent, visible, and prompt solution-oriented 

response to poor reviews that can indicate systemic 

product or service problems that need structural 

correction; and last, open dialogue to recurring 

criticism trends that might indicate systemic product 

or service concerns that require structural correction. 

Most importantly, any effort to hide or otherwise 

artificially water down bad reviews with fake positive 

reviews is not only morally unacceptable but also 

commercially counterproductive - the 20 percent of 

the consumers who require verified purchase reviews 

(Q3) and the 43 percent who will only trust verified 

reviews (Q6) is a consumer base that is increasingly 

becoming savvy in uncovering review manipulation. 

 

4.6  Q6: Trust in Verified vs. Unverified Reviews 

Trust Position No. of Respondents Percentage 

Trust Verified Purchase Reviews 

Only 

43 43% 

Verified Slightly More Trustworthy 31 31% 

Unverified Can Also Be Useful 13 13% 

Trust Both Equally 7 7% 

Do Not Consider Verification 6 6% 

Total 100 100% 

Table 6: Consumer trust in verified vs. unverified purchase reviews (N = 100) 
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Figure 6: Q6 – How much do you trust verified purchase reviews vs. unverified reviews? (N = 100) 

 

The verified purchase trust data demonstrates a 

population of consumers with a significant 74% 

agreement with a meaningful higher credibility to 

verified purchase review than to unverified content - 

43% trust verified purchases reviews exclusively and 

31% with a great deal more trust. This result confirms 

Hypothesis 3 directly, and indicates the market 

implications of the proliferation of fake reviews 

reported in the literature: Indian consumers have 

become aware, both through first-hand experience 

and through the media, that fake reviews can be 

easily manipulated by review-farming by sellers, 

sabotaged by competitors, and incentivized by 

positive-reviewing programs. The credibility proxy 

which is the verified purchase badge i.e. the reviewer 

has indeed purchased the product he is reviewing acts 

as the credibility proxy of IAM, and gives the 

authentication cue that makes adoption of the review 

information to feel epistemically justified. 

 

Both brand managers and platform operators have a 

strategic implication. On platforms, the verified 

purchase review system is not a quality assurance 

feature, but a basic trust infrastructure component the 

failure of which would significantly undermine 

consumer trust in the whole review ecosystem. In the 

case of brands, structured requests of verified 

purchase reviews to authenticated buyers (by post-

delivery email campaigns, in-app review trigger, and 

packaging inserts) is a more profitable action than 

any attempt to make unverified review volume. The 

13% that consider unverified reviews also useful 

probably reflects consumers who balance verified 

reading of reviews with unverified ones by the 

category of product where verification of purchase is 

less structurally relevant (commoditized products, 

low-price items) or who have developed their own 

heuristic strategies to assess the authenticity of 

unverified reviews. 

4.7  Q7: Decision Modification Due to Online Reviews 

Decision Change Type No. of Respondents Percentage 

Yes — Added a Product Based on 

Reviews 

35 35% 

Yes — Removed a Product Based 

on Reviews 

29 29% 

Yes — Both Added and Removed 

Products 

22 22% 

Rarely Changed Decision 10 10% 

Never Changed Decision 4 4% 

Total 100 100% 

Table 7: Incidence and direction of purchase decision changes driven by reviews (N = 100) 
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Figure 7: Q7 – Have online reviews ever changed your final purchase decision? (N = 100) 

 

The data on the modification in the decisions reflects 

the behavioral expression of the influence of the 

reviews into the concrete commercial results in an 

unprecedented form. Combined 86 per cent of the 

respondents have had some type of change in 

purchase decision due to online reviews - and the 

equal balance between positive change (added 

products: 35 per cent) and negative change (cut 

products: 29 per cent), and the 22 per cent who have 

had both online and offline reviews, confirms that the 

influence of online reviews is a two-way 

phenomenon throughout the purchase process, not 

just a confirm The analytical significance of this 

bidirectionality is that it proves that reviews cannot 

be seen as gatekeepers that winnow out bad products 

but instead as catalysts that elicit new purchase 

opportunities (a discovery function) both to the 

platforms (incremental basket value) and to the 

brands (trial conversion among hitherto unconsidered 

consumer segments). 

 

The 86% decision change rate when read in 

combination with the 79% who always or often read 

reviews (Q1) suggests that the vast majority of the 

review-reading consumers are actually changing 

their mind on what to buy based on the review 

information - not just trying to find out the 

information that will affirm their non-deliberate 

decisions. This observation contradicts the self-

serving bias issue that motivated reasoning prompts 

consumers to read reviews more frequently: the data 

indicates that Indian e-commerce consumers are 

more likely to be open-minded review consumers 

who are willing to read the reviews with an open 

mind. Design-wise, this openness presents a major 

cross-selling and upselling opportunity: review-

influenced product addition behavior (35% added 

products) presents the behavioral basis of review-

close recommendation systems that display products 

that receive reliably good reviews in categories that 

are related to the viewing interest that the consumer 

is currently browsing. 

4.8  Q8: Platform Trust Hierarchy for Reviews 

Review Platform No. of Respondents Percentage 

Amazon India 38 38% 

Flipkart 27 27% 

Google Reviews 16 16% 

YouTube Video Reviews 10 10% 

Social Media / Influencer Posts 6 6% 

Meesho / Other Platforms 3 3% 

Total 100 100% 

Table 8: Most trusted platform for online reviews (N = 100) 
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Figure 8: Q8 – Which platform's reviews do you consider most trustworthy? (N = 100) 

 

The platform trust hierarchy information validates 

the dominance of Amazon India in the Indian review 

credibility environment, where 38% of the surveyed 

respondents give it the highest review trust of 11-

percentage-point above second-ranked Flipkart 

(27%). Such a difference in trust does not greatly 

depend on the size of Amazon (Flipkart also has large 

volumes of review) but rather on how Amazon is seen 

to govern its review system: the verified purchase 

system, Amazon Vine program, its fake review 

detection algorithms, and the relative responsibility 

of its seller feedback systems have all created a 

review ecosystem which consumers feel is 

significantly more trustworthy than that of their 

competitors. 

The third-place result of Google Reviews (16%), 

however, reflects a more and more significant fact: a 

larger and larger share of consumers are now cross-

referencing product reviews across platforms, with 

Google as a discovery engine, and Google Reviews 

ecosystem (including its various sources of 

reviewers) as a secondary source of data about 

platform-specific reviews. The 10-percent trust share 

of YouTube video reviews is a functionally distinct 

type of review that satisfies purchase decision 

requirements unmet by text-and-photo reviews: a 15-

minute unboxing and functional review video is more 

of an experience. 

 

4.9 Q9: Review Contribution Behavior 

Review Writing Behavior No. of Respondents Percentage 

Yes — Write Reviews Regularly 18 18% 

Yes — Write Reviews 

Occasionally 

34 34% 

Yes — Have Written Once or 

Twice 

27 27% 

No — Never Written a Review 17 17% 

No — Do Not Know How 4 4% 

Total 100 100% 

Table 9: Review writing behavior after online purchases (N = 100) 
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Figure 9: Q9 – Have you ever written an online review after making a purchase? (N = 100) 

 

The data on the review contribution indicates what 

economists call the information commons of online 

review ecosystems: informational value of the system 

requires adequate consumer contribution, but 

individual consumers have an incentive of free-riding 

(benefiting as a result of other consumers providing 

their reviews without providing their own). The result 

that 79 percent of those surveyed have left at least one 

review - 52 percent of whom leave occasionally or 

frequently - is an indication that the Indian e-

commerce review market is a significantly healthier 

contribution-wise than it could be predicted, based on 

overall free-rider theories. This participation rate is 

relatively high, and the combination of platform 

encouragement (post-delivery review request where 

there is less friction in contributing the review) and 

internalization of social norms (an increasing sense 

that contributing a review is a reciprocal behavior in 

the review-benefiting community) and actually high 

levels of purchase satisfaction or dissatisfaction that 

encourages expressive review behavior would 

explain this relatively high participation rate. 

 

The 17% who have not written any review even 

though they presumably read reviews of their own is 

the heart of the free-rider group. This population is 

commercially valuable in two ways: first, they 

constitute a large untapped source of genuine review 

contribution that has the potential to increase the 

quality and quantity of review ecosystems across the 

board; second, by understanding the barriers to their 

review contribution, time cost or perceived futility or 

uncertainty about the workings of the platform, they 

can be subject to a focused set of friction-reduction 

interventions. Solicitation of post-purchase review 

emails with simplified review interfaces, in-app 

rating templates with pre-populated rating templates, 

and platform gamification features (review 

contribution badges, status recognition), have all 

proved to be effective in turning non-contributing 

consumers into occasional contributors. 

4.10 Q10: Overall Importance of Reviews in the Buying Journey 

Importance Rating No. of Respondents Percentage 

Absolutely Essential 46 46% 

Very Important 35 35% 

Moderately Important 13 13% 

Slightly Important 4 4% 

Not Important 2 2% 
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Importance Rating No. of Respondents Percentage 

Total 100 100% 

Table 10: Overall importance of online reviews in the buying journey (N = 100) 

 

 
Figure 10: Q10 – Overall, how important are online reviews in your online buying journey? (N = 100) 

 

The final attitudinal question is the summing up of 

the overall empirical narrative of the study into one, 

high salience, judgment: 81% of the respondents 

believe that online reviews are absolutely essential 

(46%), or very important (35%), to their online 

buying experience - the highest aggregate positive 

respondent rating in the research, and a result that 

forms the most conclusive empirical statement in the 

research. The 46 percent Absolutely Essential 

reaction, almost one-half of the total sample, is not 

simply a manifestation of preference, but a 

declaration of addictive behavior: these consumers 

will be functionally similar to buying an unknown 

item in the store with no chance of a refund. The 

reviews have turned into, in this segment, a structural 

requirement of online purchase commitment as 

opposed to an optional information supplement. 

 

 Questionnaire- = 

https://docs.google.com/forms/d/e/1FAIpQLScBhB

oV491fTIGwSCcGLrTIJkurmIhBTAJZFwGwBG8

gXs2g9A/viewform?usp=sharing&ouid=106572979

836217521054 

 

V. HYPOTHESIS TESTING AND RESULTS 

 

The five research hypotheses are tested in the light of 

the survey data empirical evidence. The appropriate 

quantitative results in Section 4 are used to test each 

hypothesis. 

 

Hypothesis 1: Online Reviews and Purchase Intent 

H₀: There is no significant effect on the purchase intent of consumers on online stores due to online 

reviews. 

H₁: Online reviews play a significant part in purchase intent by consumers in e-commerce sites. 

Verdict: H 0 Rejected H 1 Accepted. It is clear that 79% of respondents always/usually read reviews before 

they buy (Table 1), 76% of reviews described as extremely/very influential (Table 2), and 81% of reviews 

were rated as absolutely essential/very important to their purchasing experience (Table 10). The weighted 

average of the three independent attitudinal measures, with high level of confidence, provides an overall 

picture that there is a significant positive correlation between review availability and purchase intent. 

 

Hypothesis 2: Negative Reviews and Purchase Abandonment 

H₀: Here is no significant connection between negative online reviews and a likelihood of abandoning 

purchase. 

https://docs.google.com/forms/d/e/1FAIpQLScBhBoV491fTIGwSCcGLrTIJkurmIhBTAJZFwGwBG8gXs2g9A/viewform?usp=sharing&ouid=106572979836217521054
https://docs.google.com/forms/d/e/1FAIpQLScBhBoV491fTIGwSCcGLrTIJkurmIhBTAJZFwGwBG8gXs2g9A/viewform?usp=sharing&ouid=106572979836217521054
https://docs.google.com/forms/d/e/1FAIpQLScBhBoV491fTIGwSCcGLrTIJkurmIhBTAJZFwGwBG8gXs2g9A/viewform?usp=sharing&ouid=106572979836217521054
https://docs.google.com/forms/d/e/1FAIpQLScBhBoV491fTIGwSCcGLrTIJkurmIhBTAJZFwGwBG8gXs2g9A/viewform?usp=sharing&ouid=106572979836217521054


© April 2026 | IJIRT | Volume 12 Issue 11 | ISSN: 2349-6002 

IJIRT 199808            INTERNATIONAL JOURNAL OF INNOVATIVE RESEARCH IN TECHNOLOGY  14919 

H₁: There is no significant difference in likelihood of purchase abandonment between negative online 

reviews and no online reviews. 

Verdict: H0 Disapproved - H1 Approved. Table 5 confirms that 79 percent of the respondents affirm or 

strongly affirm that negative reviews put them off buying. Table 7 reaffirms that 29% of people have 

eliminated products in their purchase consideration directly because of reviews with an additional 22% 

adding and dropping products. The negativity bias reported in the literature is empirically validated: 

negative review effect on abandonment behavior is statistically significant, as well as, commercially 

significant. 

 

Hypothesis 3: Verified Feedback, Reviews and Trust Differential 

H₀: There is no significant difference between the trust of verified purchase reviews and unverified reviews. 

H₁: The level of trust on verified purchase reviews is much higher as compared to unverified purchase 

reviews. 

Verdict: H 0 Rejected - H 1 Accepted. As shown in Table 6, 74% of respondents give significantly higher 

trust to verified purchase reviews (43% trust verified only; 31% consider verified much more trustworthy) 

compared to unverified content. Just 6% do not differentiate on the basis of verification. The verification 

trust different is commercially significant and statistically predominates. 

 

Hypothesis 4: Review Platform and Perceived Credibility. 

H₀: The credibility of reviews on the platform where they are found does not have a significant impact on 

the perceived credibility of the reviews. 

H₁: The platform, where the reviews are placed, does not have a major impact on the perceived credibility of 

the reviews. 

Verdict: H0 Rejected - H1 Accepted. Table 8 shows that there is an apparent platform trust hierarchy: 

Amazon India (38%) has a credibility premium of 11 percentage points compared to second-ranked Flipkart 

(27%), and 22 compared to Google Reviews (16%). This stratification also confirms the hypothesis of Bart 

et al. (2005) that platform-level trust mediates individual review credibility - the identity of the platform is 

an important predictor of the perception of review credibility. 

 

Hypothesis 5: Review Reading/Review Writing Behavior 

H₀: There is no significant role of review reading behavior in the review writing behavior of consumers. 

H₁: Review reading behavior plays a significant role in review writing behavior of consumers. 

Verdict: H 0 Rejected H 1 Accepted. The contribution data of reviews (Table 9: 79% have written at least one 

review) has the same level of behavioral symmetry as the frequency of reading reviews (Table 1: 79% always 

or usually read reviews), which can be explained as a reflection of the norms of reciprocity and social 

information commons theory. The most probable contributors to the review are high-frequency review readers 

which create a causal relationship between consumption and contribution in the review ecosystem. 

 

VI. CRITICAL DISCUSSION 

 

The survey data (10 questions) combined with the 

theoretical perspectives analyzed in Section 2 gives 

rise to three synthesized analytical insights that 

represent the main scholarly contributions to the 

paper besides the results of the individual questions. 

The initial lesson is related to what can be called the 

Review Dependency Paradox. The data confirms the 

fact that online reviews have become virtually 

unavoidable among most consumers in the Indian e-

commerce (81% consider it as absolutely necessary 

or very important). 

The second lesson touches on Asymmetric Influence 

Architecture of review ecosystems. The data records 

an exact asymmetry: the negative reviews result in a 

more robust behavioral reaction (Q5) (negative 

reviews discouraged 79 percent of the time) than the 

corresponding positive review impact has in the 

conversion direction. However, there is a near equal 

distribution in the decision modification rates of 

addition (35%) and removal (29%) of products under 
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consideration (Q7). This seeming paradox is resolved 

by acknowledging that removal behavior is more 

heavily influenced by negative review content 

whereas addition behaviors is more heavily 

influenced by highly positive review density in many 

reviews - i.e. negative influence acts by being 

sensitive to single reviews (one bad review can 

caused abandonment) whereas positive influence acts 

by being sensitive to cumulative review consensus 

(many good reviews can build confidence over time). 

The asymmetry of this has dramatic consequences to 

brand reputation management: it is harder to invest to 

ensure that one negative review harmed by brand 

reputation does not become visible than to invest to 

get many positive reviews to offset it. 

 

The third lesson revolves around the Review 

Contribution Commons Problem. The similarity of 

review reading frequency (79% always or usually) 

and review writing participation (79% have ever 

contributed) is at first glance reassuring, but covers 

an underlying quality asymmetry: whereas reading is 

universal (38% read 6-10 reviews; 29% read more 

than 11) and deep, writing participation is distributed 

among regular contributors (18%), occasional 

contributors (34%), and single-instance contributors 

The 17% who have never written a review despite the 

value of other people contributing a review is a true 

free-rider problem the solution to which, via less 

contribution friction, development of social norms 

and design of platform incentives, is one of the most 

significant long-term quality management issues of 

e-commerce review ecosystems. 

 

VII. STRATEGIC RECOMMENDATIONS 

 

7.1 Mobilize Competitiveness of Ecosystems through 

Prioritizing Review 

The platform trust hierarchy (Q8: Amazon 38%, 

Flipkart 27%) shows that perceiving the integrity of 

reviews is a strong competitive advantage in the 

Indian e-commerce market - the one that directly 

affects the place where the consumers make their 

purchases. Review ecosystem governance should be 

a strategic focus of e-commerce platforms: increasing 

verified purchase checks, implementing AI-based 

system of fake reviews, overt responses to detected 

manipulation efforts, and displaying apparent 

authenticity signals on reviews. Review ecosystem 

integrity platforms that are successful in building and 

communicating trust will translate this trust 

advantage into quantifiable improvements in 

conversion rates by product categories. 

 

7.2 Protocol Design Negative Review Response 

Protocols as Brand Assets 

Since negative reviews (Q5) behaviorally put off 

79% of consumers, negative review response 

management is among the best-paying customer-

facing actions e-commerce brands can undertake. 

Negative review feedback must be quick (within 24-

48 hours), understanding (not defensive about the 

experience of the customer), solution-focused 

(providing specific resolution channels) and 

audience-oriented (written to be read by potential 

customers reading the review as much as by the 

original reviewer). Properly performed negative 

reviews response may turn into a possible loss of 

conversion into a form of brand responsibility that 

persuades more than diminishes trust in the potential 

buyers who observe the interaction. 

 

7.3 Design Product Pages to the 610 Review Reading 

Zone 

Since 38% of consumers read 610 reviews and 28% 

read 15 (Q4), the reviews presented in the first visible 

section of a product page review section have 

disproportionate impact on most of the purchases. 

Optimization of product page should focus on: 

showing the most recent, most useful, and most 

photo-rich verified reviews in this high-visibility 

zone; making sure that there are reviews of the 

various product variants or uses cases to cover as 

many potential buyer profile as possible; and that any 

long-standing negative themes (recurring quality 

complaints) should be publicly addressed by 

updating product descriptions or official brand 

responses. 

 

7.4 Have an Implemented Systematic Verified 

Review Solicitation Program 

Considering the high scores of the verified purchase 

review (74%, Q6) and the significant percentage of 

consumers who have never written a review (17%, 

Q9) the solicitation of verified post-purchase 

purchase reviews should be a systematic program 

implemented by the brands. Successful programs 

include: a timely trigger (notification of the email or 

app 510 days after delivery, after the required time of 

use of the product); low-resistance review interface 

(star rating is already set, photo upload prompt, 

concise experience summary prompt); and actually 

valuable exchange (loyalty points, small discount 
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voucher on the next purchase, or just a clear 

understanding that the review is appreciated by other 

customers). Most importantly, solicitation should be 

designed in a way that encourages honest reviews(not 

necessarily positive) but not just positive ones to 

maintain the credibility of the ecosystem that makes 

the verified reviews worth considering in the first 

place. 

 

7.5 Design Platform-Differentiated Review Content 

Strategy 

The platform trust hierarchy (Q8) and video review 

preference information (Q3: 10%) support the 

argument of platform-differentiated review content 

strategy. At Amazon India (highest trust), it is 

important to uphold verified review volume and 

quality as a priority. On YouTube (where video 

review format is most naturally displayed), the 

brands are advised to build relationships with 

authentic product reviewers whose video production 

quality and transparency of their reviews are 

attractive to the 10% who consider video content the 

most important. On social media, companies should 

be explicit when disclosing partnerships and base 

their relationship with influencers on content that is 

suitable to that format (lifestyle, use cases) and not 

on an attempt to replicate the functional review depth 

that most consumers are looking to get out of 

platform-native verified reviews. 

 

VIII. LIMITATIONS AND FUTURE RESEARCH 

DIRECTIONS 

 

The methodological limitations of this study must be 

taken into consideration so that the conclusions can 

be calibrated accordingly to ensure that the inferences 

that are made about the whole population are just. 

Although a convenience sample meets a 

demographically relevant sample among the target 

population of e-commerce consumers (220M in 

India), it can also over-represent digitally savvy, 

educationally well-informed urban consumers 

compared to the full range of India’s 220M online 

shoppers - especially the emerging Tier-3 and rural 

consumer segments whose patterns of review 

engagement and trust dynamics may not be 

materially similar with the sampled The cross-

sectional design only provides a snapshot of the 

behavior and attitudes of reviews in a single time and, 

therefore, it is not possible to determine how the 

influence of the review changes over the customer 

lifecycle, experience with a product category, or even 

the process of a particular purchase decision. 

 

Future studies must overcome these limitations by 

using longitudinal panel designs, which follow the 

same behavior of consumers in terms of review 

consultation behavior across various purchase 

incidents; controlled experiments, which directly 

manipulate the review features (valence, volume, 

format, authenticity signals) to determine causality 

other than correlation; and qualitative inquiry study 

(in-depth interviews, think-aloud protocols), which 

would reach the phenomenological experience of 

review processing in a manner that could not be 

processed. 

 

IX. CONCLUSION 

 

The research paper has carried out a thorough 

theoretically based and empirically sound study to 

explore the role of online reviews in influencing 

consumer purchasing behavior in Indian e-commerce 

sites. The results are conclusive and consistent in all 

ten survey dimensions: online reviews have already 

become a structural prerequisite in the Indian e-

commerce purchase decision process that makes 

them not an auxiliary information source but a 

cornerstone to a purchase commitment based on such 

information. The 81 percent who consider reviews as 

absolutely essential or very important, the 79 percent 

who are behaviorally deterred by negative reviews, 

the 74 percent who only believe verified purchase 

reviews and forsake reviews only when influenced by 

trusted information, and the 86 percent who have 

modified their purchase decision behavior under the 

impact of review content — all these data points add 

up to the fact that online reviews have a broader, 

more profound, more commercially  

 

The theoretical synthesis provided in this paper, 

which is the combination of Elaboration Likelihood 

Model, Social Proof Theory, Information Adoption 

Model and negativity bias research, offers a multi-

dimensional explanatory approach that goes beyond 

documenting what the data reveal to explaining why 

review influence works with specific characteristics 

it is observed to have. ELM framework describes the 

co-occurrence of deep reading behavior and heuristic 

rating reliance as the context dependent choice of 

processing mode; Social Proof theory describes the 

exaggerated effect of review consensus in the 

uncertainty rich online purchase situation; IAM 
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describes how the premium consumers accord review 

credibility in comparison to review content alone; 

and negativity bias theory describes why negative 

reviews are found to have an amplified effect.  

 

The strategic suggestions presented in Section 7 can 

be summarized as follows: invest in review integrity 

as a competitive advantage, devise negative review 

response policies as brand equity, maximize the first-

view zone of reviews to get the best possible 

decision, systematically develop genuine verified 

review programs, and platform-differentiate the 

review strategy. 
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